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Abstract. We examine how culture information in job postings influences firms’ hiring 
outcomes. We utilize machine learning methods to measure five core values present in job 
postings and demonstrate that culture information helps attract job seekers, as it is associ
ated with higher worker inflows. The effect strengthens when job seekers value culture in 
their job searches and face frictions in learning about culture from other sources. Addi
tional analyses indicate that individual cultural dimensions in job postings are more salient 
to job seekers when they have heightened preferences for that particular value. Finally, cul
ture information is associated with a higher likelihood that interviews result in offers, and 
greater acceptance of those offers. Overall, our results suggest that culture information in 
job postings helps job seekers sort into culturally aligned firms.
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1. Introduction
Corporate culture is a critical attribute when choosing a 
job.1 A longstanding literature in economics suggests 
that nonwage attributes, such as culture, can influence 
job searches (e.g., Mas and Pallais 2017, Maestas et al. 
2023). Job seekers have increasingly emphasized culture 
in recent years, with some evidence suggesting that 
they now consider culture to be as important as salary 
when evaluating job prospects (Estrada 2020). Despite 
its importance, culture remains difficult to observe, 
resulting in significant information frictions and search 
costs for job seekers (Guiso et al. 2008, 2015b; Grennan 
2019; Graham et al. 2022). We examine whether corpo
rate job vacancy postings emphasizing information 
about core cultural values alleviate such frictions and 
improve hiring outcomes.

We argue that job postings with culture information 
help companies better identify and attract job seekers 

with similar cultural preferences. This prediction builds 
on two assumptions. First, based on prior research, we 
assume that employees value culture (Sheridan 1992, 
Glassdoor 2018). Second, job postings can provide job 
seekers with information that is more relevant, accessi
ble, and salient than information provided elsewhere, 
such as corporate websites and job review sites.2 Cul
ture information from these sources may be too general 
and may not apply to the position of interest, which 
resides within a business unit or location with its own 
subculture.3 In contrast, job postings contain relevant 
culture information for specific positions. Moreover, job 
seekers relying on external information sources bear 
additional search costs, as they need to collect and 
assimilate information from multiple sources while 
evaluating different job prospects.4

Our prediction is not without tension. For instance, job 
seekers may instead focus primarily on advancement 
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opportunities, specific job requirements (e.g., skillsets), or 
salary, which firms have been under increasing regula
tory scrutiny to disclose (Liu 2022). This focus can render 
culture information less important in the job search 
(deHaan et al. 2023). In addition, job seekers may view 
noncompany sources, such as Glassdoor or informal net
works, as more informative, reducing the role of job 
postings as a primary source. Ultimately, the extent to 
which the level of culture information in job postings is 
associated with hiring outcomes warrants an empirical 
investigation.

We focus on five cultural values that are most fre
quently present in corporate websites and official value 
statements (Guiso et al. 2015b, Sull et al. 2020): integrity, 
teamwork, innovation, respect, and quality. We adopt a 
semisupervised machine learning approach from Li 
et al. (2021) to measure the extent to which job postings 
discuss these values. Specifically, we train a neural net
work model using approximately 12 million job post
ings from 2010–2020 to learn the meanings of words and 
phrases in the context of job postings and use the mod
el’s output to construct a dictionary containing the 
words most relevant to each cultural value. We then fol
low prior studies (e.g., Li et al. 2021, Graham et al. 2022) 
and calculate a composite score (disclosed culture) that 
measures the degree to which job postings broadly 
emphasize culture (across multiple dimensions), or the 
salience and intensity of culture language in the job 
posting.

In practice, culture varies within a company and 
across teams, and hiring managers write job postings to 
reflect the needs and cultural fit for their teams (Castilla 
and Rho 2023). To provide context on this, we begin by 
analyzing sources of variation in disclosed culture. We 
find that, although firm fixed effects explain a sizeable 
portion of the variation in our culture measure (31.7%), 
the majority remains unaccounted for. These statistics 
support evidence from practice regarding job postings 
varying within firms. When including firm and job char
acteristics as determinants, we find that culture is more 
likely to be emphasized in roles requiring greater expe
rience or managerial or interpersonal skills, and in 
periods of high job demand. By contrast, culture informa
tion is less prevalent in technical roles, those for which 
employers prioritize skills, and when firms rely more on 
compensation as a recruitment tool. Our subsequent 
analyses control for these characteristics and include a 
comprehensive set of fixed effects to help isolate the 
effects of culture information.

Our main analyses examine the relation between dis
closed culture and employee inflows. We obtain 
detailed data on worker inflows from Revelio Labs. Our 
baseline results show a strong positive relation between 
disclosed culture and subsequent worker inflows at the 
firm-Metropolitan Statistical Area (MSA)-quarter level. 
The results are economically meaningful: a one within- 

fixed-effect standard deviation increase in disclosed cul
ture is associated with a 9.7% increase in employee 
inflow, relative to the sample median. In additional 
analyses, we corroborate our main findings via two 
alternative hiring outcome measures. We show that dis
closed culture shortens vacancy durations, suggesting 
quicker identification of suitable candidates. At the 
same time, more salient culture disclosures are associ
ated with lower subsequent outflows, consistent with 
new hires having better cultural alignment with the 
company.

Next, we explore the mechanisms underlying this 
effect. We begin by conducting two cross-sectional anal
yses to examine predictable variation in the effect of dis
closed culture on inflows. The first set of analyses 
examines how much job seekers value culture as 
reflected in job features and labor market conditions. 
We find that disclosed culture is more strongly associ
ated with employee inflows in creative roles but that its 
effect weakens for entry-level positions. These results 
suggest that culture information is more effective when 
job seekers place greater emphasis on cultural fit but 
plays a limited role when they focus primarily on career 
opportunities. In addition, we find the effect of culture 
information weakens when the unemployment rate is 
high and when firms have fewer openings, consistent 
with culture being particularly valuable when job see
kers face less competition in the labor market.

Our second set of analyses examines the role of infor
mation asymmetry, as our predictions assume that job 
seekers have limited information about culture. We thus 
expect the effect of disclosed culture to weaken when 
job seekers have access to more and better alternative 
sources of information about culture. Consistent with 
this argument, we find that our results are less pro
nounced among larger facilities (with presumably better 
information environments) and for firms with more 
high-quality reviews available on job review sites. Over
all, our cross-sectional results suggest that disclosed cul
ture matters more when job seekers value cultural fit 
and less when they have access to alternative sources of 
culture information.

Next, we assess the cultural fit channel, which sug
gests that culture information helps job seekers sort into 
jobs that better fit their preferences. Assessing cultural 
fit poses an empirical challenge as we cannot observe 
job seekers’ preferences. To circumvent this challenge, 
we perform two sets of analyses. First, we examine sce
narios that may heighten job seekers’ preferences for 
certain cultural values. The first test uses the Black Lives 
Matter (BLM) movement as a shock that increases the 
weight that job seekers place on the respect dimension of 
culture (Li et al. 2021). The second test exploits time- 
varying patterns of corporate misconduct in the indus
try as settings in which job seekers will emphasize 
the integrity dimension of culture. Consistent with 
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expectations, we find that job postings containing 
respect-related information have a stronger effect on 
worker inflows following BLM and those containing 
integrity-related information have a similar effect when 
industries have experienced more significant violations 
in recent periods.

Second, we further assess the cultural fit channel by 
examining job candidates’ reviews of the interview pro
cess on Glassdoor. If culture information facilitates cul
tural fit, we expect firms providing this information to 
have higher offer rates to candidates and candidates 
to have higher acceptance rates, as job seekers apply to 
better-fitting positions. We find results consistent with 
these predictions, indicating that culture information fos
ters cultural fit and, consequently, better matches 
between firms and job seekers.

Finally, we conduct a battery of robustness tests that 
help strengthen our claim that culture information influ
ences worker inflows. For example, we include addi
tional controls such as a firm-level culture measure 
based on earnings calls (Li et al. 2021) and the education 
and experience of incoming workers, use alternative 
scalers, and ascertain the robustness of our findings 
across different subsamples. Our results persist across 
all settings.

Our study contributes to the literature across several 
dimensions. First, we extend the academic literature on 
corporate culture (e.g., Guiso et al. 2015a, b; Grennan 
2019; Pacelli 2019; Dikolli et al. 2020; Li et al. 2021, 2025; 
Graham et al. 2022) by providing large-scale evidence 
on culture information in job postings. We show that, 
unlike culture information in conference calls, corporate 
websites, or regulatory violations, culture information 
in job postings varies within firms, likely reflecting the 
subcultures of business units. Our finding that this 
information influences hiring outcomes extends recent 
research on job postings as informative disclosures with 
labor and capital market implications (Sran 2025). As 
such, we also contribute to the nascent literature on 
labor and accounting (Barrios 2022, Choi et al. 2023, 
Hann et al. 2024, Ham et al. 2025) and complement the 
longstanding literature on the role of nonwage attri
butes in labor market sorting (e.g., Sullivan and To 2014, 
Mas and Pallais 2017, Hall and Mueller 2018, Maestas 
et al. 2023). Relatedly, our finding that job seekers’ cul
tural preferences shape their responses to job postings 
also contributes to the behavioral economics of account
ing (Hanlon et al. 2022), reinforcing the growing evidence 
that individual preferences and work environment char
acteristics are important determinants of economic 
outcomes.

Second, we extend studies examining the value of 
information that results from job searches (e.g., Hales 
et al. 2018, Huang et al. 2020, Dube and Zhu 2021, 
Campbell and Shang 2022). These studies primarily 
focus on information from employee review platforms 

such as Glassdoor and Indeed, and how that informa
tion affects firm behavior and relates to capital market 
outcomes. We extend this literature by examining how 
job postings alleviate information frictions related to job 
searches. In doing so, we also build on the nascent line 
of accounting research examining employee job search 
costs (Choi et al. 2023, deHaan et al. 2023). Our results 
are consistent with culture information in job postings 
reducing information asymmetry regarding firm core 
values and job search costs for employees.

More broadly, our focus on culture disclosures is rele
vant in light of recent Securities and Exchange Commis
sion (SEC) initiatives requiring firms to provide more 
detailed descriptions of their human capital. Early evi
dence from the human capital disclosure mandate sug
gests that firms recognize the importance of corporate 
culture, as nearly 20% of them discuss this issue (e.g., Bat
ish et al. 2021). Our paper complements recent studies on 
human capital disclosure (e.g., Bourveau et al. 2022, 
Demers et al. 2022, Mayew and Zhang 2022) by exploring 
the disclosure of human capital factors in unconventional 
disclosure platforms such as job postings.

2. Prior Literature and Hypothesis 
Development

2.1. Prior Literature
Our objective is to show how culture information in job 
postings influences firms’ hiring outcomes. Broadly 
speaking, prior studies define corporate culture as an 
intangible asset that represents the shared assumptions, 
values, and beliefs that inform employee behavior (Kreps 
1990, Schein 1990, O’Reilly and Chatman 1996). Corpo
rate culture is difficult to measure or describe, particu
larly for firm outsiders.

Prior studies have established a variety of frame
works and methodologies for examining and measuring 
culture. One line of research infers corporate culture 
based on the behavior or attributes of executives or key 
individuals in the firm (e.g., Biggerstaff et al. 2015, David
son et al. 2015, Liu 2016, Pan et al. 2017, Merkley et al. 
2020). Other studies attempt to infer a firm’s culture 
based on associations or patterns that cannot otherwise 
be explained by common observables (e.g., Cartwright 
and Cooper 1993, Cronqvist et al. 2009, Fahlenbrach et al. 
2012, Pacelli 2019). Recent work has further attempted to 
measure specific dimensions of corporate culture, going 
beyond a firm-level composite measure (e.g., Guiso et al. 
2015b, Li et al. 2021). Our study builds on this literature 
and adopts a multidimensional view of corporate cul
ture, following Guiso et al. (2015b) and Li et al. (2021).

Research supports the notion that corporate culture 
matters for both firms and job seekers in the context of 
job searches. From the firm’s perspective, extensive 
research emphasizes the benefits of aligning employee 
values with organizational values. Akerlof and Kranton 
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(2000, 2005) argue that when employees’ identities align 
with the organization, they are more likely to act in line 
with organizational objectives. Van den Steen (2005) 
shows that the alignment of beliefs improves coordina
tion in organizations. Ghoshsamaddar et al. (2021) use a 
regulatory shock that affects employee mobility to show 
that a strong culture helps companies retain employees. 
Jeffers and Lee (2019) develop a measure of corporate 
culture using coworker connectivity on LinkedIn and 
show that firms with stronger cultures depend less on 
explicit contracts to retain human capital. Recent studies 
show that employee selection can help achieve value 
alignment (Chatman 1991, Kristof 1996, Campbell 2012, 
Abernethy et al. 2015, Swaney 2017, Liu et al. 2019, Del
ler and Sandino 2020). Cai (2023) provides further evi
dence that formal culture-fit systems during employee 
selection can ease the challenge of embedding values 
and improve the diffusion of culture within organiza
tions. Consistent with these insights, practitioner evi
dence indicates recruiting benefits for companies that 
promote culture in job postings (Johnson 2020).

