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Abstract. Gender-anonymous hiring practices have been widely advocated as a means to
reduce labor market inequalities, such as the gender wage gap and the underrepresenta-
tion of women in leadership. However, their effectiveness remains debated. This paper
studies an experimental labor market where employee candidates set their own perfor-
mance targets for a real-effort task and employers hire based on these self-set targets. In
many professional settings, such targets serve as performance indicators and influence hir-
ing and promotion decisions. In an online experiment with 4,674 participants, we vary in a
2 x 2 design (1) whether employers know the candidates’” genders and (2) the severity of
the payoff consequences if the hired employee misses their target. This allows us to exam-
ine the interaction effects of gender anonymity in hiring and the performance target’s pay-
off relevance. We find that given equal ability, women set lower targets than men. Higher
targets increase the likelihood of being hired, whereas a larger expected target-performance
gap reduces hiring chances, particularly when missing the target has severe consequences
for the employer. Importantly, our findings suggest that gender-anonymous applications
may have unintended consequences. When gender is revealed, employers appear to adjust
for gender differences in target setting, expecting a smaller target-performance gap for
women than for men. As a result, women are more likely to be hired and receive higher
payoffs when their gender is known. These results indicate that gender-anonymous hiring
may backfire for women by preventing employers from accounting for behavioral gender
differences (e.g., in self-promotion), ultimately reducing women’s hiring prospects.
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1. Introduction

executive-level (C-suite) positions across the compa-

The last decades have shown continuous efforts toward
greater gender equality in many countries. Its relevance
in the global political agenda is highlighted by the
inclusion of gender equality as one of the Sustainable
Development Goals of the United Nations. Yet, despite
these efforts, persistent gender inequalities remain, par-
ticularly in labor markets. For instance, in 2021, the gen-
der wage gap stood at 10.6% in the European Union
and 16.9% in the United States (Organisation for Eco-
nomic Co-operation and Development 2023). Women
held just 18% of senior executive roles in the European
Union in 2019 (Eurostat 2020) and only 11.8% of

nies in the S&P (Standard and Poor’s) Global Total
Market Index in the United States in 2023 (Chiang et al.
2024). At the current pace of progress, the World Eco-
nomic Forum estimates that it will take 151 years to
close the global gender gap in economic participation
and opportunity (World Economic Forum 2022, p. 5).
These disparities stem from a range of factors on
both the employer and employee sides. On the em-
ployer side, experimental evidence shows that gender-
related stereotypes may contribute to a bias against
women in hiring decisions (Reuben et al. 2014). This is
corroborated by evidence showing that women are
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chosen less often given equal qualifications (Barron
et al. 2025). Coffman et al. (2021) attribute this to beliefs
about women’s lower average performance, and field
experiments reveal that women are rated less favorably
than men for identical CVs (curricula vitae) submitted
for a laboratory manager position (Moss-Racusin et al.
2012). Similarly, Kiibler et al. (2018) find substantial dis-
crimination against female applicants for apprenticeships
in a vignette study with a nationally representative sam-
ple of firms. This discrimination is particularly pro-
nounced in male-dominated industries.

On the employee side, gender differences in attitudes
and behavior may reduce women'’s chances of obtaining
leadership roles, recognition, or promotions (see Eckel
et al. 2021 for a recent survey article). Prominent exam-
ples are gender differences in risk attitudes, competitive-
ness (both at the extensive margin (see, e.g., Niederle
and Vesterlund 2007) and the intensive margin (see Sac-
cardo et al. 2018)), and social preferences (see Croson
and Gneezy 2009 for an overview). Particularly relevant
to hiring and promotion processes could be gender dif-
ferences in confidence and self-assessment; women tend
to set more modest (performance) goals (Reuben et al.
2012, Dalton et al. 2015, Brookins et al. 2017, Brandts et al.
2021); assess their skills, achievements, and ambitions
more conservatively (both in absolute and relative
terms) (e.g., Brandts et al. 2015, Ludwig et al. 2017,
Samek 2019, Coffman et al. 2024, Exley and Nielsen
2024); and engage less in self-promotion (Exley and
Kessler 2022, Chang et al. 2025)."

One proposed solution to reduce discrimination and
bias in hiring is to anonymize applications by removing
gender-identifying information. This approach has
been adopted or promoted in various sectors and coun-
tries. For example, France passed a law in 2006 (but
failed to decree how employers should put it into
action) and then made it mandatory for large compa-
nies in 2014 to accept anonymous CVs, but they aban-
doned the policy again in 2015 because of practical and
legal challenges (Behaghel et al. 2015; see also Abdul
Latif Jameel Poverty Action Lab 2018). A well-known
early case of anonymization comes from U.S. sym-
phony orchestras, which introduced blind auditions in
the 1970s and 1980s (Goldin and Rouse 2000). In the
United Kingdom, the BBC introduced anonymized
recruitment in the mid-2010s as part of its diversity
strategy. Similarly, the British Universities and Col-
leges Admissions Service began anonymizing univer-
sity admission applications in several universities in
2015 (Jordan 2017). In the same year, several organiza-
tions and firms in the United Kingdom pledged to
recruit on a name-blind basis to address discrimination
(including applicants to the civil service, Teach First,
HSBC (The Hongkong and Shanghai Banking Corpora-
tion), Deloitte, Virgin Money, KPMG (Klynveld Peat
Marwick Goerdeler), BBC (the British Broadcasting

Corporation), NHS (the National Health Service), learn-
direct, and local governments) (see UK Government
2015). Although such practices are mandated in few jur-
isdictions, they are recommended by governments and
equality bodies in countries like the United Kingdom
(Chartered Institute of Personnel and Development
2022), Sweden (Linderborg 2005), Germany (Antidiskri-
minierungsstelle des Bundes 2014), Austria, and the
Netherlands—usually on a voluntary basis. Anonymous
applications are further encouraged by nongovernmen-
tal organizations in many countries and voluntarily
used by various companies. The hiring platform BeAp-
plied.com puts the idea of anonymous applications into
practice by removing names, genders, and educational
backgrounds from applications—an approach that the
platform claims will eliminate unconscious bias.

However, empirical evaluations of anonymous
application procedures yield mixed results. Some stud-
ies report reductions in discrimination (e.g., against
women in orchestra applications (Goldin and Rouse
2000), against ethnic minorities in the Netherlands (Bog
and Kranendonk 2011) and Germany (Krause et al.
2012a), and against both women and ethnic minorities
in Sweden (Aslund and Skans 2012)). Others find no
improvement or even adverse effects, such as in appli-
cations for postdoctorate positions (Krause et al.
2012b), for female musicians in semifinals (Goldin and
Rouse 2000), for ethnic minorities in France (Behaghel
et al. 2015), for women applying to the city of Helsinki
(Kanninen et al. 2023), and for women in certain German
companies (Krause et al. 2012a). So far, the identification
of the factors driving success and failure of anonymous
applications is limited by self-selection as firms especially
engaged in diversity may self-select into such new pro-
grams (Behaghel et al. 2015). A notable exception is a
study in Helsinki, where anonymous applications were
exogenously imposed (Kanninen et al. 2023).

In this paper, we examine the impact of gender-
anonymous applications using a controlled online experi-
ment with 4,674 participants. We model a common hiring
situation in which employee candidates “advertise”
themselves by announcing a job-specific performance tar-
get (for a real-effort task: the Stroop task). Employers
then choose whom to hire based on these self-set perfor-
mance targets. This setup follows the observation of
Exley and Kessler (2022) that people often have to com-
municate self-evaluations of their performance to others:
for example, in applications, interviews, and performance
reviews. The opportunity to self-promote can thus influ-
ence their hiring, promotion, or pay.

In a 2 x 2 design, we vary (1) whether the employer
knows the candidates” genders and (2) whether the
employer’s payoff depends on the hired employee
reaching their target. This design allows us to causally
identify the effects of gender anonymity on the
employee side (e.g., target setting and self-promotion)
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and the hiring decision on the employer side. By studying
the employer’s payoff consequences of hiring an em-
ployee (i.e., whether the performance target merely serves
as a signal of the employee’s ability versus whether the
employee’s actual performance not reaching the target
has severe payoff consequences for the employer) (see,
e.g., Chen et al. 2022 for a discussion of such thresholds
with severe consequences in chief executive officer com-
pensation contracts), we can draw conclusions for two
typical situations in the labor market. Although previous
research has studied target setting with different conse-
quences for the person setting the target, to the best of our
knowledge, no previous paper has studied the impact of
differing consequences of reaching the target for the
employer and thus, no previous paper has incorporated
this difference into the hiring process.

