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Abstract. We discuss three main lines of comments on our paper: internal validity of the
research given consumers’ potential misunderstanding of Black Lives Matter (BLM), chal-
lenges to the causal inference strategy, and interpretations of our results. We address them
with additional robustness checks and reaffirm our view of the original findings as offering
a panel of evidence with a consistent storyline: brands” support for BLM on social media
induces, on average, a sizable negative effect on consumer responses. Whereas the com-
mentary focuses on the average effect of BLM treatment, we highlight that the negative
effect is highly heterogenous and can be mitigated when brands” BLM support is directed
at Democratic consumers and delivered in a context where their BLM support can be inter-
preted as more authentic (e.g., no bandwagon, self-promotion, or cheap talk; consistent his-
tory of prosociality; and aligned brand prosocial mission). Furthermore, we want to
emphasize the nascent nature of research on BLM and social justice movements for market-
ing, and our work represents a first empirical deep dive into the nature of consumer re-
sponses to the branded support of the BLM movement on social media. It is our hope that
this research and the accompanying commentaries can inspire a wealth of new marketing

perspectives on this critically important topic.

History: K. Sudhir served as the senior editor for this article.
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1. Introduction

We are grateful for the thoughtful historical perspec-
tive and critical commentary by Thomas and Chinta-
gunta (2022). The commentary provides three main
comments: (1) questions of internal validity stemming
from consumers’ misunderstanding of the Black Lives
Matter (BLM) movement and its implications for any
empirical investigation in this domain, (2) challenges
to difference-in-differences (DID) assumptions: differ-
ences and similarities between Instagram (“treated”)
and Twitter (“control”) that may cause violations to
the DID identification assumptions and the stable unit
treatment value assumption (SUTVA), and (3) inter-
pretations of the results. Next, we discuss each in
order.

2. Internal Validity

Thomas and Chintagunta (2022) argue that Wang et al.
(2022) (henceforth WQLK) faces internal validity
issues because, in order to identify the effect of brand
support of BLM on consumers’ social media engage-
ment, we must first define what supporting BLM
means to consumers and assess whether consumers’
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understanding of BLM is consistent with the intended
goals of the movement. Whereas we appreciate the
historical context provided in the commentary and
agree with the conclusions about the intended goals
of the BLM movement (and would have included a
similar discussion on this in a longer format publica-
tion), we do not find consumers” potential misunder-
standing of the intended purpose of BLM to be a
threat to the “internal validity” of WQLK. In fact, as
empirical researchers, our goal is precisely to assess
how consumers’ potential heterogeneous beliefs about
BLM aggregate to measurable behavioral outcomes.
We are not attempting to theorize a new construct of
“BLM support” or measure the consumer views of this
construct; rather, we are measuring consumers’ behav-
ioral responses to brands’ voicing support for BLM,
taking, prima facie, consumers’ disagreement over
BLM’s purpose as the inherent ground truth. If all con-
sumers are aligned with BLM’s view of its own pur-
pose, consumers would not react negatively to brands’
support of BLM. It is precisely consumers’ (current)
disagreement over the value of BLM that makes sup-
porting such movements a strategic dilemma for firms.
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Making the analogy to studying the effect of a new
brand positioning campaign, the enforcement of a nor-
mative understanding of BLM upon consumers would
be akin to ensuring that all audiences believe the value
proposition of the new campaign—but the whole diffi-
culty lies in communicating the intended value proposi-
tion in a convincing manner. Thus, studying consumer
responses to brands’” BLM support with all the real-
world complications inherent in the beliefs about BLM
is in itself important and valid, just as studying the
effectiveness of a new brand positioning strategy is
important.

3. Challenges to DID Assumptions
Much of the methodological critique comes from the
commentary authors’ observation that Instagram and
Twitter are simultaneously too dissimilar and similar.
In fact, this is the fundamental tradeoff in DID analy-
sis. Parallel trends could not possibly hold if Insta-
gram and Twitter are not similar, yet if they are too
similar, especially in audience composition, then there
could be spillovers of the treatment. We think the
most pointed comment made by Thomas and Chinta-
gunta (2022) regarding the differences between Insta-
gram and Twitter is the fact that one platform is on
average gaining followers (Instagram) whereas the
other is losing followers (Twitter). Thus, our parallel
trends assumption may appear unnatural. Indeed, our
parallel trends assumption is that the daily changes,
rather than absolute level, of a brand’s followers on
Instagram and Twitter are parallel (in log scale). Prac-
tically, this means that forces that increase follower
growth' on one platform should also do so on the
other platform, even if one platform is on average los-
ing followers whereas the other is on average gaining
followers. To support this assumption, we want to
point out our empirical evidence in the one-month
pretreatment period (WQLK, figure 2) shows the sta-
tus quo of the follower growth on both platforms
remains stable and parallel in the absence of any inter-
ventions. This observation is consistent with the paral-
lel trends identification assumption. Specifically, for
the purposes of DID analysis, Twitter only needs to
serve as a parallel counterfactual for Instagram’s follower
growth in the absence of any intervention, not that Twit-
ter needs to remain parallel if also given the same inter-
vention, as implied by Thomas and Chintagunta’s (2022)
Apple music example where black squares were posted
to both Twitter and Instagram (the latter would be a
stronger than necessary condition for causal inference,
i.e.,, symmetric treatment effects).