From the job seeker’s perspective, culture matters in 
job choice. Prior research examines how individuals 
sort into jobs based on their preferences and skills (e.g., 
Roy 1951). A growing literature shows how nonwage 
attributes can influence job searches, suggesting an 
important role for culture (Akerlof and Kranton 2005, 
Bénabou and Tirole 2011, Sullivan and To 2014, Mas 
and Pallais 2017, Hedblom et al. 2019, Ashraf et al. 2020, 
Choi et al. 2023, Maestas et al. 2023). Experiments fur
ther show that applicants often choose organizations 
with more supportive cultures, even at lower pay levels 
(Catanzaro et al. 2010). Relatedly, symbolic attributes 
such as values and image strongly affect employer 
attractiveness (Lievens and Highhouse 2003). Gadgil 
and Sockin (2020) use a sample of corporate scandals 
and show that negative reputation shocks decrease 
worker sentiment, largely because of diminished percep
tions of management and culture. To our knowledge, 
limited research examines how job seekers respond to 
firms’ direct communication of culture.5 Instead, prior 
studies focus almost exclusively on the usefulness of 
alternative sources of information about culture. In par
ticular, the focus has largely been on job review sites, 
such as Glassdoor and Indeed, where employees rate 
employers. In general, these studies suggest that job 
review sites provide useful information to employees 
and market participants (Hales et al. 2018, Chemmanur 
et al. 2019, Green et al. 2019, Huang et al. 2020, Dube and 
Zhu 2021, Campbell and Shang 2022).

Yet, growing evidence suggests there are limitations 
to the information provided by job review sites, given 
that they rely on voluntary data from employees (Kara
barbounis and Pinto 2018, Gadgil and Sockin 2020, Mar
inescu et al. 2021) and are often too general to capture 
variation within firms. In contrast, job postings offer 

more precise information because they are written for 
specific roles and locations. This perspective suggests 
the presence of subcultures within organizations and is 
consistent with prior research in economics and organi
zational behavior that highlights variation in values 
across business units, functional roles, and geographic 
locations (e.g., Sackmann 1992, Hofstede 1998, Boisnier 
and Chatman 2003).

2.2. Hypothesis Development
Jobs bundle pecuniary and nonpecuniary attributes. 
The literature suggests that nonwage attributes can 
influence job searches and labor market sorting (e.g., 
Sullivan and To 2014, Mas and Pallais 2017, Hall and 
Mueller 2018, Maestas et al. 2023). In parallel, theories of 
person-organization fit argue that individuals self-select 
into firms whose values they share (e.g., Chatman 1991, 
Kristof 1996). Research on employer branding similarly 
shows that firms’ communicated identities meaningfully 
influence applicant quality and decisions (Cable and 
Turban 2001, Collins and Han 2004). In recent years, job 
seekers have increasingly emphasized culture (Estrada 
2020). Yet, despite its importance, culture remains diffi
cult to observe, thus generating information frictions for 
job seekers (Guiso et al. 2008, 2015b; Grennan 2019; 
Graham et al. 2022).

The information economics literature suggests that 
credible, informative disclosure can reduce mismatch 
risk and improve match efficiency (e.g., Stigler 1961). 
Job postings are a natural vehicle for such disclosure 
because they occur early in job searches and are less 
costly for applicants to process than other sources such 
as corporate websites and job review sites. A job posting 
provides hiring managers with an opportunity to com
municate the benefits and requirements associated with 
a position, which is particularly valuable, given job see
kers’ limited time and attention. Estimates suggest that 
the typical job seeker applies to 21 to 80 positions and 
spends only a few minutes reviewing each posting 
(Morgan 2020, Kolmar 2023).

In addition, external sources have at least two limita
tions. First, job review sites often require job seekers to 
input a review before they can observe reviews through 
a “give-to-get” model (e.g., Dube and Zhu 2021), which 
increases information acquisition costs. Second, external 
sources may contain information that is less relevant for 
a given position. For example, job review sites may con
tain descriptions of jobs at different locations or roles 
within a firm. Corporate websites are also “too vague” 
or contain information that is more relevant for other 
stakeholders, such as customers or investors (e.g., Boul
land et al. 2026). These information sources may not be 
able to communicate distinct subcultures within a firm 
(e.g., Jones 1983, Sackmann 1992, Hofstede 1998). There
fore, job postings can help reduce the information 
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frictions for job seekers to learn the culture associated 
with a position.

We expect that companies providing culture informa
tion can better attract workers and fill positions more 
efficiently. As noted by Wickman (2012), a company’s 
ability to hire strong employees is in part determined by 
how well it incorporates its core values into hiring. Cul
ture information allows job seekers to sort into compa
nies and positions that are a better cultural fit. Such 
sorting can be useful as the average corporate job open
ing receives 250 applications (Kolmar 2023). Culture 
information can help limit the pool of candidates to only 
those who believe they are a good fit for the position 
and lead to a higher acceptance rate, resulting in better 
hiring outcomes.

We note that our prediction is not without tension 
and draws on prior work in accounting and labor that 
examines how job seekers respond to firm disclosures 
(e.g., Choi et al. 2023, deHaan et al. 2023). These studies 
show that workers respond to disclosures when they 
value the underlying attribute and when they believe 
that the disclosure is credible and informative. A com
peting view is that job seekers may place little value on 
culture, with salary dominating their decisions. Indeed, 
a recent study suggests that 67% of job seekers cite sal
ary as a top factor (Glassdoor 2018). Moreover, job see
kers may learn about culture from alternative sources, 
reducing the incremental value of job postings. It is thus 
not clear whether and to what extent culture informa
tion will impact hiring outcomes.

3. Data, Variable Measurement, and 
Univariate Statistics

3.1. Measuring Culture Information in 
Job Postings

We adopt a semisupervised machine learning approach 
from Li et al. (2021) to measure the extent to which firms 
describe their core values in job postings. We focus on 
the five most common core values that firms highlight 
on their corporate websites (Guiso et al. 2015b). These 
values are integrity, teamwork, innovation, respect, and 
quality.

We obtain job posting data from Lightcast (formerly 
known as Burning Glass Technologies) for the period 
January 1, 2010, to December 31, 2020. Lightcast sources 
job postings from more than 65,000 websites, including 
company career sites, national and local job boards, and 
job posting aggregators.6 We retain job postings with 
more than 100 words, yielding an initial sample of about 
25 million job postings from 4,911 firms.

The key challenge in measuring corporate culture is 
that firms discuss their values in different ways and that 
their language evolves. To overcome this challenge, we 
identify seed words that reliably define each cultural 
value and use a machine learning approach (word 

embedding) to expand these seed words to high-quality 
dictionaries that are specifically applicable to job post
ings (Mikolov et al. 2013, Li et al. 2021).7

Specifically, we use the culture seed words from Li 
et al. (2021) as a starting point and add “ethically,” “fair,” 
“commitment,” “diverse,” and “inclusive,” and remove 
“create” and “pride” based on how culture is described 
in the job posting context. (A full list of our seed words is 
provided in Table A.1, panel A, in Appendix A.) We train 
the Word2Vec word embedding model based on parsed 
job posting text to represent each word as a 300- 
dimensional vector that captures its semantics.8 To con
struct the expanded dictionaries, we first take the average 
of the vectors of seed words under the same culture cate
gory (Integrity, Teamwork, Innovation, Respect, and 
Quality) to represent that cultural value. For each cultural 
value, we then use the 500 words (phrases) with the clos
est association with that value, that is, the highest cosine 
similarity in vectors. Finally, we remove duplicate words 
and words that do not fit from the dictionaries. Table A.1, 
panel B, lists the most representative words in our 
expanded dictionary for each cultural attribute.9

After obtaining the expanded dictionaries, we mea
sure each cultural value in a job posting by the weighted 
count of the number of words associated with that value 
divided by the total number of words in the posting. We 
calculate the weight using the term frequency-inverse 
document frequency (tf-idf) to account for the impor
tance and prevalence of a word both within the posting 
and across the corpus. Table B.1 in Appendix B provides 
two examples of job postings from the same firm (Ama
zon) during the same period (2019 Q3) for different posi
tions and locations, which exhibit different levels of 
disclosed culture. In the empirical analyses, we aggre
gate the culture variables to the unit of observation by 
taking the average of the values for all job postings in 
that unit. Most analyses are at the firm-MSA-quarter 
level, which proxy for a firm’s local hiring unit (such as 
a facility or office), to align with the notion of subculture. 
Empirically, this allows us to explore within-firm varia
tion in disclosed culture and hiring outcomes across 
geographic locations and organizational functions.

We construct a composite score that covers all five 
cultural dimensions, Job Culture, following Li et al. 
(2021) and Graham et al. (2022). Defined as the sum of 
the five cultural dimensions, the score captures the 
salience and intensity with which firms describe their 
core values in job postings. To ease interpretation, we 
standardize it to have a mean of zero and a standard 
deviation of one. Details on the procedure of construct
ing the expanded dictionaries and measuring culture 
variables are in Appendix C.

3.2. Employee Inflow
In our analyses, we focus on employee inflows as our 
primary measure of successful hiring outcomes. Inflows 
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provide a direct and observable indicator of whether 
culture information in job postings translates into suc
cessful hires. We obtain employee inflow data from 
Revelio Labs. The data provider estimates employee 
inflows and outflows from a variety of sources, includ
ing online professional profiles, resumes, and govern
ment data (Fadhel et al. 2022).10 The data cover more 
than 1.1 billion profiles, 4.5 million companies, and 
5,200 cities and states. We define Inflow as the number of 
employees joining the firm-MSA in a quarter scaled by 
its beginning-of-quarter total number of employees.

3.3. Other Variables
Our analyses include a wide set of controls for job post
ing and firm characteristics. Job posting controls include 
the firm-MSA-quarter average of job posting features: 
requirements on education (Education) and experience 
(Experience), job complexity as reflected in the number 
of skill requirements (Skill Count), the number of words 
in the job posting (Length), recruitment demand mea
sured with the number of job postings released (Hiring 
Intensity), job benefits including insurance (Insurance), 
other compensation (Other Comp), and work flexibility 
(Flexibility), and the percentage of job postings with non
missing salary information (Salary Disclosed). We also 
conduct analyses that control for advertised mean salary 
information when available (Advertised Mean Salary) or 
expected salary based on similar job postings (Advertised 
Mean Salary (Expanded)). To mitigate the concern that 

both culture-related language in job postings and hiring 
outcomes are driven by jobs’ underlying tasks and 
responsibilities, we further control for the share of job 
postings across Standard Occupational Classification 
(SOC) categories. Nevertheless, fully separating culture 
disclosure from job content disclosure remains empiri
cally challenging, and we acknowledge this as a caveat 
of our study.

Figure 1. (Color online) Trends of Standardized Cultural Values 

Notes. This figure displays time trends in culture scores for five specific dimensions (Integrity, Teamwork, Innovation, Respect, and Quality) over 
the period from 2010 to 2020. Each score is standardized to have a mean of zero and a standard deviation of one.

In all analyses, we aggregate job posting controls to the 
unit of observation (e.g., firm-MSA-quarter) by taking the 
average of the values for all job postings in that unit. Firm 
controls include size (Size), profitability (return on assets 
(ROA)), leverage (Leverage), market-to-book ratio (MTB), 
and the percentage of intangible assets (IntanRatio). In sub
sequent analyses, we consider alternative outcome vari
ables, such as hiring duration (Hiring Duration), employee 
outflows (Outflow), unscaled inflows and inflows scaled 
by postings, and Glassdoor measures related to the inter
view process, including the share of interview reviews 
mentioning culture (Interview Culture), the offer rate (Offer 
Rate), and the offer acceptance rate (Accept Rate). Variable 
definitions can be found in Table D.1 in Appendix D.

3.4. What Determines Disclosed Culture?
Figure 1 illustrates the time series trends in the five cul
tural dimensions (Integrity, Teamwork, Innovation, 
Respect, and Quality) in our sample period. Firms show a 
notable rise in the extent to which they highlight culture 
in job postings beginning around 2013–2014, with the 
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trend continuing upward through the end of the sample 
period (2020). To assess sources of variation in disclosed 
culture, we employ variance decomposition and deter
minants analyses at the job posting level.