Our results show that women set lower performance
targets than men, even when controlling for their abil-
ity. This holds regardless of whether gender is dis-
closed and whether missing the target affects employer
payoffs. Setting higher targets generally improves the
chances of being hired; self-promotion pays. Yet, when
employers expect a large gap between stated and actual
performance, this reduces the likelihood of being hired,
in particular when missing the target has severe payoff
consequences for the employer.

Crucially, we find that gender-anonymous appli-
cations can backfire; although intended to promote
women, anonymous applications actually result in
women being 8% less likely to be hired and receiving
approximately 14% lower payoffs relative to nonanon-
ymous conditions. Analyzing possible reasons for this,
we find that employers expect more self-promotion and
thus, a larger target-performance gap from men than
from women. When gender is disclosed, employers
adjust their expectations accordingly—leading to rela-
tively better outcomes for women. This holds true both
when the target serves purely as a signal and when
reaching the target has far-reaching consequences for the
employer. Our findings challenge assumptions about the
effectiveness of gender-anonymous applications. Rather
than necessarily improving hiring decisions, anonymous
applications may preclude employers from accounting
for gender-specific behaviors, such as differences in self-
promotion, and (women-favoring) gender stereotypes,
with unintended negative consequences. Conversely,
revealing gender enables employers to interpret informa-
tion on the employee more nuancedly. We argue that
anonymization policies should be applied selectively
rather than mandated across the board.

The remainder of this paper is structured as follows.
In Section 2, we present the experimental design and
treatments, detail our method for disclosing gender,
and describe the procedures. In Section 3, we develop
the hypotheses, and we present and discuss our results
in Section 4. Section 5 concludes.

2. Experimental Design

2.1. The Experimental Setup

To address our research questions, we design an exper-
imental labor market with 4,674 participants on Prolific.
At the beginning of the experiment, one of two roles,
employees and employers, is randomly assigned to
each participant and kept fixed throughout the ex-
periment. Employees work on a real-effort task. We
selected the Stroop task (Stroop 1935) as the real-effort
task based on a preparatory study in which we pre-
tested several tasks (including a number-adding task
and a counting-zeros task; see AsPredicted 75996) with
the goal to identify a task that is comparatively gender
neutral in respect to performance, and additionally
generates a considerable performance variance, even in
shorter time spans. The Stroop task had by far the
highest variability in performance while exhibiting no
gender difference in performance (neither in our prepa-
ratory study nor in the first round of the experiment of
this study (p = 0.9836, Mann-Whitney U test)). In our
version of the Stroop task as illustrated in Figure 1, par-
ticipants are shown eight buttons and one of eight pos-
sible words. The possible words are color names (red,
blue, green, yellow, orange, brown, pink, and black),
and each color name has a corresponding button. Parti-
cipants’ task is to click on the button corresponding to
the font color of the word (“red” in Figure 1).

In part 1 of the experiment, which is identical across
all experimental treatments, employees work on the
Stroop task for two rounds with 40 seconds each to
familiarize themselves with the task. Participants
receive 10 points per color correctly identified within
the 40 seconds. At the end of the experiment, one of the
two rounds in part 1 is randomly chosen to be payoff
relevant.

In part 2, the main part of the experiment, employees
report a self-set performance target before once more
working on the Stroop task for 40 seconds.” They know
that the target will be communicated to an employer
alongside the target of another employee and, depend-
ing on the treatment, their gender. In this respect, our
design is similar to that of Dargnies et al. (2026) but with

Figure 1. (Color online) Illustration of the Stroop Task

yellow
| yellow pink
| blue |
|_orange |
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one key difference: employers do not observe employ-
ees’ past performance but only their self-reported tar-
gets.” Using self-reported targets captures the demand
side of the hiring process and mirrors the fact that man-
agers in the real world often have to base decisions
about hiring, promotions, bonuses, or project assign-
ment on self-assessment (e.g., Exley and Kessler 2022,
Trautmann et al. 2024). Employees are further aware
that their payoff for this part will depend on whether
they are hired by the employer. If they are hired, they
receive a piece rate of 30 points per correctly identified
color, and if they are not hired, they receive a much
lower piece rate of 5 points. Employees thus know that
their targets are nonbinding and mainly used to signal
ability to the employer (i.e., they can be used for self-
promotion in the spirit of Exley and Kessler 2022).
Participants are matched into groups of three consist-
ing of two employees and one employer. The employ-
ers receive information about the self-set performance
targets of both employees and, depending on the treat-
ment, the employees” gender. Employers then choose
one of the two employees, with their own payoff
depending on the chosen employee’s performance in
part 2. Note that employees have already performed
the task at this point, but their actual performance is
not disclosed to the employer until after the hiring deci-
sion is made. Depending on the treatment, the employ-
er’s payoff may also depend on the hired employee’s
target. To maximize comparability across treatments,
each employer always receives the targets of one
female employee and one male employee (in all treat-
ments). However, in the treatment where gender is not
revealed, employers are unaware of this gender com-
position. Before seeing the employees’ self-set perfor-
mance targets, employers have the opportunity to
familiarize themselves with the Stroop task by trying it
for 20 seconds. This brief experience helps them form
an impression of what constitutes a realistic perfor-
mance level. The timeline is illustrated in Figure 2.

2.2. Treatments

We employ a 2 X 2 between-subject design with treat-
ment variation across two dimensions. On the one
hand, we vary whether the employees’ gender is
revealed to the employer. On the other hand, we vary
whether the employer’s payoff depends on the chosen
employee reaching their target. An overview of

Figure 2. (Color online) Timeline of Part 2 of the Experiment

treatments and sample sizes is shown in Table 1, and
the treatment variations are explained in more detail
below.

2.2.1. Treatments: “Hidden.” In these treatments,
employers are unaware of the employees’ gender.
Employees are simply referred to as Player K and
Player L.

2.2.2. Treatments: “Revealed.” Following Bapna and
Ganco (2021), we convey gender by using first names.
In the gender-revealed treatments, employees are ran-
domly allocated one of three first names based on their
gender, and they are identified by these names by
employers in the experiment. Employers are aware that
these are allocated names and correspond to employ-
ees’ gender because we tell employers that the two
employees will be assigned first names that correspond
with their gender to ensure anonymity (see the instruc-
tions in Online Appendix A.1.3.3 for the exact word-
ing). Our goal was to use three male names and three
female names in the gender-revealed treatments that
were similar in characteristics other than gender. For
this, we used the database by Grundmann et al. (2025),
who provide systematic evaluations of 20 popular
names (10 male names and 10 female names) across a
wide range of characteristics. We identified the names
that were rated as most typical (or most average) in all
characteristics for the respective gender among the
10 highly popular male and female names used in
that study (see Online Appendix B.2 for details).
Based on this, we used Matthew, James, or Thomas
for male employees and Julia, Sarah, or Katherine for
female employees.

2.2.3. Treatments: “Piece Rate.” In the piece-rate
treatments, employers receive a piece rate of 30 points
for each color correctly identified by the chosen
employee in the Stroop task.

2.2.4. Treatments: “Target Bonus.” In the target bonus
treatments, employers receive a piece rate of five points
for each color correctly identified by the chosen
employee in the Stroop task. In addition, employers
receive a bonus if the hired employee reaches their tar-
get. The bonus amounts to 25 points times the stated

Employees set
performance targets

Employees randomly
matched into pairs

Employers hire one
employee

Employees perform task for Pair randomly matched to Employees informed about hiring

part 2 employer

and payoff via Prolific message



Downloaded from informs.org by [216.73.216.108] on 02 September 2026, at 21:05 . For personal use only, all rights reserved.