As the commentary authors noted, we also do recog-
nize that Twitter is not a perfect counterfactual for In-
stagram for many of the same reasons stated in their

commentary. Therefore, we provided consistent evidence
using the same brand’s Instagram follower growth in the
prior year as an alternative baseline in a year-over-year
(YoY) DID analysis (WQLK, table 5, column 3). Thus,
even without considering Twitter, we still find quantita-
tively similar results.

Another major concern to the causal inference strat-
egy brought up by the commentary is the potential
large overlap in Instagram and Twitter consumers
(i.e., spillover due to violation of SUTVA). There are
several points to be made here. First, if audiences
recall a brand’s Instagram support and carry over that
reaction to Twitter, then it should make the engage-
ment outcomes on the two platforms more similar,
biasing our estimated treatment effects toward zero
(i.e., our results for the BLM treatment effect would be
more conservative). Second, our YoY DID results sug-
gest that the spillover is not a significant concern
given the similar quantitative treatment effects using
alternate baselines that do not suffer from spillover
and violations of SUTVA.

A third major comment is about the treatment of
Blackout Tuesday itself. The commentary authors sug-
gest that concurrent confounders (polarizing political
tension, BLM protests, COVID-19, etc.) are simultane-
ously occurring and may confound the Blackout Tues-
day treatment. For instance, the larger role of the
ongoing political tension surrounding BLM could be
driving the treatment effects. We agree that concur-
rent confounders may be problematic if (1) they did
not apply to both Instagram and Twitter and (2) they
did not occur in the pretreatment period. However,
this is clearly not the case. BLM protests and COVID-
19 occurred before Blackout Tuesday and should have
been known to almost all consumers regardless of
platform, yet parallel trends still appear to hold. Fur-
thermore, our consistent triple differences results,
which compares YoY Instagram DID to YoY Twitter
DID, should difference out such contemporaneous
confounder concerns. The YoY differences on both
platforms would take care of any (possibly asymmet-
ric) effects of platform-agnostic confounders such as
real-world BLM protests whereas the DID between
the two platforms uncovers the treatment effect net of
those confounders.

4. Interpreting DID Effect Size

There are several issues the commentary brings up
about interpreting our findings. First, there is an issue
of the importance of the effect size of the treatment
effects from Blackout Tuesday participation. Because
we have used log transformation for our dependent
variable of follower growth (Y), to compute the effect
size of BLM treatment on raw follower changes, we



Downloaded from informs.org by [216.73.216.198] on 20 June 2026, at 07:58 . For personal use only, all rights reserved.

Wang et al.: Impact of Brands’ Support for BLM
Marketing Science, 2022, vol. 41, no. 6, pp. 1053-1056, © 2022 INFORMS

1055

have to do the inverse operations:

Raw followers changed due to BLM treatment
= Sign(Y: + coeff)EXP(Y; + coeff) — Sign(Y)EXP(Yy),

where coeff is about —1 in our DID estimator results.

For example, the effect size of BLM treatment on raw
follower changes at the min (-8.36) of our dependent
variable should be calculated as [—exp(|-8.36—1]) —
(—exp(|—8.36])] = —7,342 followers. Similarly, the effect
size of BLM treatment on raw follower changes at the
max (11.45) should be calculated as exp(|11.45—-1]) —
exp(]11.45|)=-59,356 followers. Following this com-
putation process, Figure 1 presents the distribution of
expected effect sizes measured as number of raw fol-
lower changes for brands on Instagram. The average
effect size of BLM treatment is —407 followers. Therefore,
we take this as evidence that our findings have substan-
tially meaningful managerial significance.

A related interpretation issue regards the meaningful-
ness of studying follower change rather than follower
change relative to total followers. Whereas a brand with
a large number of followers might not care so much
about not gaining an additional few hundred followers,
follower growth is nevertheless an important key per-
formance indicator (KPI) for brands.”> Moreover, our
data suggests that large brands may actually have a
more difficult time growing their followers (see the neg-
ative correlation in Figure 2), perhaps due to saturation.
Marketing practitioners also believe that influencing
new customers during the honeymoon phase is a vital
component to marketing strategy,” and that first im-
pressions are important to the success of a brand.* Thus,
even brands with large existing followings would
remain interested in effects on follower growth.