First, we estimate the following regressions to explore 
how much disclosed culture varies across firms, period, 
location, and occupation:

Job Culturej � γf + δn + ξi + ηs + λc + ɛ, (1) 

where j indexes a job posting, f indexes firm, n indexes 
month, i indexes industry, s indexes occupation, and c 
indexes county.11 We report the estimates of Equation 
(1) in Table 1. Each row presents the adjusted R2 from a 
regression of Job Culture on the corresponding fixed 
effects. The table reveals several trends. With respect to 
independent fixed effects, firm fixed effects explain 
nearly one-third of the variation (approximately 31.7%) 
in disclosed culture, consistent with studies document
ing distinct firm cultures (Guiso et al. 2015b, Li et al. 
2021). In contrast, location and time appear less mean
ingful. When we examine interactive fixed effects, we 
find that much of the variation in Job Culture remains 
unexplained. Even firm-occupation fixed effects, which 
essentially capture a job function within a firm, account 
for slightly more than half (53.1%) of the variation in Job 
Culture. The use of culture language in job postings also 
varies substantially within a firm at a given time, as firm- 
month fixed effects only explain 42.0% of the variation in 
Job Culture. Overall, this analysis suggests that culture 
information in job postings is far from boilerplate. Instead, 
it appears to be more granular than the culture information 
provided through traditional external sources, which are 
often at the firm level. This pattern supports the notion 
that subcultures exist within organizations (e.g., Sackmann 
1992, Hofstede 1998, Boisnier and Chatman 2003). It also 
aligns with practical considerations, as job postings often 
reflect the preferences and priorities of hiring managers 
within specific teams or subunits.

Next, we examine firm and job characteristics that can 
explain disclosed culture. Culture information may be 
more important for firms seeking to differentiate them
selves or appeal to candidates for whom cultural fit mat
ters more, for example, in roles with high interpersonal 
demands. Firms may also highlight culture information 
when they face pressure in attracting talent. On the other 
hand, firms may hesitate to emphasize culture in roles 
where technical skills matter more to avoid narrowing the 
candidate pool. We include these additional considera
tions in Equation (1) and estimate the following model:

Job Culturej � β1Factorsj + χf×t + ψf×s + θc×t + εj, (2) 

where Factors captures firm characteristics, job types, 
and posting features.

Table 2 reports the regression results, with models 
progressively adding groups of variables or fixed 

effects. Column (1) includes firm-month and county- 
month fixed effects along with firm characteristics and 
job role indicators. The results highlight meaningful het
erogeneity across roles: Managerial Roles, Creative Roles, 
and Sales Roles exhibit higher culture scores, whereas 
Blue-Collar Roles and Engineer Roles show lower scores. 
This pattern suggests that disclosed culture is more 
salient in people-facing or soft-skill-intensive roles. We 
also find a positive association between disclosed cul
ture and Hiring Intensity, consistent with the notion that 
firms emphasize culture when recruiting pressure is 
high during growth phases.

Table 1. Variance Decomposition

Fixed effects Adjusted R2

(1) Firm 31.71%
(2) Industry 19.20%
(3) Month 1.01%
(4) Occupation 23.12%
(5) County 7.32%
(6) Firm × Occupation 53.07%
(7) Firm × County 39.54%
(8) Firm × Month 42.01%
(9) Occupation × County 30.23%
(10) Occupation × Month 28.10%
(11) County × Month 9.81%

Notes. This table examines sources of variation in job posting 
disclosed culture. Each row presents the adjusted R2 from a 
regression of Job Culture on the corresponding fixed effects. From 
rows (1) to (5), we include firm, industry (four-digit SIC), month, 
occupational category (Occupation), and county fixed effects, 
respectively. In rows (6) to (11), we consider the pairwise interactive 
fixed effect structures among firm, year-month, occupational 
category, and county. The unit of observation is at the job posting 
level. Variables are defined in Table D.1.

In column (2), we add firm-occupation fixed effects to 
account for variation across positions, and in column (3), 
we include job requirements from postings: Experience, 
Education, and Skill Count. In column (4), we add job ben
efits, including Salary Disclosed, Insurance, Other Comp, 
and Flexibility.12 The model with all fixed effects, time- 
varying firm characteristics, and job requirements only 
explains less than two-thirds of the variation in Job Cul
ture, consistent with the variance decomposition showing 
that Job Culture captures the subculture of the unit. In 
addition, positions requiring more experience are more 
likely to emphasize culture, possibly because these roles 
involve people management or other managerial respon
sibilities. Postings demanding more specific skills (as cap
tured by skill count) contain less culture information, 
suggesting that firms filling technical roles prioritize skill 
requirements over cultural attributes. Finally, postings 
that disclose salary information are significantly less 
likely to emphasize culture.

Overall, the findings show that firms emphasize cul
ture in job postings strategically, focusing on roles 
requiring greater experience, managerial, or interper
sonal skills, whereas technical roles prioritize skills and 
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may downplay culture to prevent narrowing the appli
cant pool. Culture becomes more salient in tight labor 
markets but less so when firms rely on compensation as 
a recruitment tool.13

Table 2. Determinants Analysis

Dep. Var.: Job Culture (1) (2) (3) (4)

Size 0.008 0.015* 0.017** 0.016**
(0.77) (1.88) (2.07) (2.01)

Leverage 0.029 �0.024 �0.040 �0.039
(0.25) (�0.18) (�0.30) (�0.29)

MTB 0.039 0.043 0.041 0.041
(1.50) (1.23) (1.17) (1.17)

ROA �0.095 �0.948 �1.158 �1.114
(�0.13) (�1.30) (�1.55) (�1.45)

IntanRatio �0.105 �0.104 �0.107 �0.104
(�1.55) (�1.12) (�1.15) (�1.13)

Hiring Intensity 0.032*** 0.035*** 0.034*** 0.033***
(6.32) (12.12) (11.97) (12.04)

Length 0.456*** 0.402*** 0.393*** 0.394***
(30.30) (26.12) (23.17) (23.14)

Managerial Roles 0.416***
(20.91)

Creative Roles 0.101*
(1.70)

Sales Roles 0.088***
(2.96)

Blue-Collar Roles �0.330***
(�16.19)

Engineer Roles �0.044***
(�3.14)

Experience 0.025*** 0.025***
(10.83) (10.89)

Education �0.001 �0.001
(�1.51) (�1.53)

Skill Count �0.002** �0.002**
(�2.14) (�2.24)

Salary Disclosed �0.162***
(�9.56)

Insurance �5.239
(�1.12)

Other Comp 0.964
(0.16)

Flexibility �2.198
(�0.40)

Unit of observation Job Posting
Firm-month FE Yes Yes Yes Yes
County-month FE Yes Yes Yes Yes
Firm-occupation FE No Yes Yes Yes
Observations 24,225,062 24,074,275 24,074,275 24,074,275
Adjusted R2 0.5204 0.6442 0.6469 0.6480

Notes. This table reports results from regressions of Job Culture on various sets of determinants. Column (1) includes firm- 
month and county-month fixed effects. Columns (2)–(4) further add firm-occupation fixed effects. Standard errors are clustered 
at the firm, county, and month levels. All variables are winsorized at the top and bottom 1% of the cross-sectional distribution. 
The unit of observation is at the job posting level. Variables are defined in Table D.1. Dep. Var., dependent variable.

*, **, and ***, significant at 10%, 5%, and 1%, respectively.

4. Disclosed Culture and 
Hiring Outcomes

We focus on employee inflows, which most directly 
measure hiring outcomes. Our main analyses assess 

whether disclosed culture in a job posting is associated 
with increased employee inflows. We estimate the fol
lowing regression at the firm-MSA-quarter level:

Inflowf , m, t+1 � β1Job Culturef , m, t + Controls + χf×m

+ ψm×t + εf , m, t, (3) 

where f indexes firm, m indexes MSA, and t indexes 
calendar quarter.14 Controls include job-, firm-, and 
firm-MSA-quarter-level characteristics discussed in 
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Section 3.3. Fixed effects account for various types of unob
served heterogeneity, such as time-invariant firm-MSA 
(i.e., facility) characteristics.15 Standard errors are clustered 
at the firm, MSA, and quarter levels, to account for within- 
group correlation.16 If disclosed culture improves inflows, 
we expect β1 to be positive. Table 3 reports the summary 
statistics for the sample. The main variable of interest, 
Inflow, has mean (median) levels of 4.7% (1.4%).

Table 4, panel A, provides the results from estimating 
Equation (3). We consider several empirical specifica
tions. In column (1), we first estimate a model with only 
firm control variables. The coefficient on Job Culture is 
positive and significant at the 1% level, suggesting that 
disclosed culture is positively associated with subse
quent employee inflow. In column (2), we include the 
full set of controls and fixed effects and observe that the 
coefficient remains positive and significant at the 1% 
level. In terms of economic magnitude, a one within- 
fixed-effect standard deviation increase in disclosed cul
ture is associated with an approximately 0.14-percent
age-point increase in worker inflows, representing a 
9.7% increase relative to the sample median.17

Columns (3) and (4) extend the specification dynami
cally. Using inflows measured in quarters t and t+2, we 
find the coefficients on Job Culture to be positive and signif
icant, indicating that disclosed culture is positively associ
ated with inflows beginning in the contemporaneous 

period and persisting through the second quarter after job 
postings, though with smaller magnitudes.18

Table 3. Summary Statistics

Variable Obs. Mean S.D. Q1 Median Q3

Inflow 1,323,642 4.699 9.449 0.000 1.422 5.298
Job Culture 1,323,642 0.261 0.109 0.185 0.252 0.332
Integrity 1,323,642 0.037 0.025 0.019 0.034 0.050
Teamwork 1,323,642 0.068 0.039 0.040 0.064 0.092
Innovation 1,323,642 0.081 0.052 0.043 0.071 0.109
Respect 1,323,642 0.033 0.029 0.013 0.026 0.046
Quality 1,323,642 0.041 0.028 0.022 0.037 0.055
Education 1,323,642 10.050 6.144 5.333 12.000 14.746
Experience 1,323,642 2.382 2.226 0.000 2.000 3.667
Length 1,323,642 5.309 0.409 4.966 5.318 5.606
Hiring Intensity 1,323,642 2.942 2.375 1.099 2.565 4.394
Skill Count 1,323,642 9.894 5.471 6.000 9.500 13.357
Insurance 1,323,642 0.126 0.332 0.000 0.000 0.000
Other Comp 1,323,642 0.091 0.287 0.000 0.000 0.000
Flexibility 1,323,642 0.163 0.369 0.000 0.000 0.000
Salary Disclosed 1,323,642 0.088 0.220 0.000 0.000 0.000
Advertised Mean Salary 324,642 10.740 0.556 10.308 10.694 11.110
Advertised Mean Salary (Expanded) 548,752 10.717 0.556 10.281 10.655 11.082
Outflow 814,928 6.571 7.899 3.284 5.209 7.603
Hiring Duration 1,230,627 3.607 0.633 3.391 3.855 4.069
Size 1,323,642 9.147 1.913 7.804 9.025 10.327
ROA 1,323,642 0.014 0.022 0.004 0.013 0.022
Leverage 1,323,642 0.647 0.212 0.507 0.639 0.790
MTB 1,323,642 3.494 8.742 1.401 2.400 4.195
IntanRatio 1,323,642 0.257 0.219 0.049 0.217 0.435

Notes. This table provides summary statistics of key variables for our sample. The reported statistics for Job Culture and its five component 
culture scores are based on their raw values before standardization. The unit of observation is at the firm-MSA-quarter level. All variables are 
winsorized at the top and bottom 1% of the distribution. Variable definitions are provided in Table D.1. Obs., observations.

Next, we conduct a series of robustness and addi
tional tests to ascertain the relation between disclosed 
culture and hiring outcomes. We begin by examining 
whether the effect of disclosed culture persists after 
accounting for expected salary, arguably the most 
important consideration for job seekers. We use the 
advertised salary present in job postings to measure 
expected salary. We do not include salary in our main 
analyses because the vast majority of job postings 
(around 92% of job postings in our sample) do not dis
close salary information.19 In addition, some companies 
only provide a salary range that is wide and uninforma
tive (e.g., Brown 2023, Stahle 2023). In column (1) of 
Table 4, panel B, we reestimate Equation (3) while con
trolling for the natural log of the mean salaries (Adver
tised Mean Salary) disclosed in job postings within a 
firm-MSA-quarter. As expected, the sample in these 
analyses is substantially smaller than that in our base
line tests (308,075 observations compared with 1,303,803 
observations). Job Culture continues to load positively 
and significantly at the 1% level. The coefficient on the 
advertised salary measure is positive but insignificant, 
possibly because of the lack of power in this analysis.