Werner, Grundmann, and Rockenbach: Gender Information in Hiring Based on Targets

Management Science, Articles in Advance, pp. 1-18, © 2026 The Author(s)

Table 1. Treatment Overview

Payoff for employer

Employees’ gender Piece rate

Target bonus

Hidden
Revealed

Piece rate hidden (n = 1,170)
Piece rate revealed (n = 1,191)

Target bonus hidden (n = 1,170)
Target bonus revealed (1 = 1,143)

target if the target is reached or exceeded. Otherwise,
the bonus is zero.

These two treatments resemble two important situa-
tions for the employer. In piece rate, the employee’s self-
set target is not directly payoff relevant but only serves
as a signal of ability. In target bonus, however, it is essen-
tial for the employer that the employee meets the target
because failure to meet the target can be very costly for
the employer. This mirrors, for example, situations in
which overambitious targets can lead to an overalloca-
tion of resources (Royal and Tasoff 2017, Russo and
Schoemaker 2018) or result in failure to meet external
targets and commitments (Russo and Schoemaker 1992,
2018; Dunning et al. 2004). One could also think of situa-
tions where a supposedly capable employee receives
more responsibility or more important duties that can
result in more costly consequences for the employer.

The payoffs for piece rate and target bonus are cali-
brated such that the employer’s payoff is identical in
case the employees state the exact number of colors that
they will correctly identify as their targets. In this case,
an employer in target bonus receives 25 times the target
plus 5 times the performance, and because target equals
performance, the resulting payoff is identical to that in
piece rate, namely 30 times the performance. Recall that
in all treatments, the hired employee receives a piece
rate of 30 points per correctly identified color, whereas
the nonhired employee receives a piece rate of 5 points.

2.3. Expectations and Questionnaires

2.3.1. Role-Specific Expectations and Questions.
2.3.1.1. Employees. After setting their performance
target, employees were asked the following.

1. To state their expectation regarding the target and
actual performance of the other employee (of unknown
gender) they would be matched with. This was incen-
tivized such that the employee would receive 50 addi-
tional points for each of their answers that was correct
or one below or above the correct answer.*

2. To state their expectation regarding the perfor-
mance of men and women in previous sessions. These
questions were also incentivized with 50 additional
points for each answer that was correct or one below or
above the correct answer.

3. After that, employees were asked to state on a scale
from 0 (not at all important) to 10 (extremely important)
how important it was to them that (a) their target was
realistic and (b) they would be selected by the employer.

4. They were further asked for their expectation
regarding the criteria that the employer would use
when selecting an employee.”

2.3.1.2. Employers. After selecting an employee but
before being informed about the employee’s perfor-
mance in part 2, employers were asked the following.

1. To state the performance that they expected from
each of the two employee candidates. This was incen-
tivized such that the employer would receive 50 addi-
tional points for each of their answers that was correct
or one below or above the correct answer.

2. To state what they thought was most important to
each player when setting their target.®

3. Employers were further asked whether they ex-
pected women or men to identify more colors correctly
in the task on a scale from 0 (women) to 10 (men).

4. They were also asked which was the most impor-
tant criterion that they used when selecting a player.”

In addition to these role-specific expectations and
questions, participants filled in two further question-
naires that were identical for employees and employers
and are described in more detail below.

2.3.2. Questionnaires for Employees and Employ-
ers. All participants answered a postexperimental
questionnaire to elicit gender norms on different types
of behavior in the game (such as setting an extremely
high target). For each type of behavior, participants
were asked to rate how morally appropriate they them-
selves considered this behavior and how morally
appropriate they thought others would consider that
behavior on a scale from 0 (extremely morally inappro-
priate) to 10 (extremely morally appropriate).® We fur-
ther elicited personal characteristics (such as risk
attitudes, competitiveness, ambitiousness, etc.). Further
descriptions and screenshots of the questionnaires can
be found in Online Appendix A.2.

2.4. Procedures

The experiment was programmed and conducted in
the software LIONESS Laboratory (Giamattei et al.
2020) using 4,674 participants from the United King-
dom on the platform Prolific. We applied filters on Pro-
lific on age (range: 18-40),” gender, English as the first
language, and country of residence. Further, all partici-
pants who had previously participated in a related



Downloaded from informs.org by [216.73.216.108] on 02 September 2026, at 21:05 . For personal use only, all rights reserved.

Werner, Grundmann, and Rockenbach: Gender Information in Hiring Based on Targets

Management Science, Articles in Advance, pp. 1-18, © 2026 The Author(s)

study were excluded. For employees, we additionally
excluded Prolific users who had indicated to be color
blind, which was also known to employers. All partici-
pants received a fixed participation fee and a variable
bonus, which depended on the decisions and perfor-
mances in the experiment and on whether their beliefs
in the incentivized belief-elicitation questions were cor-
rect. For feasibility, we collected data for employees
and employers sequentially, first collecting the em-
ployee data separately for each gender and then collect-
ing the employer data. Employees were informed that
they would receive their payoff in the following days
accompanied by a message to inform them whether
they had been hired by the employer and whether their
beliefs had been correct. We split up the experiment
into two large sessions. The first took place from
October 20, 2022 to November 22, 2022, and the sec-
ond took place from November 22, 2022 to December
15, 2022. Within each session, we randomized the
order of treatments and conditions, and within each
treatment and condition, we randomized whether
the data were first collected for male subjects or for
female subjects. We collected the data in blocks of 200
subjects because we had found in pretests that this
was a feasible number to collect in about one day. All
data collection took place on workdays between 8
a.m. and 9.30 p.m. UK time.

For each treatment, we first collected the data for
employees of one gender, and on the next workday, we
collected the data for employees of the other gender.
We then randomly matched the employees into pairs
such that there was one male employee and one female
employee in each pair, and we randomized the order of
pairs. On the following workday, we collected data for
employers (half of observations per gender after each
other)."” Each pair of employees was matched to an
employer to form a triple.

Altogether, we aimed at collecting 400 triples per
treatment (i.e., 400 female employees and 400 male
employees plus 400 employers (200 males and 200
females)) for a total of 1,200 participants per treatment
and 4,800 participants overall. We ended up with at
least 95% of our target in all treatments. We provide bal-
ance tests for the employees in Online Appendix C.2.4.
The tests show that our sample is well balanced across
the four treatments. In most pre-existing participant
characteristics that we obtained from Prolific (age, stu-
dent status, employment status, nationality, and ethnic-
ity), there are no to minor differences between
subsamples. The share of both employed participants
and white participants is slightly lower in the target
bonus than in the piece-rate treatments (with a differ-
ence of roughly three percentage points each). None of
the differences are statistically significant between the
gender-hidden and gender-revealed conditions. There
are also very few differences in characteristics that we

elicited during our experiment (performance in round 1
of the Stroop task, self-reported willingness to take risks,
ambitiousness, competitiveness, tendency to regret
when a better outcome could have been achieved, and
eagerness to reach self-set goals in life). Participants in
the gender-revealed condition had a slightly better ini-
tial performance in the Stroop task (they solved 0.37
tasks more) than participants in the gender-hidden con-
dition. Participants in target bonus indicated to be less
ambitious than participants in piece rate (but they
answered this question at the end of the experiment, so
the experience during the experiment may have influ-
enced this self-reported measure). All other differences
are statistically insignificant.

3. Hypotheses

In the following section, we develop our hypotheses,
which we preregistered on AsPredicted (108248). We
preregistered a total of 11 hypotheses. In Online
Appendix C.1, we show the results for the preregis-
tered hypotheses that we do not discuss in the main
body of the paper.

We expect employees to set lower performance tar-
gets in the target bonus treatments than in the piece-
rate treatments. In both treatments, employees have an
incentive to be chosen. However, the optimal strategy
to do so is likely to differ between treatments given the
diverging incentives for employers. In the piece-rate
treatments, employers have an incentive to choose the
highest-performing employee, which may induce
employees to set high targets to signal high ability.
Employers in the target bonus treatments, however,
have an incentive to choose the employee who will
most realistically reach their target, and only if they
expect both to do so will they choose the employee
with the higher target. It is thus rational for employees
to set their target such that it will be considered realistic
by employers, which may induce employees to set
lower targets compared with the piece-rate treatments.
In addition, other-regarding preferences, such as altru-
istic concerns (Andreoni 1990) or guilt aversion (Char-
ness and Dufwenberg 2006), may contribute to setting
lower and more realistic targets in the target bonus
treatments as employers will suffer if the target is not
reached. We thus formulate the following hypothesis.