A third interpretation issue is with regard to the
permanence of the effect. We agree that the effects
appear to be short lived. This is unsurprising given
the constant stream of new content and the general

Figure 1. DID Effect Size in Terms of Raw Follower Changes
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Figure 2. Scatter Plot of Brands” Growth Rate and Number
of Total Followers
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ephemeral nature of the reactions on social media.
However, follower growth is a very coarse measure of
consumer opinion, albeit one that we can fortunately
observe. Nonetheless, we believe that it is reflective of
the average negative receptivity from the audience
even if most of that audience does not necessarily fol-
low or unfollow brands. Thus, the perception effects
are likely more widespread than can be inferred from
the follower growth effects. Moreover, the fact that
the unfollowing effect is relatively short lived does
not make it unimportant if underlying perceptions of
the brand are permanently changed for many con-
sumers. We encourage future research to study opin-
ion shifts possibly with YouGov data.

We appreciate the commentary authors’ speculations
about alternative explanations—as opposed to audience
backlash from the support. They offer two explanations.
First, losing followers is exactly the outcome intended
by Blackout Tuesday (which is designed to silence
commercial content). Second, as documented by news
articles, BLM supporters exhibited backlash to some
Blackout Tuesday posts as they wrongly tagged the
content with “#BLM” and made it difficult to find
important BLM messages. Whereas we find these argu-
ments plausible, the simpler explanation that consumers
negatively reacted to Blackout Tuesday posts remains
most consistent with our empirical data. In particular,
our results in column 4 of table 1 in WQLK show that,
even when we remove Blackout Tuesday, we still get
persistent negative effects from other bandwagon BLM
support, thus it seems unlikely that the effects are com-
pletely explained by the special purpose of Blackout
Tuesday to silence other content. Moreover, as Demo-
crats are more likely to support BLM, our finding that
brands with Democratic-leaning consumer bases are
less likely to lose followers due to Blackout Tuesday
participation seems to rule out the explanation that the
negative effect is simply caused by BLM supporters.
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Whereas the commentary focuses on the average
effect of BLM treatment, we highlight that the effect is
highly heterogeneous with nuanced implications in
six aspects: (i) lone-wolf BLM support leads to negli-
gible effects, but large-scale BLM support such as
Blackout Tuesday by many brands may lead to strong
negative effects; (ii) brands’ self-promotion exacer-
bates the negative effects; (iii) a constant historical
record of prosocial posting on social media attenuates
the negative effects; (iv) socially oriented brand mis-
sions reduce the negative effects; (v) the negative
effects are stronger/weaker for brands with mostly
Republican/Democratic customers; and (vi) cheap
talk in support for BLM (but without financial dona-
tions) can lessen the negative impact for brands with
mostly Republican consumers but exacerbate the neg-
ative impact for brands with mainly Democratic con-
sumers. In sum, the negative effects can be mitigated
and even become positive when brands” BLM support
is directed at Democratic consumers and delivered in a
context where their BLM support can be interpreted as
more authentic (e.g., no bandwagon, self-promotion, or
cheap talk; consistent history of prosociality; and
aligned brand prosocial mission).

5. Discussion

The thoughtful commentary provided by Thomas and
Chintagunta (2022) highlights the importance of con-
ducting careful marketing research on BLM, racial jus-
tice, and the larger diversity, equity, and inclusion
domain. Although WQLK is a solid first step to un-

derstanding the nuanced marketing implications for
branded racial justice support, we acknowledge that
ours, like many other pieces of empirical research, is
limited by the context and availability of data. Under
these constraints, our results on the main and hetero-
geneous effects of brands’ support of BLM seem to
suggest the consistent story that brand advocacy of
racial justice movements can backfire unless it is
approached from a demonstrably authentic perspec-
tive by avoiding bandwagon support and consistently
advocating for prosocial causes both and on and off
social media. We hope that future research can ex-
pand upon our work with even more nuanced exami-
nations of the important racial justice topics.

Endnotes
1 Follower growth as defined in WQLK, Y, = Sign(F; — F,_1)In(| F; -
F;_1]), where F, is followers in time t.

2See https: //www Klipfolio.com/resources/kpi-examples/social-
media/followers-target.

3 See https: //www.linkedin.com /pulse/honeymoon-period-new-
customers-cem-ozguven/.

*See https://www.adroll.com/blog/how-can-brands-make-the-right-
first-impression.
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