To further explore this issue, we construct an exp
anded expected salary sample using average advertised 
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Table 4. Job Posting Culture Information and Employee Inflows

Panel A: Main analyses and dynamic trends

Dep. Var.:

Inflowt+1
Inflowt Inflowt+2

(1) (2) (3) (4)

Job Culture 0.423*** 0.204*** 0.043** 0.065***
(11.04) (8.35) (2.33) (2.85)

Education �0.001 �0.002 �0.002
(�0.34) (�0.67) (�0.61)

Experience 0.020** 0.018** 0.002
(2.22) (2.16) (0.20)

Length 0.085 0.089* 0.107***
(1.67) (1.74) (2.74)

Hiring Intensity 0.122*** 0.177*** �0.048***
(8.92) (9.70) (�5.29)

Skill Count 0.006 0.006 �0.001
(1.41) (1.37) (�0.30)

Insurance 0.038 0.064 0.036
(0.63) (1.26) (0.83)

Other Comp 0.031 0.015 �0.005
(0.69) (0.31) (�0.13)

Flexibility 0.002 0.060 �0.069
(0.03) (1.26) (�1.54)

Salary Disclosed 0.004 0.010 �0.072
(0.05) (0.14) (�0.90)

Unit of observation Firm-MSA-Quarter
Firm controls Yes Yes Yes Yes
Occupation dist. controls No Yes Yes Yes
Firm-MSA FE No Yes Yes Yes
MSA-quarter FE No Yes Yes Yes
Observations 1,323,642 1,303,803 1,303,803 1,067,165
Adjusted R2 0.0045 0.0695 0.0695 0.0685

Panel B: Additional analyses

Dep. Var.:

Inflowt+1
Hiring Duration Outflow

(1) (2) (3) (4)

Job Culture 0.300*** 0.229*** �0.025*** �0.043*
(7.45) (7.07) (�6.01) (�1.99)

Education 0.008 �0.005 0.001** 0.007*
(1.17) (�1.00) (2.32) (1.78)

Experience 0.003 0.010 0.001 �0.017**
(0.17) (0.68) (0.83) (�2.68)

Length 0.058 0.080 0.022 �0.137**
(0.53) (1.12) (1.54) (�2.06)

Hiring Intensity 0.102*** 0.102*** �0.026*** �0.103***
(4.55) (5.43) (�7.06) (�10.34)

Skill Count 0.001 0.004 0.001 0.003
(0.12) (0.59) (0.62) (0.77)

Insurance 0.058 0.042 �0.009 0.057
(1.10) (0.84) (�1.20) (0.98)

Other Comp 0.029 0.016 �0.011 0.062
(0.49) (0.30) (�1.62) (1.03)

Flexibility 0.028 0.069 �0.011 �0.039
(0.65) (1.46) (�1.39) (�0.87)

Salary Disclosed 0.023 �0.167** 0.039** 0.029
(0.22) (�2.27) (2.34) (0.36)

Advertised Mean Salary 0.025
(0.54)

Advertised Mean Salary (Expanded) 0.058*
(1.81)

Dissatisfaction 0.122***
(2.90)
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Table 4. (Continued)

Panel B: Additional analyses

Dep. Var.:

Inflowt+1
Hiring Duration Outflow

(1) (2) (3) (4)

Unit of observation Firm-MSA-Quarter
Firm controls Yes Yes Yes Yes
Occupation dist. controls Yes Yes Yes Yes
Firm-MSA FE Yes Yes Yes Yes
MSA-quarter FE Yes Yes Yes Yes
Observations 308,075 532,525 1,230,627 808,412
Adjusted R2 0.1224 0.0906 0.1906 0.6175

Notes. This table reports the results from firm-MSA-quarter-level regressions of employee inflows on job posting culture 
scores. The main dependent variables in panel A, columns (1) and (2), are Inflowt+1. In column (3) (column (4)), the 
dependent variable is Inflowt (Inflowt+2). Columns (2)–(4) include firm-MSA and MSA-quarter fixed effects, as well as a set 
of controls capturing the shares of job postings across occupations. In panel B, columns (1)–(2) additionally control for 
advertised salaries disclosed in job postings. Column (1) considers salaries explicitly disclosed in job postings, whereas 
column (2) extends the analysis to include salaries disclosed in similar job postings. In columns (3) and (4), the dependent 
variables are Hiring Duration and Outflow, respectively. Firm controls include Size, ROA, Leverage, MTB, and IntanRatio. 
“Occupation dist. controls” are variables measuring the percentage of job postings in each of the 23 SOC occupation 
categories within the unit of observation. Standard errors are clustered at the firm, MSA, and quarter levels for both panels. 
All variables are winsorized at the top and bottom 1% of the cross-sectional distribution. The unit of observation is at the 
firm-MSA-quarter level. Variables are defined in Table D.1. FE, fixed effects; dist., distribution.

*, **, and ***, significant at 10%, 5%, and 1%, respectively.

salaries from similar job postings.20 This approach 
expands the sample to 532,525 observations (column 
(2)). We continue to find that Job Culture loads positively 
and significantly. We document a positive and signifi
cant coefficient on the advertised salary variable (Adver
tised Mean Salary (Expanded)), suggesting that salary 
information is also important in attracting workers. The 
results presented in columns (1) and (2) indicate that job 
seekers view culture information to be distinct from sal
ary information.

Next, we use job posting duration as an alternative 
measure of hiring outcomes. We expect more culture 
information to lead to a quicker identification of suitable 
candidates and thus a shorter job posting duration. To 
test our prediction, we reestimate Equation (3) and 
replace the dependent variable with Hiring Duration, the 
natural log of the days the job posting remains open and 
active for applicants (Chen and Li 2023).21 As shown in 
column (3) of panel B, the coefficient on Job Culture is 
negative and significant, suggesting that disclosed cul
ture helps firms fill vacancies more quickly.

Finally, we extend the analysis by exploring the rela
tion between Job Culture and subsequent employee out
flows. Minimal culture disclosure may lead job seekers 
to make overly optimistic assumptions about cultural 
fit, resulting in unmet expectations and higher outflows 
(Sheridan 1992). To test this, we reestimate Equation (3) 
using average employee outflow over the subsequent 
four quarters (Outflow) as the dependent variable, cap
turing potential departures that arise after employees 
have had sufficient time to recognize a poor cultural fit, 
search for alternative opportunities, and ultimately 

leave the organization.22 We control for Dissatisfaction, 
an indicator variable of whether a facility’s Glassdoor 
culture rating falls in the bottom 30% in a quarter. This 
control helps account for broader workplace conditions 
that drive departures, ensuring that the estimated effect 
of Job Culture captures disclosure-related matching 
rather than dissatisfaction-driven turnover. As reported 
in column (4), the coefficient on Job Culture is negative 
and significant at the 10% level, consistent with the 
notion that employees in high Job Culture firms have bet
ter culturally aligned new hires.23

Overall, the evidence in this section indicates that 
salient disclosed culture in job postings facilitates better 
job seeker-firm matching, improving hiring outcomes.

5. Mechanism Tests
Having established a robust relation between disclosed 
culture and employee inflow, we next assess the mecha
nisms for our findings. First, we conduct cross-sectional 
analyses to examine predictable variation in the effect of 
disclosed culture on inflows. Next, we provide evidence 
on the cultural fit channel using the variation in the 
salience of certain dimensions of culture and tests about 
the interview process.

5.1. Cross-Sectional Analyses
We conduct two sets of cross-sectional analyses to shed 
light on the mechanisms underlying the observed effect. 
Our proposed mechanism is that job seekers respond to 
disclosed culture because it reduces frictions in under
standing firm culture and facilitates better sorting, 
which implies two conditions. First, job seekers value 
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culture. Second, they perceive job postings to be infor
mative about culture.

5.1.1. The Role of Job Seekers’ Valuation of Cul
ture. We begin by examining whether job seekers’ 
responses to culture information vary with how much 
they value culture, which we measure using job features 
and labor market conditions. First, cultural fit is likely to 
matter more to job seekers interested in creative roles 
because supportive environments that encourage psy
chological safety, risk-taking, and collaboration enhance 
employees’ creativity and innovativeness (e.g., Wood
man et al. 1993, Harvey 2014). By contrast, job seekers of 
entry-level positions often prioritize career opportunities, 
which may diminish the importance of culture informa
tion. To test these predictions, we use occupations in 
Arts, Design, Entertainment, Sports, and Media (SOC 
code 27) to proxy for creative roles (Creative Roles) and 
postings with no education or experience requirements 

to proxy for entry-level jobs (No Education Requirement 
and No Experience Requirement).

Table 5. Disclosed Culture, Employee Inflows, and Job Features

Dep. Var.: Inflowt+1 (1) (2) (3) (4) (5)

Creative Roles × Job Culture 0.252**
(2.31)

No Education Requirement × Job Culture �0.066*
(�1.79)

No Experience Requirement × Job Culture �0.086***
(�2.84)

Unemployment × Job Culture �1.492**
(�2.15)

∆ Hiring Intensity × Job Culture 0.091***
(4.73)

Job Culture 0.092*** 0.227*** 0.237*** 0.294*** 0.205***
(4.65) (7.33) (7.88) (6.03) (8.32)

No Education Requirement �0.040
(�0.72)

No Experience Requirement �0.169***
(�3.73)

∆ Hiring Intensity 0.259***
(13.18)

Unit of observation Firm-MSA-Quarter-Occupation Firm-MSA-Quarter
Job controls Yes Yes Yes Yes Yes
Firm controls Yes Yes Yes Yes Yes
Occupation dist. controls No Yes Yes Yes Yes
Firm-MSA FE Yes Yes Yes Yes Yes
MSA-quarter FE Yes Yes Yes Yes Yes
Quarter-occupation FE Yes No No No No
Observations 2,230,372 1,303,803 1,303,803 1,303,803 1,303,803
Adjusted R2 0.0237 0.0695 0.0696 0.0695 0.0695

Notes. This table shows how the association between disclosed culture and employee inflows varies across different job features or labor market 
conditions. The dependent variable is Inflowt+1 for all columns. The job features considered include Creative Roles in column (1), No Education 
Requirement in column (2), and No Experience Requirement in column (3). Labor market conditions are captured by Unemployment in column (4) 
and ∆ Hiring Intensity in column (5). Control variables are as specified in Table 4, panel A. In column (1), the unit of observation is at the firm- 
MSA-quarter-occupation level, and the specification includes firm-MSA, MSA-quarter, and quarter-occupation fixed effects. In columns (2)–(5), 
the unit of observation is at the firm-MSA-quarter level, and the specifications include firm-MSA and MSA-quarter fixed effects. “Occupation 
dist. controls” are variables measuring the percentage of job postings in each of the 23 SOC occupation categories within the unit of observation. 
Standard errors are clustered at the firm, MSA, and quarter levels. All variables are winsorized at the top and bottom 1% of the cross-sectional 
distribution. Variables are defined in Table D.1.

*, **, and ***, significant at 10%, 5%, and 1%, respectively.

We reestimate Equation (3) augmented individually 
with these variables and their interactions with Job Cul
ture. Column (1) of Table 5 reports the results for creative 
roles, in which we use firm-MSA-quarter-occupation- 
level analysis to exploit variation in job types within facil
ities. We find the coefficient on Creative Roles × Job Culture 
to be positive and significant at the 5% level, suggesting 
that disclosed culture has a stronger effect on attracting 
employees for creative roles. Columns (2) and (3) report 
the results based on educational and experience require
ments, respectively. The coefficients on No Education 
Requirement × Job Culture and No Experience Requirement 
× Job Culture are negative and significant at the 10% and 
1% level, respectively, consistent with the notion that dis
closed culture has a weaker effect on inflows for entry- 
level jobs.

Second, labor market conditions can shape how 
much job seekers consider culture information. When 
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competition for jobs is high, job seekers may prioritize 
securing employment over culture. Therefore, we expect 
their responses to culture information to weaken in more 
competitive labor markets. We measure the supply of 
labor using local unemployment rate (Unemployment) 
and the demand of labor using changes in firms’ number 
of job postings (∆ Hiring Intensity). Columns (4) and (5) 
report the results. Consistent with our prediction, we 
observe a negative coefficient on Unemployment × Job Cul
ture (significant at the 5% level) and a positive coefficient 
on ∆ Hiring Intensity × Job Culture (significant at the 1% 
level). Thus, disclosed culture affects inflows more when 
job seekers face less labor competition.

5.1.2. The Role of Information Asymmetry. Next, we 
explore the role of information asymmetry that a job 
seeker faces with respect to learning about a position’s 
culture. As discussed in Section 2, job seekers may learn 
about culture from alternative sources, which reduces 
their reliance on job postings. We therefore expect the 
effect of job postings on inflows to weaken when these 
alternative sources are more prevalent and helpful. To 
test this conjecture, we reestimate Equation (3) and 
interact Job Culture with three proxies for information 

asymmetry. First, we use facility (i.e., firm-MSA) size, 
assuming that larger facilities are more visible locally, 
reducing information asymmetry. Second, we consider 
the number of current employee reviews on Glassdoor 
and, third, the helpfulness of those reviews, as rated by 
Glassdoor users.