Hypothesis 1. Employees set lower targets in the target
bonus treatments compared with the piece-rate treatments.

We further expect gender effects in self-set targets.
In line with previous literature in similar settings (Reu-
ben et al. 2014, Dalton et al. 2015, Brookins et al. 2017,
Brandts et al. 2021) and in the self-promotion literature
(Exley and Kessler 2022, Chang et al. 2025), we expect
women to set lower performance targets than men in
all treatments.
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Hypothesis 2. Women set lower targets than men across
all treatments.

We further expect men to overstate their targets in
relation to their actual performance more strongly than
women (i.e., to have a larger target-performance gap).
Brandts et al. (2021), for example, find overconfidence
for both genders but more so for men in cheap-talk goal
setting, whereas Brookins et al. (2017) find that 74% of
women as opposed to 52% of men reach their goals. We
expect this effect to prevail in all treatments.

Hypothesis 3. The target-performance gap is larger for
men than for women in all treatments.

We next turn to our predictions regarding the effect
of gender information and women’s chances of being
hired conditional on gender being revealed. The effect
could go in two directions. Either revealing gender
could lead to discrimination against women, as shown,
for example, by Reuben et al. (2014), or employers may
expect greater overconfidence and self-promotion among
men and thus expect more realistic targets from women,
increasing—ceteris paribus—women’s chances of being
hired. The effect could go in both directions, and which
effect outweighs the other is an empirical question. We
thus formulate two hypotheses. Hypothesis 4(a) expects
discrimination against women and thus a negative influ-
ence of revealing gender on women'’s chances of being
hired. Hypothesis 4(b) hypothesizes that employers ex-
pect less self-promotion from women than from men and
correct for this difference when gender is revealed, and
thus there is a positive influence of revealing gender for
women.

Figure 3. (Color online) Targets by Gender and Treatments

Hypothesis 4(a). The likelihood for female employees of
being hired is lower in the gender-revealed treatments than
in the gender-hidden treatments.

Hypothesis 4(b). The likelihood for female employees of
being hired is higher in the gender-revealed treatments than
in the gender-hidden treatments.

A potential reason for Hypothesis 4(b), if it turns out
to be true, relates to the target-performance gap that
employers expect. Based on the literature on gender dif-
ferences in overconfidence (see, for example, Niederle
and Vesterlund 2007 or Croson and Gneezy 2009) and
on self-promotion (Exley and Kessler 2022, Chang et al.
2025), we hypothesize that employers expect differ-
ences between women and men in the extent to which
they overstate their targets in relation to their actual per-
formance. We thus hypothesize the following.

Hypothesis 5. Employers expect a smaller target-perfor-
mance gap for female employees compared with male
employees in the gender-revealed treatments.

4. Results

4.1. Employees: Target Setting

We start by presenting results for the employee side to
analyze target setting based on our treatment variations
and gender. Figure 3 illustrates targets separately by
gender and treatment (piece rate versus target bonus)."!

4.1.1. Treatment Differences in Target Setting: Piece
Rate vs. Target Bonus. We first look at treatment
effects in target setting using the nonparametric
Mann-Whitney U test (MWU, as preregistered).

Targets by employee gender and treatment

20+

Target

15

10-
male employee

I Piece-rate
[ Target Bonus

female employee

Notes. Mean self-set targets of male employees (left bars) and female employees (right bars) in the treatments piece rate (blue) and target bonus
(yellow). Capped ranges indicate 95% confidence intervals. Employees set lower performance targets in the target bonus treatments compared
with the piece-rate treatments, and women set lower performance targets than men across treatments.
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Hypothesis 1 states that employees set lower targets in
target bonus than in piece rate. Figure 3 shows that this
is the case for both genders. The mean absolute target
in piece rate equals 16.8, and it is significantly higher
(by about 0.3 standard deviations) than in target bonus
with 15.2 (MWU, p < 0.001). This effect is prevalent for
male and female employees both when gender is
revealed and when it is not. We can thus conclude in
Result 1 that employees take the differing strategic
incentives into account and set lower targets in target
bonus along the lines of Hypothesis 1.

Result 1. Employees set lower performance targets in
the target bonus treatments compared with the piece-
rate treatments.

4.1.2. Gender Differences in Self-Set Targets. We next
turn to gender effects in self-set targets. Hypothesis 2
states that women set lower performance targets than
men in all treatments. Figure 3 confirms that women set
significantly lower targets than men (by about 0.14 stan-
dard deviations) in both treatments (16.4 versus 17.2,
respectively, MWU, p = 0.01 in piece rate and 14.8 ver-
sus 15.7, respectively, MWU, p = 0.001 in target bonus).

Result 2. Women set lower performance targets than
men.

4.1.3. Gender Differences in the Target-Performance
Gap. Hypothesis 3 predicts that the target-performance
gap will be larger for men than for women in all treat-
ments. To draw conclusions on Hypothesis 3, we com-
pare the targets with the actual performances in round
3, which is the main round. Across all treatments, men
report a target of 16.4 in round 3 and solve 20.7 colors
correctly, thus setting targets that are below their actual
performance. Women, on the other hand, report a target
of 15.6 and solve 19.8 colors correctly in round 3, also
setting targets that are below their actual performance.
We measure the target-performance gap by subtracting
an employee’s performance in the main round from
their stated target, which is in line with our preregistra-
tion. Although the variable target-performance gap is
significantly lower than zero for men and women (Wil-
coxon signed-rank test, p < 0.001 for both tests; i.e., both
genders set targets below their performance), there are
no significant differences in the target-performance gap
between the genders (MWU, p = 0.540). We thus find no
support for Hypothesis 3."?

Result 3. The target-performance gap is not larger for
men than for women.

4.1.4. Regression Results. In a next step, we provide
parametric estimations in Table 2 to complement the
nonparametric analysis and to take further control vari-
ables into account. We regress the self-set target on a

Table 2. Ordinary Least Squares Regression Results for
Employees (Dependent Variable: Target)

Dependent variable: Target 1)
independent variables: Target
Gender revealed —0.20
(0.26)
Target bonus —1.77%*
(0.23)
Gender revealed x Target bonus 0.30
(0.34)
Abilii’y 0.68***
(0.019)
Female —0.45%**
0.17)
_cons 3.19%%*
(0.43)
Observations 3,116
R? 0.319

Notes. Ordinary Least Squares (OLS) regressions. Robust standard

errors are in parentheses. Although revealing gender does not affect

self-set targets, participants set lower targets in target bonus.

Employees with a higher ability set higher targets, and female

employees set lower targets than male employees given equal ability.
*p <0.10; *p < 0.05; **p <0.01.

dummy indicating whether gender was revealed, a
dummy indicating the treatment target bonus, an inter-
action of gender revealed and target bonus, the employee’s
ability (i.e., the employee’s maximum performance in
part 1 in order to control for person-specific differ-
ences), and a dummy for whether the employee is
female. In line with our nonparametric tests, the main
effect for target bonus is negative and significant, indi-
cating that employees set lower targets in the target
bonus treatments. The main effect for gender revealed
and the interaction effect are statistically insignificant.
The coefficient for ability is significant and positive.
Thus, unsurprisingly, employees with higher ability set
higher targets. The coefficient for female is negative. The
regression results, therefore, support our findings from
before that given equal ability, women set lower perfor-
mance targets than men (Table 2).1°

4.2. Employers: Hiring Decisions

We now turn to the employer side and analyze
employer behavior with respect to variations in gender
information and incentives. We start off by looking at
how the target, employers’ expectations regarding
employees” performance, and the incentives for
employers affect employers” hiring decisions. In the
second step, we will look at the effects of gender and
gender information on being hired.

4.2.1. Hiring Decisions. To analyze hiring decisions,
we run conditional fixed-effects logit regressions with
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group-level fixed effects. This allows us to include data
for both employees to examine which characteristics of
employees within a group make them more likely to be
hired, while accounting for the fact that observations
within a group are not independent of each other and
that some variables are exact mirror images of one
another (if one employee is hired, the other is not; if one
is female, the other is male, etc.). Table 3 shows the
regression results. The dependent variable is a binary
variable indicating whether an employee was hired by
the employer.