Table 6. Disclosed Culture, Employee Inflows, and Information Asymmetry

Dep. Var.: Inflowt+1 (1) (2) (3)

Large Facility × Job Culture �0.185***
(�6.19)

More Reviews × Job Culture �0.125***
(�3.32)

High Helpfulness × Job Culture �0.191***
(�3.74)

Job Culture 0.289*** 0.216*** 0.207***
(9.95) (8.42) (8.44)

Large Facility �0.173***
(�3.46)

More Reviews �0.317***
(�7.38)

High Helpfulness �0.175***
(�3.21)

Unit of observation Firm-MSA-Quarter
Job controls Yes Yes Yes
Firm controls Yes Yes Yes
Occupation dist. controls Yes Yes Yes
Firm-MSA FE Yes Yes Yes
MSA-quarter FE Yes Yes Yes
Observations 1,303,803 1,303,803 1,303,803
Adjusted R2 0.0696 0.0696 0.0695

Notes. This table reports how the relation between disclosed culture in job postings and employee 
inflows varies with job seeker information asymmetry. The dependent variable is Inflowt+1 for all 
columns. Job seeker information asymmetry is measured with Large Facility in column (1), More 
Reviews in column (2), and High Helpfulness in column (3). Control variables are as specified in Table 4, 
panel A. “Occupation dist. controls” are variables measuring the percentage of job postings in each of 
the 23 SOC occupation categories within the unit of observation. Standard errors are clustered at the 
firm, MSA, and quarter levels. All variables are winsorized at the top and bottom 1% of the cross- 
sectional distribution. The unit of observation is at the firm-MSA-quarter level. All columns include 
firm-MSA and MSA-quarter fixed effects. Variables are defined in Table D.1.

*** indicates significance at the 1% level.

Table 6 presents the results. Column (1) reports the 
results based on facility size. Large Facility is an indicator 
variable that equals one if the total number of employ
ees of a facility is in the top 30% of firm-MSAs in that 
quarter, and zero otherwise. We find the coefficient on 
Large Facility × Job Culture to be negative and significant 
at the 1% level, indicating that the effect of disclosed cul
ture on inflows weakens when the facility is larger and 
thus culture information is more easily accessible. Col
umn (2) reports the results based on the number of 
Glassdoor reviews. More Reviews is an indicator variable 
that equals one if the count of current employee reviews 
on Glassdoor over the past year is in the top 30% of 
firm-MSAs in that quarter, and zero otherwise. The 
coefficient on More Reviews × Job Culture is negative and 
significant at the 1% level, suggesting that the effect of 
disclosed culture on inflows weakens when more 
reviews are available. Column (3) reports the results 
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based on the helpfulness of Glassdoor reviews. High 
Helpfulness is an indicator variable that equals one if the 
average helpfulness of reviews from current employees 
is in the top 30% of the firm-MSAs in that quarter, and 
zero otherwise. The coefficient on High Helpfulness × Job 
Culture is negative and significant at the 1% level, sug
gesting that the effect of disclosed culture on inflows 
weakens when Glassdoor reviews are more helpful.

Taken together, our results show that disclosed cul
ture has a stronger effect on inflows when job seekers 
place a higher value on cultural fit and a weaker effect 
when alternative information sources about culture are 
more prevalent and helpful. These findings are consis
tent with job seekers responding to disclosed culture 
driving inflows.

5.2. Culture-Fit Channel
Next, we examine the cultural fit channel using two 
additional empirical designs. The first one delves into 
situations when certain cultural dimensions have a 
higher salience for job seekers. The second test explores 
the hiring process using job applicants’ reviews of the 
interview process on Glassdoor.

5.2.1. Individual Cultural Dimension Analyses. Because 
we lack direct measures of job seekers’ preferences, 
we use two settings where external conditions may 
heighten the importance of specific cultural dimensions. 
These settings allow us to infer job seekers’ preferences 
based on changes in how individual cultural dimen
sions affect inflows. First, we use the BLM movement, 
which began at the end of May 2020, as a plausibly exog
enous shock that increased job seekers’ preference for 
the respect cultural value, which reflects diversity, 
equity, and inclusion (Li et al. 2021). The protests were 
one of the largest social movements in U.S. history 
(Buchanan et al. 2020). We expect culture information 
related to “respect” to more strongly attract employees 
after BLM. To test this conjecture, we define BLM as an 
indicator that equals one for the months between June 
2020 and November 2020 and zero for the months 
between December 2019 and May 2020 and estimate the 
following regression using a monthly-level sample dur
ing this year:

Inflowf , m, n+1 � β1BLMn × Respectf , m, n+ Controls

+ χf×m + ψm×n + εf , m, n, (4) 

where f indexes firm, m indexes MSA, and n indexes 
month.24 The independent variable Respect is the stan
dardized culture score for the Respect value, and we 
expect β1 to be positive. Table 7 presents the results. In 
column (1), the coefficient on BLM × Respect is positive 
and significant at the 5% level, suggesting that respect- 
related culture information more strongly affects inflows 

after BLM.25 In column (2), we conduct a placebo analysis 
using the standardized sum of the scores of the other 
four cultural values, that is, Non-Respect Culture, as the 
independent variable. We do not find a similar effect.

Next, we use industry-level violations as a setting 
that is associated with increased preferences of job see
kers for integrity. Regulatory violations and corporate 
misconduct heighten ethical concerns, potentially mak
ing integrity-related culture more important for job see
kers. We thus expect culture information related to 
integrity to be more attractive to job seekers in industries 
experiencing higher levels of recent corporate miscon
duct. To test this conjecture, we estimate the following 
regression:

Inflowf , m, t+1 � β1Violationi, t × Integrityf , m, t

+ Controls + χf×m + ψm×t + εf , m, t, (5) 

where i indexes industry, f indexes firm, m indexes 
MSA, and t indexes quarter. Integrity is the standardized 
culture score for the Integrity value. Violation is defined 
as the number of significant violations in each industry- 
quarter, where a violation is considered significant if 
its penalty falls within the top quartile of the cross- 
sectional distribution. We expect β1 to be positive. In col
umn (3), the coefficient on Violation × Integrity is positive 
and significant at the 5% level, suggesting that integrity- 
related culture information leads to greater inflows 
when industries experience more misconduct. A pla
cebo test using Non-Integrity Culture (standardized sum 
of the scores of the other four cultural values) shows no 
similar effect (column (4)).

In sum, findings from these two analyses support the 
cultural fit channel, showing predictable variation in 
how disclosed culture affects inflows that aligns with 
changes in job seekers’ preferences.

5.2.2. Interview Analyses. Next, we assess the cultural 
fit channel using the context of job interviews. Interview 
outcomes provide evidence about the hiring process 
itself and shed light on the intermediate steps in recruit
ing, which complements our main analyses based on 
hiring outcomes. If disclosed culture facilitates cultural 
fit, firms should be more likely to extend offers to inter
viewed candidates and candidates who receive offers 
should be more likely to accept when culture informa
tion is more salient in job postings. To test these predic
tions, we estimate the following model at the firm- 
quarter level:

Interview Outcome f , t+1 � β1Job Culturef , t + Controls
+ δt + ξi + εf , t, (6) 

where f indexes firm, t indexes quarter, and i indexes 
industry. We use a firm-quarter-level analysis because 
interview data do not contain location. We define 
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three Interview Outcome variables: (1) Interview Culture is 
the percentage of interviews that explicitly mention 
“culture” or “cultural,” (2) Offer Rate is the share of 
interviews that result in a job offer, and (3) Accept Rate is 
the percentage of offer receivers who accept the offers.

Table 7. Job Posting Culture and Employee Inflows: Individual Cultural Dimension Analyses

Cultural dimension
Respect Integrity

Dep. Var.: Inflowt+1 (1) (2) (3) (4)

BLM × Respect 0.072**
(2.65)

BLM × Non-Respect Culture �0.041
(�1.36)

Violation × Integrity 0.059**
(2.52)

Violation × Non-Integrity Culture 0.002
(0.09)

Respect �0.032
(�1.50)

Non-Respect Culture 0.023
(1.06)

Integrity 0.099***
(4.88)

Non-Integrity Culture 0.183***
(7.30)

Violation �0.071* �0.072*
(�1.84) (�1.86)

Unit of observation Firm-MSA-Month Firm-MSA-Quarter
Job controls Yes Yes Yes Yes
Firm controls Yes Yes Yes Yes
Occupation dist. controls Yes Yes Yes Yes
Firm-MSA FE Yes Yes Yes Yes
MSA-month FE Yes Yes No No
MSA-quarter FE No No Yes Yes
Observations 298,717 298,717 1,303,803 1,303,803
Adjusted R2 0.2704 0.2703 0.0695 0.0695

Notes. This table presents results examining the relationship between employee inflows and specific cultural dimensions using two settings 
related to individual cultural values. Columns (1)–(2) focus on how the association between culture information in job postings and inflow 
changes around the Black Lives Matter (BLM) movement. The sample consists of 298,717 firm-MSA-month-level observations in the one-year 
period centered around May 2020, that is, from December 2019 to November 2020. The key variables of interest are Respect in column (1) or the 
sum of Integrity, Teamwork, Innovation, and Quality (Non-Respect Culture) in column (2). Columns (1)–(2) include firm-MSA and MSA-month fixed 
effects. Standard errors are clustered at the firm, MSA, and month levels in columns (1)–(2). Columns (3)–(4) analyze how the relation between 
culture and employee inflow changes in response to significant violations. The key variables are Integrity in column (3) and the sum of Respect, 
Teamwork, Innovation, and Quality (Non-Integrity Culture) in column (4). In columns (3)–(4), the unit of observation is at the firm-MSA-quarter 
level. Both columns include firm-MSA and MSA-quarter fixed effects. “Occupation dist. controls” are variables measuring the percentage of job 
postings in each of the 23 SOC occupation categories within the unit of observation. Standard errors are clustered at the firm, MSA, and quarter 
levels in columns (3)–(4). Variables are defined in Table D.1.

*, **, and ***, significant at 10%, 5%, and 1%, respectively.

We report the results in Table 8. Panel A presents the 
summary statistics of the sample. Culture is mentioned 
in 2.3% of interview reviews, 42.4% of interviews yield 
offers, and 86.3% of offers are accepted. Panel B presents 
the regression results. In column (1), using Interview Cul
ture as the dependent variable, we find that the coeffi
cient on Job Culture is positive and significant at the 1% 
level. This result indicates that firms highlighting cul
ture are more likely to emphasize culture during inter
views, further validating that firms discuss culture in 
job postings to seek employees who will fit with their 
cultures.

We then test whether disclosed culture in job postings 
is associated with a higher likelihood that firms extend 
offers to job seekers (Offer Rate) and their acceptance of 
offers (Accept Rate). Consistent with the notion that 
more disclosed culture helps attract more suitable can
didates into the interview pool, we find that Job Culture 
is positively associated with both likelihoods (columns 
(2) and (3)).

Overall, our interview analyses suggest that culture 
information facilitates better cultural fit and, conse
quently, better matches between firms and job seekers.

6. Additional Analyses
Our results thus far indicate a strong and positive 
association between disclosed culture and employee 
inflows and that this effect is likely driven by disclosed 
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culture facilitating job seeker-firm matching. Next, we 
conduct several additional analyses to assess alternative 
explanations and ascertain the robustness of results. First, 
to help strengthen our argument that culture information 
in job postings rather than that in other sources drives 
our effects, we control for ECall Culture, the earnings-call 
corporate culture measure developed by Li et al. (2021), 
Website Culture, the discussion of culture on firms’ 
“About Us” pages, and Glassdoor Culture, the Glassdoor 
culture ratings from current employees.26 In columns 
(1)–(3) of Table 9, panel A, we find that after controlling 
for ECall Culture, Website Culture, and Glassdoor Culture, 
Job Culture is still positively associated with inflow, sug
gesting that job postings contain culture information that 
is distinct and informative to job seekers.

Table 8. Job Posting Culture and Interviews

Panel A: Summary statistics

Variable Obs. Mean S.D. Q1 Median Q3

Interview Culture 25,323 0.023 0.094 0.000 0.000 0.008
Offer Rate 25,323 0.424 0.266 0.250 0.429 0.600
Accept Rate 21,465 0.863 0.261 0.833 1.000 1.000

Panel B: Regressions

Dep. Var.:

(1) (2) (3)
Interview 
Culture

Offer 
Rate

Accept 
Rate

Job Culture 0.019*** 0.038** 0.060***
(4.75) (2.41) (4.87)

Unit of observation Firm-Quarter
Job controls Yes Yes Yes
Firm controls Yes Yes Yes
Occupation dist. controls Yes Yes Yes
Quarter FE Yes Yes Yes
Industry FE Yes Yes Yes
Observations 25,323 25,323 21,465
Adjusted R2 0.0106 0.1604 0.0396

Notes. This table provides results examining how culture information 
in job postings affects subsequent interview outcomes. The sample 
consists of 25,323 firm-quarter-level observations. Panel A reports the 
summary statistics of the main variables used in the analyses. Panel B 
reports the results from regressions of interview outcomes on Job 
Culture. Control variables are as specified in Table 4, panel A. 
“Occupation dist. controls” are variables measuring the percentage of 
job postings in each of the 23 SOC occupation categories within the 
unit of observation. Industry and quarter fixed effects are included. 
Standard errors are clustered at the firm and quarter levels. All 
variables are winsorized at the top and bottom 1% of the cross- 
sectional distribution. Variables are defined in Table D.1.

** and *** indicate significance at the 5% and 1% levels, respectively.

One possible concern is that firms communicating 
culture in job postings may be lowering hiring stan
dards to meet staffing needs, driving our results. Unta
bulated analyses show no relation between disclosed 
culture and the education and experience of new hires, 
inconsistent with this explanation. To further mitigate 
this concern, we control for the education and experi
ence of the inflow workforce in Equation (3). In column 

(4), we continue to find that the coefficient on Job Culture 
is positive and significant.

Next, to ensure that the denominator used to scale 
employee inflows does not drive our results, we use an 
unscaled measure of inflows or inflows scaled by the 
number of job postings in the previous quarter, which 
approximately measures labor demand, as the de
pendent variable.27 We report the results in columns (5) 
and (6). The coefficients on Job Culture remain positive 
and statistically significant.

We also explore whether culture acts as a motivator 
or a hygiene factor for job seekers, drawing on Herz
berg’s two-factor theory. If culture is only a hygiene fac
tor, we would expect that its presence, regardless of 
emphasis, would reduce dissatisfaction and that increas
ing the amount of culture information would have little 
effect. To examine this, we group firm-MSA-quarters 
into Bottom Culture (bottom 30%) and Top Culture (top 
30%) within each quarter and reestimate Equation (3) 
including these indicators. The results are reported in col
umn (7). We find that the coefficient on Bottom Culture is 
negative and that on Top Culture is positive, implying 
that the degree of cultural emphasis matters, beyond 
whether culture is present. That is, culture functions as a 
motivator for job seekers who value culture alignment 
rather than serving as merely a baseline hygiene factor.

We use job postings and employee inflow sourced pri
marily through online platforms, which likely overrepre
sents online job postings and white-collar jobs. In panel 
B, we consider subsamples to ensure the generalizability 
of our findings. First, we examine whether technology 
firms drive our results, because they may be more likely 
to advertise culture. We reestimate Equation (3) exclud
ing facilities of firms headquartered in California where 
many technology firms reside or facilities of firms with a 
two-digit Standard Industrial Classification (SIC) code of 
35 or 73. The results are reported in columns (1) and (2), 
and our main inferences are unchanged.

Second, we consider whether job specificity or job 
type drives our findings. In column (3), we retain only 
observations specifying low skill requirements (in the 
bottom 30% in the average number of skills of the firm- 
MSAs in that quarter). In column (4), we follow Baruf
faldi et al. (2020) and control for the prevalence of 
AI-related keywords in job postings for a subsample of 
technology firms. In column (5), we exclude firm-MSA- 
quarter observations with job postings that demand 
skills typically associated with leadership positions, 
such as project management and people management. 
Our results remain robust in all tests, suggesting that 
our findings are not caused by skill-related information 
in job postings or confined to managerial roles.

Third, we test the robustness of our results across dif
ferent firm sizes. Because Revelio estimates employee 
inflows and outflows based on data sources such as 
online professional profiles and resumes, these measures 
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may be less accurate for small firms because of their 
limited publicly available information. We reestimate 
Equation (3) for large and small firms (top and bottom 
30% in terms of total assets at the beginning of the quar
ter, respectively) separately and report the results in col
umns (6) and (7). The coefficients on Job Culture remain 
positive and significant for both samples. Nevertheless, 
despite our effort to ensure the generalizability of our 

findings, we acknowledge that our results may not 
extend to labor market populations that are underrepre
sented in the data (such as those with only offline job 
postings).

Table 9. Job Posting Culture Information and Employee Inflows: Robustness Tests

Panel A: Alternative controls and dependent variables

Dep. Var.:

(1) (2) (3) (4) (5) (6) (7)

Inflowt+1 Inflowt+1 Inflowt+1 Inflowt+1

Unscaled 
Inflowt+1

Inflow Scaled 
by Postingst+1 Inflowt+1

Job Culture 0.186*** 0.239*** 0.279*** 0.208*** 0.112*** 0.008**
(6.84) (5.68) (8.20) (8.34) (4.17) (2.50)

ECall Culture �0.037
(�1.16)

Website Culture �0.017
(�0.38)

Glassdoor Culture 0.024
(1.32)

Graduate �0.226
(�1.57)

Undergraduate �0.157
(�1.31)

Seniority 0.167***
(3.69)

Bottom Culture �0.211***
(�6.15)

Top Culture 0.194***
(5.24)

Unit of observation Firm-MSA-Quarter
Job and firm controls Yes Yes Yes Yes Yes Yes Yes
Occupation dist. controls Yes Yes Yes Yes Yes Yes Yes
Firm-MSA FE Yes Yes Yes Yes Yes Yes Yes
MSA-quarter FE Yes Yes Yes Yes Yes Yes Yes
Observations 923,588 434,877 655,667 1,303,803 1,303,803 1,285,656 1,303,803
Adjusted R2 0.0730 0.0795 0.0699 0.0696 0.7731 0.1857 0.0695

Panel B: Alternative samples

Dep. Var.: Inflowt+1 (1) (2) (3) (4) (5) (6) (7) (8)

Sample:
No California 

Business
No Tech 

Firms

Fewer 
Required 

Skills
Tech 
Firms

Excl. 
Managerial 
Positions

Large 
Firms

Small 
Firms

Singular 
Occupation 
Type Only

Job Culture 0.218*** 0.207*** 0.226*** 0.209*** 0.243*** 0.138*** 0.229*** 0.229***
(8.33) (8.32) (6.89) (3.96) (7.14) (5.35) (4.92) (7.00)

AI Jargon �0.022
(�0.50)

Unit of observation Firm-MSA-Quarter
Job and firm controls Yes Yes Yes Yes Yes Yes Yes Yes
Occupation dist. controls Yes Yes Yes Yes Yes Yes Yes Yes
Firm-MSA FE Yes Yes Yes Yes Yes Yes Yes Yes
MSA-quarter FE Yes Yes Yes Yes Yes Yes Yes Yes
Observations 1,091,659 1,129,264 354,313 170,115 621,823 407,239 367,968 640,236
Adjusted R2 0.0656 0.0675 0.0473 0.1261 0.0470 0.0898 0.0785 0.0320

Notes. This table provides robustness tests to our main findings. In panel A, we add alternative controls and use alternative dependent variables. In 
panel B, we test our findings in several subsamples. The unit of observation is at the firm-MSA-quarter level. “Occupation dist. controls” are variables 
measuring the percentage of job postings in each of the 23 SOC occupation categories within the unit of observation. Firm-MSA and MSA-quarter 
fixed effects are included. Standard errors are clustered at the firm, MSA, and quarter levels. Variables are defined in Table D.1. Excl., excluding. 

** and *** indicate significance at the 5% and 1% levels, respectively

Finally, one central prediction in our study is that 
making culture information salient in job postings helps 
attract job seekers and ultimately helps fill employment 
vacancies. Ideally, we would measure the effect of a job 
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posting on the firm’s ability to fill the corresponding job. 
However, because this information is unobservable, we 
rely on firm-MSA-quarter-level aggregation for our main 
tests. To alleviate concerns about measurement errors, 
we reexamine Equation (3) for a subsample of observa
tions that only contain one SOC code. As shown in col
umn (8), our inferences remain unchanged, as the 
coefficient on Job Culture remains positive and significant 
at the 1% level. In an untabulated test, we repeat the anal
ysis at the firm-MSA-quarter-occupation level while 
including quarter-occupation fixed effects. We find that 
the coefficient on Job Culture remains positive and signifi
cant, further demonstrating the robustness of our results. 
Note that these two additional analyses further mitigate 
the concern that both culture-related language in job 
postings and hiring outcomes are driven by jobs’ under
lying tasks and responsibilities.

In sum, although we cannot rule out all alternative 
explanations, the collective evidence from our empirical 
analyses based on different outcome variables and 
empirical designs suggests that disclosed culture likely 
improves hiring outcomes through facilitating job 
seeker-firm matching.

7. Conclusion
Corporate culture represents one of the critical factors 
that job seekers consider. We examine the labor market 
effects of emphasizing corporate culture information in 
job postings and find that highlighting core values in a 
job posting attracts job seekers, especially when cultural 
fit matters more to those job seekers and information 
asymmetries are more pronounced. Our findings are 

relevant in light of recent SEC requirements emphasiz
ing the disclosure of material information about human 
capital, such as information about culture. In addition, 
our study has practical implications. Greater transpar
ency about culture can help job seekers make better 
decisions about potential employers. Despite these ben
efits, managers should be mindful that emphasizing cul
tural fit too strongly may inadvertently discourage 
diversity, suggesting a need to balance culture align
ment with inclusion goals.

We view our paper as opening several fruitful direc
tions. First, researchers could develop empirical designs 
that more cleanly separate the cultural framing of a job 
from its underlying tasks and responsibilities. Second, 
although our analyses focus on job seekers’ responses, 
future research can examine how managers decide which 
aspects of culture to disclose and whether these disclosures 
lead to better matches in terms of performance outcomes.

Acknowledgments
This paper benefited from helpful suggestions from Den
nis Campbell, Jung Ho Choi, Fabrizio Ferri, Janet Gao, 
Michael Guo, Jonathan Glover, Jillian Grennan, Kai Li, 
Sara Malik, David Reeb, Michael Shen, Gurpal Sran, Suraj 
Srinivasan, Sebastian Tideman, Benjamin Yost, Ronghuo 
Zheng, and seminar and conference participants at MIT, 
National University of Singapore, Syracuse University, 
2023 Berkeley Culture Conference, MIT Asia 2022 Acc
ounting Conference, FARS 2023 Midyear Meeting, Hawaii 
Accounting Research Conference 2023, AFA 2023 Annual 
Meeting, CFEA 2022 Meeting, and the ICGI 2022 Confer
ence. The authors are grateful to Cindy Kuang and 
Jinyuan Guo for excellent research assistance.

Appendix A. Seed and Representative Words/Phrases in Culture Dictionaries
Table A.1 lists words and phrases associated with cultural values.

Table A.1. Seed and Representative Words/Phrases in Culture Dictionaries

Panel A: Seed words/phrases for cultural values

Cultural 
values Seed words/phrases

Integrity Integrity, ethic, ethical, ethically, accountable, accountability, trust, honesty, honest, honestly, fair, fairness, 
responsibility, responsible, transparency, transparent

Teamwork Teamwork, collaboration, collaborate, collaborative, cooperation, cooperate, cooperative
Innovation Innovation, innovate, innovative, creativity, creative, passion, passionate, efficiency, efficient, excellence
Respect Respect, respectful, talent, talented, employee, dignity, empowerment, empower, diverse, diversity, inclusive, 

inclusivity, inclusion
Quality Quality, customer, commitment, customer commitment, dedication, dedicated, dedicate, customer expectation

Panel B: Thirty most representative words/phrases in each cultural value’s dictionary

Cultural 
values Representative words/phrases in the dictionary

Integrity Integrity, accountability, transparency, honesty, accountable, ethical, professionalism, honest, fairness, behavior, 
transparent, trust, ownership, honesty integrity, uphold, fair, consistent, importance, highest ethical standard, role 
model, business ethic, ownership accountability, performance, company value, objective, ethically, safety, ethic, 
confidence, ethical behavior
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Table A.1. (Continued)

Panel B: Thirty most representative words/phrases in each cultural value’s dictionary

Cultural 
values Representative words/phrases in the dictionary

Teamwork Collaboration, cooperation, collaborative, collaboratively, teamwork, collaborate, peer, cooperative, foster, cross- 
functional, cross functional, cooperate, collaborates, partnership, productive, positive, cross-functionally, cohesive, 
colleague, business partner, cooperatively, influence, partnering, leadership, team work, amongst, partner, engage, 
team, cross functionally

Innovation Innovation, innovative, innovate, passion, creative, creativity, excellence, passionate, focus, data-driven, approach, 
sustainable, product innovation, best-in-class, champion, mindset, idea, energy, challenge, continuous improvement, 
world-class, think, success, aim, user experience, thought leadership, way, mind, pragmatic, intelligent

Respect Respect, culture, diversity, empower, diverse, talent, core value, embrace, inspire, empowerment, collective, talented, 
encourage, workforce, workplace, contribution, supportive, believe, respectful, recognition, inclusive, mutual respect, 
employee engagement, career development, perspective, inspiring, community, strength, employee, reward

Quality Commitment, strive, dedication, quality, dedicate, value, customer commitment, goal, customer expectation, 
customer, satisfaction, high-quality, customer satisfaction, committed, dedicated, expectation, quality product, 
exceed customer expectation, responsiveness, commit, customer success, deliver, client, quality service, promise, 
customer experience, service excellence, client satisfaction, effort, consistently

Appendix B. Job Posting Examples
Table B.1 presents two examples of job postings. Panel A (B) presents an example with a high (low) culture score. Words in 
bold are the seed and the 30 most representative words/phrases listed in Table A.1 in Appendix A.