When employers decide which employee to hire, the
only information that is common to all treatments is
each employee’s self-set target. Nevertheless, it is likely
that employers not only take their employees’ targets
into consideration but also form expectations about
employees’ ability and whether they will reach their tar-
gets. In line with our preregistration, we define the
target-performance gap expected by the employer as the
employee’s target minus the employer’s expectation
regarding the employee’s performance in the main
round. The regression shows that setting a higher target
significantly increases the chance of being hired when
holding the expected target-performance gap constant. The
expected target-performance gap itself has a significant
negative coefficient; thus, the larger employers believe
an employee’s target-performance gap to be, the less
likely they are to hire this employee. We additionally
examine whether employers’ hiring strategy depends

Table 3. Conditional Fixed-Effects Logit Regressions
(Dependent Variable: Hired)

Dependent variable: Hired D)
independent variables: Hired
Target 0.21%*+*
(0.026)
Expected target-performance gap —0.29%*
(0.032)
Target bonus x Target —0.065*
(0.039)
Target bonus X Expected target-performance gap —0.18***
(0.054)
Observations 3,116
Pseudo-R? 0.197

Notes. The dependent variable is a binary variable indicating whether
an employee was hired by the employer. Conditional fixed-effects
logit regressions with group-level fixed effects are used to account for
dependencies within groups. Given that the treatment does not vary
within a group, it can only be included as an interaction term with
variables that do vary within a group. Standard errors are in
parentheses. Setting a higher target increases the chance of being hired
when holding constant the target-performance gap expected by the
employer, whereas a higher expected target-performance gap reduces
chances of being hired. The positive effect of the target is less
pronounced in target bonus, whereas the negative effect of the
expected target-performance gap is stronger in target bonus.
*p<0.10; **p < 0.05; ***p < 0.01.

on the exact incentives set out in the piece-rate and tar-
get bonus treatments by including interactions of both
the target and the expected target-performance gap with a
dummy for the target bonus treatments. Given that the
treatment does not vary within a group, we can only
include it within an interaction term. The coefficient on
the interaction term between the target and target bonus
treatments is —0.065 (i.e., negative and substantially
smaller in absolute terms than the coefficient on farget
(0.21) and significantly different from 0 at a 10% level).
Taken together, the coefficients imply that the positive
effect of the target on hiring is smaller in the target
bonus treatments compared with the piece-rate treat-
ments but that it is still present. The second interaction
variable is significantly negative. In the target bonus
treatments, the negative effect of the expected target-
performance gap on being hired is thus more pro-
nounced compared with the piece-rate treatments.
Thus, employers are more cautious when their own pay-
off is dependent on the chosen employee reaching their
targe’c.14

Result 4(a). A higher target increases the chance of
being hired when holding the expected target-
performance gap constant, whereas the expected
target-performance gap itself has a negative influence.

Result 4(b). The positive effect of the target on hiring
is smaller in target bonus than in piece rate, whereas
in target bonus, the negative effect of the expected
target-performance gap on being hired is more pro-
nounced than in piece rate.

4.2.2. Hiring Effects of Hiding vs. Revealing Gen-
der. In the following, we analyze the effect of gender
and gender information on being hired and assess the
question of whether hiding gender information is bene-
ficial for women (and men) or not. In line with our pre-
registration, we test this nonparametrically. In Figure 4,
we compare female employees’ chances of being hired
in the gender hidden condition and the gender-
revealed condition. In contrast to Hypothesis 4(a) and
in line with Hypothesis 4(b), the likelihood for women
of being hired is about 8% higher in the gender-
revealed treatments than in gender-hidden treatments
(one-sided Fisher exact test, p = 0.040). It increases by
4.1 percentage points (from 55.1% to 59.2%) in piece
rate and by 5 percentage points (from 55.4% to 60.4%)
in target bonus.

Result 5. The likelihood for female employees of
being hired is higher in the gender-revealed treat-
ments than in the gender-hidden treatments.

4.2.3. Payoff Consequences of Hiding vs. Revealing
Gender. Revealing gender is more beneficial for
women than it is harmful for men, while leaving
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Figure 4. (Color online) Female Employees’ Probability of Being Hired in Gender Hidden vs. Gender Revealed

Female employees' probability of being hired
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Notes. Female employees’ probability of being hired when gender is hidden (gray) or revealed (purple) pooled across treatments (left panel) and
separately for treatments piece rate and target bonus (right panel). Capped ranges indicate 95% confidence intervals. The likelihood for female
employees of being hired is higher in the gender-revealed treatments than in the gender-hidden treatments.

employers’ payoffs unaffected. Female employees on  Also the likelihood that an employer hires the better-
average receive a payoff of 355.0 points in the gender-  performing employee is not significantly different
hidden treatments and a significantly larger payoff of = between gender hidden and gender revealed (Fisher
403.0 points in the gender-revealed treatments (MWU,  exact test, p = 0.149). There is, however, a significant
p < 0.001). Male employees, however, receive a payoff  difference between piece rate and target bonus.
of 301.9 points in the gender-revealed treatments, = Employers are significantly more likely to hire the
which is significantly smaller than their payoff of 333.9  better-performing employee in piece rate than in target
points in gender-hidden treatments (MWU, p =0.0095).  bonus (Fisher exact test, p < 0.0001). In target bonus,
The increase in payoffs for female employees (48.0  employers rather seem to care about which employee
points or approximately 14%) is larger than the  they expect to have set the most realistic target than
decrease for male employees (32.0 points or approxi- about mere performance, which is rational given the
mately 10%). For women, this effect is predominantly  payoff structure. Thus, from the perspective of improv-
driven by the target bonus treatments, in which they ing women’s labor market chances and outcomes,
receive significantly higher payoffs in the gender-  anonymous applications seem to be counterproductive

revealed condition compared with the gender-hidden  in this setting (see also Figure C.2.3.1 in Online Appen-
condition (MWU, p < 0.001). The difference in payoffs  dix C.2.3).

between gender revealed and gender hidden is, however, )

also marginally significant in the piece-rate treatments Resylt 6. Women have higher payoffs when the gen-

(MWU, p = 0.095). Men receive significantly lower pay- ~ der is revealed.

offs in the gender-revealed treatments compared with the

gender-hidden treatments in the piece-rate treatments 4.2.4. Expected Target-Performance Gap. In order to

(MWU, p = 0.047) and marginally significantly less in the understand under what circumstances anonymous

target bonus treatments (MWU, p = 0.094). applications can be counterproductive, it is important
For employers, payoffs are slightly higher in gender ~ to evaluate the reasons for the preferential hiring of

revealed (514.9) compared with gender hidden (506.4), =~ women when gender is revealed to be able to extrapolate

but this difference is not significant MWU, p = 0.357)—  our results to other settings. Many studies have shown

neither in the piece-rate treatments (MWU, p = 0.551)  that women are generally less confident than men and

nor in the target bonus treatments (MWU, p = 0.135).  are less likely to boast about their performance. We thus
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hypothesize in Hypothesis 5 that employers would be
aware of this and therefore, expect a smaller target-
performance gap for female employees than for male
employees. In line with Hypothesis 5 we find that
employers expect a significantly smaller target-
performance gap from women than from men (1.49 for
men versus 0.98 for women, MWU, p = 0.010). This
effect is completely driven by female employers (2.01
for men versus 0.90 for women, MWU, p = 0.003),
whereas the difference expected by male employers is
not significant (0.99 versus 1.06, MWU, p = 0.521).

Result 7. Employers expect a smaller target-performance
gap from female employees compared with male employ-
ees in the gender-revealed treatments.

Gender differences in the expected target-performance
gap—although actually being incorrect (see Result 3)—
seem a plausible explanation for the preferential hiring of
women in the gender-revealed treatments. If employers
expect a smaller target-performance gap from women,
they may prefer to hire women in order to reduce the
payoff risk. But, does this fully explain the choice of
women? In the regressions in Table 4, we explore this
possibility. We focus on the gender-revealed condition
because this is the only condition where employers can
take the employee gender into account. The dependent
variable is a binary variable indicating whether an
employee was hired by the employer, like in Table 3. To
examine whether the preferential hiring of women is pre-
sent in both treatments and because different explana-
tions might be in place, we run the regressions separately
for piece rate and target bonus.