Table B.1. Job Postings with High and Low Culture Scores

Panel A: Example of a job posting with a high culture score

Firm: Amazon.com Role: Program Manager III - Technical Training

Date: 2019-08-31 Location: Sumner, WA Culture score percentile: 98th

Are you inspired by invention? Is problem solving through teamwork in your DNA? Do you like the idea of seeing how your work 
impacts the bigger picture? Answer yes to any of these and you’ll fit right in here at Amazon’s research and development team. We 
are a team of doers who work passionately to apply cutting edge advances in robotics, automation and software to solve real-world 
challenges to transform the Amazon customer experiences. 

We are seeking exceptional candidates who possess a blend of learning design and program management skills to successfully support 
new developing training programs for technologies within Amazon Fulfillment Centers. This job will require a unique combination of 
flexibility, creativity, leadership skills and contractor management. As part of this highly visible team, candidates have the 
opportunity to work cross-functionally with multiple engineering teams within Amazon to contribute to the continuous innovation 
of the next generation Fulfillment System. 

As a Program Manager for R&D Technical Training, you will be responsible for managing the development of training by vendors for 
the technology designed and tested by Amazon’s Advanced Technology team. You will work with Subject Matter Experts and 
vendors to assess the training needs for technology and design a curriculum to support the need. You will audit materials developed 
by vendors and the initial rounds of training delivered. 

The Program Manager will also collaborate closely with the rest of the AT Technical Training team as well as with internal customer 
training teams to design, pilot and deploy innovative training solutions, (Mobile and Station Based), which are scalable at a global level. 

Basic Qualifications: 
• BS/MS in adult learning and instructional design. Technical degree a plus. 
• At least 7 years of experience leading multiple mission critical technical projects simultaneously in a robotics engineering or other 

large scale technical implementation. 
• Ability to develop detailed project schedules coordinating multiple stakeholders to deliver products on time and within budget. 
• Strong background within the software and hardware engineering industries in order to align with team and vendor Subject matter experts. 
• Manage definition, collection and development of data driven reporting dashboards which can be displayed on one common platform. 
• Experience developing and rolling out onboarding and training programs for all positions in the department. 
• Willingness to travel 50% of the year. 
• Self-motivated, able to influence and solve problems independently and in team settings. 
• Proven experience to assess organizational learning and development needs. 
• Experience with learning management and knowledge base systems. 
• Experience in and key participation with process improvement projects. Ability to manage multiple training projects and/or programs. 
• Exceptional written and verbal communication skills. 
• Recognized as the subject matter expert and go to person for all learning needs. 

Preferred Qualifications: 
• Project Management Certification (PMP) and/or MBA. 
• Proven ability to multitask and prioritize critical tasks with a high attention to detail.
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Table B.1. (Continued)

Panel A: Example of a job posting with a high culture score

Firm: Amazon.com Role: Program Manager III - Technical Training

Date: 2019-08-31 Location: Sumner, WA Culture score percentile: 98th

• Experience driving execution of vision and goals for the team. 
• May develop long-term strategies and influence leadership decisions. 
• Experience working with senior management and high-profile customer. 
• Experience with video-based eLearning and classroom instructional design and delivery. 
• Strong background within the software and hardware engineering industries. 
• Experience using Agile, SharePoint, Jira or Confluence.

Panel B: Example of a job posting with a low culture score

Firm: Amazon.com Role: Reliability, Maintenance, 
and Engineering (RME) Technician

Date: 2019-09-15 Location: 
Fort Worth, TX

Culture score 
percentile: 4th

The Reliability, Maintenance, and Engineering (RME) is hiring for a Maintenance Technician. The Maintenance Technician will be 
responsible for assisting in the installation, maintenance, and repair of the automated packaging and distribution equipment. 

A successful candidate in this role will accomplish the following: 
• Perform preventive/predictive maintenance of conveyance equipment using the appropriate job plans, procedures, and manuals 
• Maintain and repair distribution center racking 
• Complete preventative maintenance routines, documentation and procedures 
• Track and store department inventory, including spare parts 
• Develop and maintain positive working relationships across all levels of the organization 
• Conduct maintenance and basic troubleshooting of robotics and robotic work cells 
• Troubleshoot electrical and mechanical problems related to all material handling equipment components 
• Maintain and troubleshoot motors, photo eyes, relays, proximity sensors, solenoids, motor starters, tachs, etc. 
• Assist in mentoring junior technicians by providing guidance and directions to help them develop their skill set 
• Assist with basic electronics/Programmable Logic Controls troubleshooting 

Physical Demands (Must be able to perform with or without reasonable accommodation): 
• Lift and move totes up to 49 pounds each 
• Regular bending, lifting, stretching and reaching both below the waist and above the head 
• Occasionally push and pull wheeled dollies loaded with products up to 100 pounds during site visits 
• Engage in full manual dexterity in both hands and wrists 
• Walking in the FC and around area with great frequency; facilities are over a quarter mile in length 
• Ability to climb ladders and gangways safely and without limitation 
• Dexterity in eye/hand coordination, feet (foot pedals), manual (picking, pinching, holding, grasping), and wrist motion (repetitive 

flexion/rotation) 
• Working conditions may include small spaces, dust, fumes/odors, hot/cold temperatures, inside/outside noise, vibration, standing 

on concrete for long hours and wet or uneven surfaces 
• Must be able to stand/walk for up to 10-12 hours 

Basic Qualifications 
• High school diploma or equivalent 
• Able to work all days and shifts, including overtime (24 hours a day, 7 days a week operation, including holidays) 
• PC competency, Word & Excel and Windows OS 
• Experience in the following areas: 
◦ Automated conveyor systems and controls 
◦ Repair of material handling equipment 
◦ Predictive/Preventative maintenance tools and procedures 
◦ Metal and wood fabrication 
◦ Blueprint and electrical schematic reading 
◦ Electrical and electronic principles 

Preferred Qualifications 
Degree from a vocational school or college with a focus in the Mechanical or Electrical field 
• 2+ years apprenticeship or equivalent experience in the Mechanical or Electrical field 
• Experience with Material Handling Equipment (MHE) safety standards accordance with Original Equipment Manufacturer (OEM) 

and Safety standards 
• Project Management experience 
• Experience with a Computerized Maintenance Management System (CMMS) 
• Experience with robotic operation/maintenance 
• Able to troubleshoot basic Input/Output functions 

Amazon.com is an Equal Opportunity Employer Minority/Women/Disability/Veteran/Gender Identity/Sexual Orientation/Age
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Appendix C. Detailed Procedure to Construct 
Culture Variables

In this appendix, we offer a detailed discussion on how 
we construct the expanded culture dictionaries and mea
sure culture variables. We closely follow the methodology 
in Li et al. (2021) and use their codes (available at https:// 
github.com/MS20190155/Measuring-Corporate-Culture-Us 
ing-Machine-Learning).

C.1. Using Word Embedding to Represent 
the Meaning of Words
To capture the complex and subtle meanings of words and 
phrases, we utilize word embedding through the Word2Vec 
model. This model quantifies the meaning of each word 
with a distinct numerical vector. For a straightforward illus
tration, take the words “King” and “Queen.” Although both 
signify royalty, they differ in gender. Imagine representing 
the meaning of each term with a three-dimensional vector 
encompassing attributes of humanity, rulership, and gender. 
In this framework, “King” might be vectorized as (1,1,1) and 
“Queen” as (1,1,0). Despite the one differing attribute, these 
two words would exhibit a high degree of similarity, with a 
cosine similarity of 0.82, signifying close relationship in the 
context of these dimensions.

C.2. Training the Word2Vec Model
Because of limited computing resources, training the 
model utilizing 100% of the job posting data was not fea
sible. Therefore, we randomly selected 50% of job postings 
each year, that is, a total of 12 million job postings, using 
the Pandas function. Following the GitHub code of Li et al. 
(2021), we employ CoreNLP for parsing job postings and 
utilize Gensim to identify phrases and train the Word2Vec 
model using the following hyperparameters (for para
meters not specified below, the default values provided 
by Python’s Gensim library are used): 
• Threshold of the phraser module for forming the phrases: 10
• Minimum number of times bigrams need to appear in 

the corpus to be considered as phrases: 10
• Dimension of Word2Vec vectors: 300

• Objective function: Continuous Bag of Words (CBOW)
• Window size in Word2Vec training: 5
• Minimum number of occurrences to be considered in 

the Word2Vec training process: 5
• Number of iterations in Word2Vec training: 20

C.3. Generating Culture Dictionaries
We employ the trained Word2Vec model to create an 
expanded dictionary for assessing cultural values. We rep
resent each cultural dimension—integrity, teamwork, 
innovation, respect, and quality—by averaging the vectors 
of the corresponding seed words, which are detailed in 
Table A.1, panel A. We then select the 500 words that 
exhibit the strongest association, that is, the highest cosine 
similarity, with each cultural value. For words that are 
included in more than one cultural value, we only retain 
the word in the dictionary of the value to which it has the 
greatest cosine similarity with the mean vector of its seed 
words. We manually review the dictionaries to remove 
words that are not relevant to the cultural value in our 
context (e.g., invest, matter, continue), too general (e.g., 
key, hard, want), or too specific (e.g., DNA, IT team).

C.4. Creating Culture Scores
We assess each cultural value in a job posting by calculat
ing the tf-idf weighted frequency of words in its 
expanded dictionary, normalized by the job posting’s total 
word count. tf-idf reflects the term’s significance within a 
document and the term’s commonality across the entire 
corpus. Term frequency is computed as the count of a 
term t in document d, divided by the total term count in 
document d. Inverse document frequency of a term t is 
calculated as the logarithm of the quotient of the total 
document count over the number of documents contain
ing the term t. For each cultural value, we then calculate 
its value for a unit of observation, for example, firm-MSA- 
quarter, by taking its mean in all job postings in the unit. 
Last, we calculate the composite score, Job Culture, by 
summing the five cultural values and standardizing it to a 
mean of zero and a standard deviation of one.

Appendix D. Variable Definitions
Table D.1 provides detailed definitions of the variables. The unit of observation is at the firm-MSA-quarter, firm-MSA-month, 
firm-MSA-quarter-occupation, firm-quarter, or job posting level.

Table D.1. Definitions of Variables

Variables Definitions

Variables from Lightcast
Job Culture The sum of the five culture scores across specific cultural dimensions, including Integrity, Teamwork, 

Innovation, Respect, and Quality, standardized to a mean of zero and a standard deviation of one. See 
Appendix C for the detailed procedure.

Education The average education requirement (in number of years) of job postings.
Experience The average experience requirement (in number of years) of job postings.
Length The natural log of the average number of words in job postings.
Hiring Intensity The natural log of the total number of job postings.
Skill Count The average number of skills required in job postings.
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Table D.1. (Continued)

Variables Definitions

Insurance An indicator variable that takes the value of one if the job posting contains at least one keyword of 
insurance benefit, identified by phrases such as “health insurance,” “dental insurance,” and 
“comprehensive health coverage.”

Other Comp An indicator variable that takes the value of one if the job posting contains at least one keyword of 
other monetary compensation including retirement benefit, identified by phrases such as “401(k),” 
“stock options,” and “equity compensation.”

Flexibility An indicator variable that takes the value of one if the job posting contains at least one keyword of job 
flexibility benefit, identified by phrases such as “flexible schedule,” “remote work,” and “work from 
home.”

Salary Disclosed The percentage of job postings with available salary information.
Advertised Mean 

Salary
The natural log of the average of the mean of minimum and maximum salaries.

Advertised Mean 
Salary 
(Expanded)

The natural log of the average of the mean of minimum and maximum salaries. If salary information is 
not explicitly provided in job postings, the average of the mean of minimum and maximum salaries 
provided in similar job postings is used. Similar job postings are defined as those from the same 
company, with the same SOC type, having the same level of seniority (i.e., the same number of years 
of work experience specified in job postings), located within the same MSA, and posted in the same 
quarter. If there are no similar job postings in this group, we relax the time period requirement to 
“the same year” or relax the location requirement to “the same state” (in this sequence) to find similar 
job postings.

Hiring Duration The natural log of the average days between a job posting’s publication and expiration.
Creative Roles An indicator variable for occupations with a two-digit SOC code of 27 (Arts, Design, Entertainment, 

Sports, and Media occupations).
Managerial Roles An indicator variable for occupations with a two-digit SOC code of 11 (Management).
Sales Roles An indicator variable for occupations with a two-digit SOC code of 41 (Sales).
Blue-Collar Roles An indicator variable for occupations with two-digit SOC codes between 47 and 53.
Engineer Roles An indicator variable for occupations with a two-digit SOC code of 17 (Architecture and Engineering).
No Education 

Requirement
An indicator variable for job postings that do not specify any education requirements.

No Experience 
Requirement

An indicator variable for job postings with no specific experience requirements.

∆ Hiring 
Intensity

The change in hiring intensity relative to the previous quarter.

Respect The Respect culture scores of job postings, standardized to a mean of zero and a standard deviation of 
one.

Non-Respect 
Culture

The sum of the four culture scores across specific cultural dimensions, including Integrity, Teamwork, 
Innovation, and Quality, standardized to a mean of zero and a standard deviation of one.

Integrity The Integrity culture scores of job postings, standardized to a mean of zero and a standard deviation of 
one.

Non-Integrity 
Culture

The sum of the four culture scores across specific cultural dimensions, including Teamwork, Innovation, 
Respect, and Quality, standardized to a mean of zero and a standard deviation of one.

Top Culture An indicator variable that takes the value of one when Job Culture is in the top 30% of the firm-MSAs in 
that quarter, and zero otherwise.

Bottom Culture An indicator variable that takes the value of one when Job Culture is in the bottom 30% of the firm- 
MSAs in that quarter, and zero otherwise.

AI Jargon The average tf-idf scores for a set of AI-related keywords proposed by Baruffaldi et al. (2020), 
standardized to a mean of zero and a standard deviation of one.

Variables from Revelio
Inflow The level of employee inflows in a quarter scaled by the total number of employees at the beginning of 

the quarter, multiplied by 100.
Outflow The average employee outflow over the subsequent four quarters (one year), with each quarter’s outflow 

scaled by the total number of employees at the beginning of that quarter and multiplied by 100.
Large Facility An indicator variable that takes the value of one when the total number of employees for a firm-MSA- 

quarter is in the top 30% in that quarter, and zero otherwise.
Graduate The share of new inflows with a graduate degree.
Undergraduate The share of new inflows with an undergraduate degree.
Seniority The average seniority level of employee inflows. Seniority ranges from 1 (most junior) to 7 (most senior). 

The measure is predicted by Revelio, which estimates seniority based on an employee’s job title, 
company, industry, age, prior seniority, and position history.

Unscaled Inflow The unscaled level of employee inflows.
Inflow Scaled by 

Postings
The level of employee inflows in a quarter scaled by the total number of job postings in the previous 

quarter.
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Table D.1. (Continued)

Variables Definitions

Variables from Glassdoor
More Reviews An indicator variable that takes the value of one if the count of current employee reviews on Glassdoor over 

the past year (including the current quarter) is in the top 30% of the firm-MSAs in that quarter, and zero 
otherwise.

High 
Helpfulness

An indicator variable that takes the value of one when the average number of helpfulness votes on 
reviews received over the past year (including the current quarter) is in the top 30% of the firm-MSAs 
in that quarter, and zero otherwise.

Glassdoor 
Culture

The average Glassdoor culture ratings for the firm-MSAs from current employees in that quarter. If not 
available, the average Glassdoor culture ratings for the firms from current employees in that quarter 
are used.

Dissatisfaction An indicator variable that takes the value of one if Glassdoor culture ratings are in the bottom 30% of 
the firm-MSAs in that quarter, and zero otherwise.

Interview 
Culture

The percentage of interview reviews that explicitly mention the word “culture” or “cultural” in a firm- 
quarter.

Offer Rate The share of interviews that result in a job offer in a firm-quarter.
Accept Rate The percentage of interviewees that accept the offers if granted in a firm-quarter.

Other variables
Unemployment MSA-level unemployment rate.
ECall Culture Culture scores based on the Q&A sections in conference calls, developed by Li et al. (2021), obtained from 

the authors of that study.
Website Culture Culture scores based on corporate-level disclosure extracted from the historical “About Us” page of the 

corporate website.
Violation The count of significant violations in each industry-quarter, where a violation is considered significant if 

its penalty falls within the top quartile of the cross-sectional distribution.
BLM An indicator variable that takes the value of one for the six months after the BLM movement (2020 

June–2020 November), and zero for the six months prior to BLM (2019 December–2020 May).
Size The natural log of total assets.
ROA Net income scaled by total assets.
Leverage Total liabilities scaled by total assets.
MTB Market value to book value ratio.
IntanRatio Intangible assets scaled by total assets.

Appendix E. Map of Units of Analysis
Table E.1 presents a map of units of analysis to the corresponding tables in the paper, along with a brief rationale for the 
use of alternative units of analysis.

Table E.1. Map of Units of Analysis

Unit of observation Tests using this specification Notes

Main specification
Firm-MSA-quarter Table 3; Table 4; Table 5, columns (2)–(5); 

Table 6; Table 7, columns (3)–(4); Table 9
Primary unit of analysis

Other specifications
Job posting Table 1, Table 2 Job posting-level analyses are used for 

variance decomposition and for 
examining the determinants of disclosed 
culture for job postings.

Firm-MSA-quarter-occupation Table 5, column (1) Used in analyses that examine cross- 
sectional variation across occupation 
types.

Firm-MSA-month Table 7, columns (1)–(2) Used in an analysis with a one-year 
window that requires finer fixed effects.

Firm-quarter Table 8 Used in interview analyses, which do not 
include location information.
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Endnotes
1 Corporate culture represents the shared assumptions, values, and 
beliefs that inform employee behavior within a firm (Kreps 1990, 
Schein 1990, Crémer 1993, O’Reilly and Chatman 1996, Guiso et al. 
2015b). Our focus is primarily on the core values communicated 
through job postings. We use the term “culture” and “core values” 
interchangeably.
2 Anecdotal evidence also suggests significant recruiting benefits 
for companies that promote culture in job postings (e.g., Johnson 
2020).
3 For example, a job posting for a managerial position at corporate 
headquarters for a consumer-facing firm will likely highlight differ
ent values and norms than one for a position in the firm’s local 
stores.
4 For example, job review sites introduce search costs as they often 
require users to submit reviews through “give-to-get” models.
5 One notable exception is the work of Grennan (2020), who exam
ines the performance implications of banks communicating their 
culture consistently across stakeholders.
6 The statistics can be found at https://kb.lightcast.io/en/articles/ 
6957498-lightcast-data-basic-overview.
7 We use the code provided by Li et al. (2021), available at https:// 
github.com/MS20190155/Measuring-Corporate-Culture-Using- 
Machine-Learning. In untabulated analyses, we find that our results 
are robust to using only seed words to measure corporate culture.
8 Because of limited computing resources, we randomly select 50% 
of job postings each year, that is, a total of 12 million job postings, 
as the training sample.
9 Our expanded dictionaries differ from those of Li et al. (2021), 
which are trained on earnings conference calls, suggesting that 
firms communicate culture differently in earnings conference calls 
and job postings.
10 To ensure that the data accurately represent the workforce, Reve
lio applies sampling weights to correct for potential biases that arise 
from differing likelihoods of posting professional data online 
among professions and locations. In addition, Revelio does not use 
job posting text to construct inflow and outflow measures, thus 
reducing any mechanical correlation between inflow and measures 
of job posting culture.
11 We examine county-level variation in these analyses because the 
county is the finest geographical unit in the job posting sample.
12 Job role variables are absorbed by firm-occupation fixed effects in 
these columns.
13 In an untabulated test, we explore whether a firm’s hierarchical 
structure impacts the degree of subcultural variation in cultural 
communication. We find that more decentralized or complex firms 
exhibit greater heterogeneity in the cultural values in their job 
postings.
14 We aggregate job postings in each firm-MSA-quarter to focus on 
hiring outcomes at the facility level. Unless otherwise specified, all 
subsequent tables employ the firm-MSA-quarter specification. See 
Appendix E for details of other aggregation levels we use and the 
reasons.
15 In an untabulated analysis, we use an entropy-balancing proce
dure to control for other differences between firm-MSA-quarters 
that provide more and less cultural information. We assign weights 
to each control observation to balance the distributions of key con
trol variables between the treatment group (firms with Job Culture 
in the top 30% of the distribution) and the control group (all other 
firms). The control variables include employee culture ratings from 
Glassdoor, job and firm characteristics, and quarter and MSA fixed 
effects. Our main inferences remain unchanged.

16 In untabulated tests, our results are robust to alternative standard- 
error clustering schemes: (1) one-way clustering by firm; (2) one-way 
clustering by firm–MSA cell; (3) two-way clustering by firm–MSA cell 
and quarter; and (4) two-way clustering by firm and MSA.
17 We use the sample median to assess the economic magnitude, 
because the distribution of Inflow is highly skewed.
18 In untabulated tests, we find the coefficient on Job Culture to be 
insignificant when using Inflow in quarter t�1 as the dependent var
iable, alleviating concerns that firms might have already experi
enced increased inflows prior to the information being disclosed in 
job postings. We also find that the coefficients on Job Culture are 
insignificant when examining inflows during the quarters t+ 3 and 
t+ 4, suggesting that the effect of disclosed culture on inflows fades 
after two quarters.
19 For example, CNN notes that in 2019, only 8% of postings 
included wage information and that regulations in New York and 
Colorado have recently begun mandating salary disclosure to 
address this problem (Vasel 2022).
20 We define similar job postings as those within the same firm, 
occupation type, seniority, MSA, and quarter; if unavailable, we 
relax to the same year or state (in this sequence).
21 We obtain vacancy duration from Lightcast, the same data source 
as the job posting data. Note that only 36.7% of postings contain 
duration information, and among those, more than 20% report a 
duration of zero, and the remaining are capped at 60 days (Light
cast 2025).
22 Untabulated tests examining quarter-by-quarter outflows show 
that disclosed culture is associated with significantly lower 
employee outflows from the second through the fourth quarter.
23 Untabulated tests show that facilities with job postings featuring 
high disclosed culture scores are associated with higher current 
employee satisfaction in the forward one- to four-quarter horizons. 
Although we cannot identify reviews from new hires, this test is 
consistent with the notion that disclosed culture contributes to 
stronger cultural fit between employees and firms.
24 Because of the short sample window, we use a finer firm-MSA- 
month specification. Untabulated tests confirm that the results 
remain robust at the firm-MSA-quarter level.
25 The main effect on Respect is insignificant, indicating that during 
the short period preceding BLM, job seekers did not respond to 
respect-related cultural information in job postings. Nevertheless, 
untabulated results show a positive association between respect- 
related cultural information and inflows over the full sample. 
Because the BLM movement may have prompted firms to include 
boilerplate language related to diversity, equity, and inclusion, we 
separate Respect culture scores into boilerplate (Respect-Boilerplate) 
and nonboilerplate (Respect-No Boilerplate) language. We define boil
erplate language as sentences that recur across postings from more 
than 10 facilities in either the pre- or post-BLM period. We find that 
only nonboilerplate Respect language is associated with higher 
employee inflows after BLM.
26 We first identify firms’ “About Us” page using a standardized 
Google query (e.g., Nvidia About Us). We then retrieve historical ver
sions of these pages between 2010 and 2020 using Internet Archives’ 
Wayback Machine. This process yields 6,333 firm-year observations 
for 1,171 firms. We construct culture scores from the extracted text 
of these pages using the procedure described in Section 3.1. Untabu
lated tests show that, first, this webpage culture measure has little 
within-firm variation (≈80% explained by firm fixed effects), and, 
second, it does not explain Job Culture when included as an addi
tional determinant in the model of Table 2.
27 The number of job postings is a noisy measure of labor demand 
for two reasons. First, firms often post the same vacancy multiple 
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times, overstating demand. In our sample of observations with at 
least one employee inflow, the median inflow-to-job-posting ratio is 
only 0.04, consistent with repeated posts for a single position. Sec
ond, a single posting may cover multiple hires, understating 
demand (Carnevale et al. 2014, Chen and Li 2023). In our sample 
with at least one inflow, 5% yields at least two employees for a sin
gle job posting. However, the mismatch between the number of job 
postings and labor demand is not a concern for our disclosed cul
ture measure, which captures the language communicated in job 
postings rather than labor demand.
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