As independent variables in both regressions, we
include the target, the target-performance gap expected by
the employer, and a dummy indicating whether the
employee is female. In line with our analysis above, the
regressions show that the target has a significantly

positive impact on the probability of being hired,
which is stronger in piece rate than in target bonus (but
not significantly). The expected target-performance gap
has a significantly negative impact, which is more
pronounced in target bonus than in piece rate (again,
not significantly). Being fermale has a significantly
positive impact on being hired, confirming that women
are more likely to be hired than men in the gender-
revealed condition. The larger coefficient for female in
target bonus also suggests that women are even more
preferred in treatment target bonus than in piece rate
(also not significantly, Wald test).

The fact that the coefficient for female is significantly
positive even when we control for the expected target-
performance gap indicates that differences in the target-
performance gap expected from male and female
employees cannot fully explain why women are more
likely to be hired.

4.3. Additional Follow-Up Survey for Employers

To gain further insights into the reasons for the prefer-
ential hiring of women, we reinvited our employers
from the gender-revealed condition to participate in an
additional exploratory follow-up survey (AsPredicted
130388). The additional survey collected employers’
attitudes on gender equality (two questions), expected
gender differences in performance (two questions), and
expected gender differences in risk behavior and over-
confidence (three questions) as possible explanations
for their hiring decisions. Most questions were adopted
from the World Values Survey, and one question was
adopted from the General Social Survey. We slightly
modified the possible answers so that they were all
measured on the same scale. We further elicited for
each of these questions (except for the last question on
the Stroop task) a descriptive social norm by asking
employers to select the response that they think was

Table 4. Conditional Fixed-Effects Logit Regressions for the Gender-Revealed Condition

(Dependent Variable: Hired)

@ ®)

Piece rate revealed  Target bonus revealed

Dependent variable: Hired 1)
independent variables: Gender revealed
Target 0.15%**
(0.026)
Expected target-performance gap —0.30%**
(0.034)
Female 0.37%*
(0.080)
Observations 1,556
Pseudo-R* 0.160

0.20%% 0.082*
(0.037) (0.039)
—0.28# —0.37#%
(0.046) (0.056)
035+ 0.47%%
(0.11) (0.13)
794 762
0.119 0.302

Notes. The dependent variable is the binary variable indicating whether an employee was hired by the
employer. Conditional fixed-effects logit regressions with group-level fixed effects are used to account
for dependencies within groups. Standard errors are in parentheses. Female employees are more likely
to be hired than male employees in the gender-revealed condition.

*p <0.10; **p < 0.05; **p < 0.01.
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chosen most frequently by other participants in the sur-
vey within a certain time frame, which we incentivized
following Krupka and Weber (2013) with the possibil-
ity to earn an additional bonus of £0.50.

Specifically, we measured employers’ attitudes to-
ward gender equality by asking whether employers are
for or against preferential hiring and promotion of
women on a scale from 0 (strongly in favor) to 10
(strongly against) and whether they think women or
men should have more right to a job when jobs are
scarce on a scale from 0 (women) to 10 (men). To mea-
sure expected gender differences in performance, we
asked whether they think women or men make better
business executives from 0 (women better) to 10 (men
better). We also elicited an incentivized measure of
expected performance differences in the Stroop task. For
this measure, we provided participants with the average
performance of women in the third round of the Stroop
task in the gender-revealed treatments (20.5) and asked
for their expectation regarding the average performance
of men (for which they received an additional bonus of
£0.50 if their expectation was correct). We further mea-
sured the employers’ expectations regarding gender dif-
ferences in behavior (risk attitudes, overconfidence, and
overstatement) by asking whether employers expect
women or men to be (i) more willing to take risks, (ii)
more overconfident, and (iii) more willing to say that
they can do better than they can (overstatement), all on
a scale from 0 (women far more) to 10 (men far more).

4.3.1. Results from the Follow-Up Survey. In total, 541
(70%) of our initial 778 employers in the gender-

revealed condition participated in our follow-up sur-
vey. Because there was some attrition, we first examine
whether these employers are a representative subsam-
ple of our initial employers or whether there is signifi-
cant selection bias. Participation was quite equally
distributed between the target bonus and piece-rate
treatments and gender. We collected data for 132 male
employers and 144 female employers in piece rate
revealed and 131 male employers and 134 female
employers in target bonus revealed. Table C.2.2.2 in
Online Appendix C.2.2 compares those employers who
did not complete the follow-up survey with those who
did for all observables that we have from the initial
study (i.e., for both subsamples). The subsamples
turned out to be balanced so that we can consider those
who completed the additional survey a representative
subsample of the initial sample.

In Table 5, we rerun the regressions from Table 4 for
the subsample that completed the survey (columns (1)
and (2) in Table 5). The coefficients and significance
levels are very similar to those in Table 4, particularly
in treatment piece rate.

Table 6 shows the responses to all survey questions
(answers ranged from 0 to 10). Because previous stud-
ies found an in-group bias in hiring decisions and in
how men and women rate men’s and women'’s perfor-
mances (Chan and Wang 2018, Kiibler et al. 2018, Coff-
man et al. 2021, Fischbacher et al. 2024), we display the
responses separately for female and male employers.
Across the board, female employers rate women more
favorably than male employers do. They are more sup-
portive of affirmative action and giving scarce jobs to

Table 5. Conditional Fixed-Effects Logit Regressions for the Subsample That Completed the Survey Sepa-
rately for Piece Rate and Target Bonus (Dependent Variable: Hired)

Dependent variable: Hired (1) 2) 3) (4)
independent variables: Piece rate Target bonus Piece rate Target bonus
Target 0.19*** 0.034 0.19%* 0.036
(0.043) (0.044) (0.043) (0.044)
Expected target-performance gap —0.24*** —0.29%* —0.24%* —0.30%**
(0.051) (0.063) (0.051) (0.064)
Female 0.36*** 0.35** 0.12 0.44**
(0.13) (0.15) (0.18) (0.20)
Female x Female employer 0.47* —0.19
(0.26) (0.30)
Observations 552 530 552 530
Pseudo-R* 0.104 0.239 0.113 0.240

Notes. The dependent variable is a binary variable indicating whether an employee was hired by the employer. Conditional
fixed-effects logit regressions with group-level fixed effects are used to account for dependencies within groups. Given that
the employer gender does not vary within a group, it can only be included as an interaction term with a variable that does
vary within a group. Standard errors are in parentheses. In piece rate, the presence of a female employer increases women’s
probability of being hired (column (3)), and controlling for the employer gender turns the coefficient Female smaller and
insignificant. The employer’s gender explains the preferential hiring of women in piece rate (column (3)) but not in target

bonus (column (4)).
*p < 0.10; **p < 0.05; **p < 0.01.
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Table 6. Average Survey Answers by Male and Female Employers (on a Scale from

0 to 10)
Employer
- Difference, significance

Survey items: Female Male of difference
Attitudes on gender equality

In favor of affirmative action 49 42 0.6%**

Women should receive scarce jobs 5.2 4.8 0.4***
Expected gender differences in performance

Women better business executives 5.6 4.6 1.0%**

Women better in Stroop 2.3 1.7 0.6%**
Expected gender differences in behavior

Men more risk-taking 6.9 7.2 -0.3

Men more overconfident 7.5 7.0 0.5%**

Men more overstating 7.1 6.6 0.5%*

Note. Significances of differences were according to Mann-Whitney tests.

*p <0.10; **p < 0.05; **p < 0.01.

women, they have higher beliefs in women’s perfor-
mance as business executives and in the Stroop task,
and they believe that men are more likely to be over-
confident and overstating than women.

4.3.2. Preferential Hiring of Women. Can the employ-
er's gender hence explain the preferential hiring of
women? We test this in columns (3) and (4) in Table 5. In
treatment piece rate, the presence of a female employer
marginally significantly increases women's probability of
being hired (significant at the 10% level). When control-
ling for the employer’s gender, the coefficient capturing
whether the employee is fermale becomes much smaller
and insignificant. Thus, the employer’s gender appears
to explain the preferential hiring of women. In target
bonus, on the other hand, the employer’s gender does
not explain the preferential hiring of women. If anything,
the negative (but insignificant) coefficient would suggest
that female employers are less likely to hire women than
male employers in target bonus.

To further explore whether the gender-related beliefs
and attitudes from our additional survey explain the
preferential hiring of women, we add the items from
our survey to the regressions. In Table C.2.2.3 in Online
Appendix C.2.2, we show the regressions separately
by treatment. For treatment piece rate, we examine
whether we can substitute the survey items for the
female employer control variable and if the survey items
do the same job of explaining the preferential hiring of
women (column (1) in Table C.2.2.3 in Online Appen-
dix C.2.2). None of the items alone can explain the pref-
erential hiring of women, nor can they do so together."”
These results imply that in treatment piece rate, female
employers, who also hold more favorable beliefs and
attitudes toward women, are responsible for the prefer-
ential hiring of women.'® At the same time, we cannot
narrow down the effect to specific attitudes or fully

explain it with all of the attitudes included in our sur-
vey. It seems not only that female employers differ
from male employers in the opinions and attitudes
included in our survey but that it must be an ensemble
of multiple attitudes—or taste-based discrimination in
favor of in-group employees as found by Casoria et al.
(2022)—that are more pronounced among female
employers.

In treatment target bonus, on the other hand, the prefer-
ential hiring of women is unrelated to the employer’s gen-
der, as we have seen in Table 5. With stricter rules on
target achievement in place and because the positive
coefficient of the target in Table 5 is smaller in target bonus
and the negative coefficient of the expected target-
performance gap is larger in absolute terms, possible expla-
nations for the preferential hiring of women relate to the
employer’s risk aversion and the fear that the target could
be too high. In Table C.2.2.3 in Online Appendix C.2.2, we
show that an interaction term of the employer’s risk aversion
with the expected target-performance gap of each employee is
highly significant and negative (column (3) in Table
C.22.3 in Online Appendix C.2.2), implying that the nega-
tive effect of the expected target-performance gap on the
probability of being hired increases with the employer’s
risk aversion. The coefficient of an interaction of female
employer with the expected target-performance gap is also sig-
nificantly negative (column (4) in Table C.2.2.3 in Online
Appendix C.2.2), implying that female employers place
more weight on the expected target-performance gap so
that the negative effect of the expected target-performance
gap is even higher when the employer is female. The coef-
ficient for fernale gradually decreases in both statistical and
economic significance over these regressions, and it turns
even smaller and loses its statistical significance when we
additionally control for interactions of the fernale dummy
with the employer’s expectation that men are more risk-
taking than women and with the employer’s risk aversion
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(column (5) in Table C.2.2.3 in Online Appendix C.2.2). A
joint Wald test also confirms that the sum of the coefficient
for female and all interactions with the female dummy is
not significantly different from zero. Taken together, the
results suggest that risk preferences and beliefs drive the
preferential hiring of women in target bonus.

Result 8(a). Female employers rate women more
favorably than male employers do.

Result 8(b). In piece rate, female employers are the
drivers of the preferential hiring of women. In target
bonus, the preferential hiring of women is driven by
risk preferences and beliefs and is unrelated to the
employer’s gender.

4.4. Robustness Check: Replication with a
Different Real-Effort Task

One might conjecture that our findings are task specific,
given that our participants (both employers and
employees) perceived women to be better at the Stroop
task than men. Established gender differences in com-
petitiveness and discrimination research have often
relied on the seminal design by Niederle and Vester-
lund (2007) using a number-adding task, which is typi-
cally perceived as male connotated. Previous studies
indicate that gender differences in behavior can depend
on the nature of the task and associated stereotypes.
These studies show that the typical gender gap in com-
petitiveness (e.g., Giinther et al. 2010, Shurchkov 2012,
Flory et al. 2015, Grosse et al. 2015) or self-promotion
(e.g., Exley and Kessler 2022) emerges when a math
task (masculine connotated) is used but not when a ver-
bal task (female connotated) is employed. Similarly,
other research finds that discrimination in hiring pro-
cesses can depend on the gender connotation of tasks
or jobs (e.g., Moss-Racusin et al. 2012, Reuben et al.
2014, Yavorsky 2019, Coffman et al. 2021, Eckel et al.
2021).

To address potential concerns about task specificity,
we replicated our experiment using a number-adding
task in the style of Niederle and Vesterlund (2007)—a
male-connotated task upon which many findings on
gender differences in the existing literature are based.
The replication included only piece-rate treatments
and varied whether gender was hidden or revealed,
maintaining the same targeted sample size of 400
employers and 800 employees per condition (50%
male/female). The replication was preregistered on
AsPredicted (214915), and results are presented in
Online Appendix C.3.

The findings are consistent with those obtained using
the Stroop task. Male employees set significantly higher
targets than female employees (Figure C.3.1 in Online
Appendix C.3), even when controlling for ability (Table
C.3.2 in Online Appendix C.3). The target-performance

gap is not significantly different between male and
female employees (Table C.3.3 in Online Appendix
C.3). The likelihood for female employees of being hired
is significantly higher in the gender-revealed condition
than in the gender-hidden condition (Figure C.3.4 in
Online Appendix C.3), and employers expect a smaller
target-performance gap from female employees com-
pared with male employees in the gender-revealed con-
dition. Notably, the regression coefficients closely align
with those obtained using the Stroop task (Tables C.3.2
and C.3.5 in Online Appendix C.3). Thus, we con-
clude that the observed effects occur in the male-
connotated task as well as the female-connotated
task. This speaks against pure statistical discrimina-
tion: that is, the findings do not seem to be driven by
gender-related performance stereotypes but rather
by preferences.

5. Conclusion
We present an experiment in which employee candi-
dates self-report performance targets, which are dis-
played to employers who then hire one of two
employee candidates for a task. Treatments vary along
two dimensions: whether employees’ gender informa-
tion is revealed and whether targets serve only as per-
formance signals or have payoff relevance for the
employer. Our experimental data show that women
set lower targets than men, even when controlling for
ability in the task (Result 2). Although higher targets
generally increase employees’ chances of being hired,
when holding an employer’s expectations about a
potential target-performance gap constant, the em-
ployer’s expected target-performance gap itself has a
negative influence on hiring (Result 4(a)). Remarkably,
women are less likely to be hired when gender is hid-
den than when it is revealed (Result 5), also resulting
in lower payoffs for women when their gender is hid-
den (Result 6). One reason is that employers expect a
smaller target-performance gap from female employ-
ees compared with male employees (Result 7)—a ste-
reotype that is incorrect as actual gaps do not differ by
gender (Result 3). This stereotype is more pronounced
among female employers than male employers.
Female employers (who at the same time hold more
favorable attitudes toward gender equality and rate
women more favorably in many ways) are largely
responsible for the preferential hiring of women in the
piece-rate treatment. In the target bonus treatment
(where the employer faces severe consequences if the
employee does not meet the performance target), the
preferential hiring of women seems to be related to
risk attitudes and the belief that women are more pru-
dent (Results 8(a) and 8(b)).

The finding that women set lower targets than men
when controlling for ability aligns with previous



Downloaded from informs.org by [216.73.216.108] on 02 September 2026, at 21:05 . For personal use only, all rights reserved.

Werner, Grundmann, and Rockenbach: Gender Information in Hiring Based on Targets

Management Science, Articles in Advance, pp. 1-18, © 2026 The Author(s)

15

research showing that women are less likely to self-
promote than men (Exley and Kessler 2022, Chang et al.
2025). We contribute to this literature by demonstrating
that employers may account for gender differences in
self-promotion when gender is observable but cannot
do so under anonymized conditions. Our findings on
revealing gender complement Fornwagner et al. (2022),
who find that revealing agents” gender increases tour-
nament entry rates when principals decide on behalf of
agents whether they perform a task under piece-rate or
tournament incentives. Although Fornwagner et al.
(2022) do not fully explain the underlying mechanism,
their results suggest that principals” decisions are influ-
enced by their own risk preferences, competitiveness,
and confidence in agents’ performance. Our results
also align with Dargnies et al. (2026) in that employers
are more likely to select women when gender is
revealed. In their setting, this appears to be driven by
women exhibiting steeper learning curves. This mecha-
nism does not apply in our design, where employers
do not observe actual past performance. Instead, our
evidence suggests that employers expect a smaller
target-performance gap from female employees than
from male employees (which actually reflects inaccu-
rate statistical discrimination) (see Bohren et al. 2025).
At the same time, our findings cannot be fully
explained by beliefs and suggest that employers may
also have a preference for hiring women. The conver-
gence in outcomes between our study and Dargnies
et al. (2026), despite different designs and underlying
mechanisms, is noteworthy.

Taken together, our results suggest that anonymous
applications, which probably have their merits in some
settings, may in fact harm women’s chances of being
hired in other settings. They may help in settings where
women face negative stereotypes or blatant, likely
taste-based discrimination, such as in the case of
orchestras around the world in the twentieth century,
as highlighted by Goldin and Rouse (2000). However,
they may backfire in contexts where stereotypes and
beliefs favor women: for example, when employers
expect women to perform better on average, to be more
prudent, or to be more realistic in their self-assessments
(i.e., cases of possibly inaccurate statistical discrimina-
tion to phrase it in the words of Bohren et al. 2025). Evi-
dence for such stereotypes has, for example, been
documented by Cappelen et al. (2025) in a large U.S.
general population sample; participants in their study
more often believe that men fall behind because of lack
of effort compared with women both in the controlled
work environment of a large-scale choice experiment
and in the real-world labor market and education.
Even absent such stereotypes, anonymous applications
may harm women when there are behavioral gender
differences that work to women’s disadvantage (for
example, if women set lower goals, promote themselves

less, or are more likely to understate their skills or per-
formance). Under such circumstances, revealing gender
may help employers to take these behavioral differences
into account and interpret application content more
fairly.

Note that our results apply specifically to gender
anonymity. Effects may differ for ethnicity-anonymous
applications (as suggested, for example, by Kanninen
et al. 2023). Examining anonymous applications with a
focus on ethnicity could thus be an interesting avenue
for future research—even though our results resonate
with evidence on ban-the-box policies in the United
States, where removing information on criminal
records from applications can unintentionally harm
demographic groups that include more ex-offenders
(e.g., Agan and Starr 2018, Doleac and Hansen 2020).

Taken together, our findings speak in favor of using
a system in which disclosing one’s gender in applica-
tions is voluntary—although Kanninen et al. (2023)
provide suggestive evidence that making anonymous
applications an opt-in policy for managers may not be
the ideal solution either. Future research could specifi-
cally examine the effects of such an opt-in system, ana-
lyzing whether women and men differ in their
propensity to reveal their gender,'” how this impacts
self-reported information in the hiring process, and
perhaps most importantly, how employers react to self-
disclosed gender information. The results could also
speak for not generally imposing anonymous applica-
tions but for instead encouraging voluntary self-
blinding whenever hiring managers deem it necessary
because the information could bias or distort their eva-
luations, as suggested by Fath et al. (2023). Future
research could investigate whether such self-blinding
works in our setting and whether using algorithms
instead of human hiring managers could be a better
solution.
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Endnotes

1 See also Fornwagner et al. (2022), who challenge these widely
assumed gender differences in behavior by showing that neither
gender nor sex drive any significant behavioral differences.

2 Employees were asked to state how many colors they think they will
enter correctly within 40 seconds. Employees were informed about
all payoff consequences and were reminded of their performances in
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part 1. For the exact phrasing, see the instructions in Online Appen-
dix A.1.2.3. Note that we used the word “goal” in the instructions
and the preregistration. In the business context of our paper, we
will speak of target (instead of goal) as the more common term in
this context.

3 This distinction has important implications. Our design enables
self-promotion (see Exley and Kessler 2022) and allows employers
to form beliefs about potential gender differences in performance
and self-promotion (and thus, about target-performance gaps). In
contrast, Dargnies et al. (2026) provide employers with actual per-
formance data across rounds, allowing them to form expectations
about gendered learning curves. Other (less relevant) differences
are that their design also includes an algorithm that can be chosen
to make hiring decisions and that their incentive structure differs
from ours. Furthermore, although we vary whether gender is
revealed, Dargnies et al. (2026) always reveal gender and instead,
vary whether the algorithm can use that information. Finally, they
use different tasks in rounds 1 and 2 and a combined task in
round 3, whereas we use the same task throughout. Taken
together, although both designs speak to gender dynamics in hir-
ing, they are meant to answer different research questions, and
they highlight different mechanisms. Our design focuses on how
employers react to gender information and self-promotion,
whereas their design captures responses to observed learning and
performance differences. We discuss implications of these differ-
ences in Section 5.

4 Employees were informed about the outcome of their incentivized
expectations as well the hiring decision via a Prolific message after-
ward. We provide more details in Section 2.4 and Online Appendix
A23.

5 Possible answers were as follows (multiple answers were
allowed): the player with the highest target, the player with the
most realistic target, the player with the lowest target, any player at
random, and do not know.

8 Possible answers were as follows (only one answer was allowed):
the employee wanted to set a target that they could reach, the
employee wanted to be selected, the employee did not really think
about what they were doing, and do not know.

7 Possible answers were as follows (only one answer was allowed):
the player with the highest target, the player with the most realistic
target, the player with the lowest target, and a player at random.

8 Unfortunately, because of a programming error, the personal
opinion was overwritten for employers such that we only have their
ratings for how they think others would rate the behavior. For the
employees, the two ratings are strongly and significantly correlated
(Pearson correlation coefficient = 0.756, p < 0.001) such that we are con-
fident to not have lost too much information. We deviate from the stan-
dard Krupka and Weber (2013) question by using the term morally
appropriate instead of socially appropriate to avoid confusion between
the terms “social” for personal opinions and “social norms”.

9 We chose this range for two reasons. First, this is the age range
within which most important career choices are made, and thus, it
seems appropriate to study people within this range. Second, in an
earlier study, we found that performance in the Stroop task
becomes worse with age, especially over the age of 40.

%1n case this was not possible (e.g., because of collection taking
longer for one gender), data were collected at the earliest possible
next workday.

" To control for the subject-specific performance effects, we nor-
malized the targets by dividing the participant’s target through
their ability (i.e., their maximum performance in part 1). The corre-
sponding Figure C.2.1.1 can be found in Online Appendix C.2.1.
Because there are no big differences between the results for the
absolute and normalized targets, we use absolute targets in the

following if not stated otherwise, and we control for the ability in
regressions using employee data on target setting.

12 The fact that both men and women do not set targets too high
but rather, too low comes as a surprise but is in line with Traut-
mann et al. (2024). A question that may come to mind is whether
employees realized that the self-set target was relevant for being
hired and that the employer would be likely to select the employee
with the higher target (if it seemed realistic). Figure C.2.1.3 in
Online Appendix C.2.1 plots employees’ targets conditional on their
expectation regarding the other employee’s target. It shows that
employees try to set their target slightly above the other employee’s
target unless they expect the other employee’s target to be very
high (above 20). They also set lower targets in target bonus than in
piece rate (i.e., they seem to take into account that employers might
be more cautious in target bonus).

13 In Table C.2.1.2 in Online Appendix C.2.1, we show that these
findings are robust to controlling for other employee characteris-
tics, such as their age, their risk preferences, their competitiveness,
how important it is to them to reach their goals in life, and how
much regret they would feel if they could have achieved a better
outcome by deciding differently, and further expectations and per-
ceptions of the game, such as their expectations regarding the other
employee’s target and performance, how important it is for them
to set a realistic target, how important it is for them to be chosen,
how much they were stressed by the task, and how much they
enjoyed it.

¥ We show in Figure C.2.2.1 in Online Appendix C.2.2 how the
target-performance gap expected by employers is related to the self-
set targets of employees, and we show in Result C.1.2 in Online
Appendix C.1 that employers on average make a rational choice in
their selection decision (i.e., they select the employee from whom
they expect the highest payoff given the target and the performance
that the employer expects from each employee).

'8 This nonresult also holds when we group the individual items to
indices.

'8 This finding mirrors results by Bapna and Ganco (2021), who find
that female investors favor female entrepreneurs in crowdfunding.

7 For example, Kanninen et al. (2023) show that women are more
likely to apply for a job if the applications are anonymized, which
could be an argument for using anonymous applications even if
they do not increase women’s chances of being hired.
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