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Abstract. Models are playing an increasingly important role in the development of man-
agement theory. From the journal’s inception, Strategy Science has welcomed formal models,
including analytic models, computational models, and simulation studies. Unfortunately,

many modeling papers face first round rejection. They usually suffer from a relatively small

https://doi.org/10.1287/stsc.2026.ed.v11.n2

set of issues. In this editorial, we provide specific guidance on how to address five of the

most common issues in modeling papers. The goal is to provide a short practical guide for

Copyright: © 2026 INFORMS

authors to enhance their chances of publication and subsequent impact.

1. Introduction
Formal methods sparked the scientific revolution,
starting in physics (Newton 1687). Over the centuries,
they have played an increasingly important role in
disciplines ranging from chemistry and biology to
economics and sociology. Strategic management is no
exception. Many seminal works have had a model at
their core, covering a wide variety of topics, including
the resource-based view (Lippman and Rumelt 1982),
exploration versus exploitation (March 1991), commit-
ment (Ghemawat 1991), value-based strategy (Branden-
burger and Stuart 1996), and organizational adaptation
(Levinthal 1997). The key benefits of models for devel-
oping management theory are their precision, logical
consistency, and derivation of nonobvious implications
(Adner et al. 2009, Knudsen et al. 2019, Csaszar 2020,
Hannah et al. 2021, Makadok 2022). The hallmarks of
good models are that they are not unnecessarily compli-
cated and lead to relevant results that challenge the con-
ventional wisdom (Knudsen et al. 2019, Csaszar 2020).

Although these prior works provide a good overview
of the “why” and “what” of modeling, they are less
clear about the “how.” For instance, Csaszar (2020) pro-
vides an excellent and comprehensive analysis of why
we need models and what constitutes a good model
but is less specific about the most common issues
modeling papers face in practice and how to exactly
address them. Although Makadok (2022) does cover
the “how,” it is very specific in its focus to make models
accessible for the Academy of Management Review audi-
ence. What in our view is missing is a more general
practical guide for authors on how to address the most
common issues facing modeling papers.

With this editorial, we hope to provide such a guide.
Having edited and reviewed many manuscripts, we find

that almost all rejections are caused by a relatively small
number of issues. As authors, we had to learn how to
overcome these issues the hard way, often by being
rejected ourselves. With this editorial, we hope to spare
future modelers the same fate. We identified five issues
that we have come across again and again and provide
guidance on how to overcome them. Because what con-
stitutes a good model has been extensively covered in
the earlier works cited above, in this piece, we focus
squarely on the “how to” of publication. Needless to say,
however, that following the advice contained in this edi-
torial does not guarantee publication in Strategy Science
or another journal. Some scholars consider the ultimate
test for publishability the “insight-to-ink-ratio,” and this
will ultimately be subjective and based on reviewers’
and editors” scholarly preferences. What this editorial
aims to do is to enable authors to present the insights
they want to convey by means of a model in the most
effective way. That way, readers can focus on the content
and the depth of the insights rather than having to work
their way through an opaque presentation.

Our guidance applies to the many different poten-
tial forms of (formal) modeling. For us, the key defin-
ing element is that the reasoning is based on formal
assumptions, usually in the form of mathematical
equations or algorithmic procedures. Such assump-
tions allow for highly reproducible theoretical reason-
ing, which is one of the most prominent benefits of
using a model to develop a theory. We thus include
analytical models with formal proofs (Lippman and
Rumelt 1982); computational models in which key
results are calculated rather than analytically derived
(Wibbens et al. 2025); simulations based on random
draws of (initial) conditions (Siggelkow and Rivkin
2006); and combinations of these. Models can serve as
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stand-alone theory pieces (Adner et al. 2009) or be
used to guide the theory of empirical papers (Hannah
et al. 2021). This editorial covers both.

Table 1 shows the key three elements of a model.
The differences across the different types of models
will be most salient in step 2, the inference. Still, most
modeling papers will rely on a combination of formal
derivation and computation. For instance, simulation
models often use some mathematics to derive inter-
mediate results needed for computation. Conversely,
analytical papers relying mostly on formal proofs
often use some numerical calculations to illustrate
results. Ultimately, all models yield insights how cer-
tain sets of parameters (i.e., contextual conditions)
lead to various outcomes, using highly reproducible
inference.

Although we believe that the five “essentials” dis-
cussed in Section 2 are broadly applicable, there are
two classes of models that perhaps require a different
emphasis. The first class consists of simulation models
that aspire to capture real life as realistically as possible
by including many parameters and their interactions,
the second of models as part of empirical papers. We
briefly discuss them in Section 3.

2. The Five Essentials

2.1. Contribution to Management

Models are no exception to the requirement that papers
in Strategy Science need to “[enhance], in some mean-
ingful manner, our understanding of some substantive
issues in the strategy domain.”' Importantly, the sole
fact that something has not been studied before is a
poor motivation. Rather, a good paper needs to help
solve a pertinent issue in strategic management.

The best way to motivate a paper is by identifying a
key issue in an active conversation in the literature.
The paper’s introduction needs to clearly articulate
the current state of the literature (sometimes called
the “null”) and its novel contribution (the “delta”).

Table 1. Elements of a Formal Model

This requires an in-depth knowledge of the literature
you want to speak to.

Especially for authors from other disciplines such as
economics, it is critical to actively engage with the schol-
arly community in strategic management. Although this
may almost seem too obvious to state explicitly, we reg-
ularly see papers as editors and reviewers that fail to do
this beyond a few cursory citations to age-old strategy
papers. Before submission therefore, you should seek
feedback from colleagues in strategic management and
present your paper, for instance, at the annual confer-
ences of Strateqy Science, the Academy of Management,
or the Strategic Management Society. Presenting helps
ensure that the contribution you seek to make is truly
novel and important, as well as that you motivate
your study in a language that appeals to your target
audience. Verbal framing—still essential, even in
modeling pieces—often evokes different reactions from
different people. Feedback from your audience is criti-
cal to ensure that your framing evokes the intended
understanding.

You also need to describe the implications of the
model for managers. Some of the most impactful model-
ing papers directly challenge the conventional wisdom
for managerial practice, yet are grounded in evidence or
real-world plausibility and/or resolve a puzzle in the lit-
erature. Basically, generating “counterintuitive” results
that no practitioner finds plausible or that work off
a “strawman” argument from outdated literature is
unlikely to generate much interest. To see how models
can generate immediate and novel insights, consider, for
example, Siggelkow and Rivkin (2006), who use an
agent-based simulation to show that exploration at low
hierarchical levels of the organization can backfire. This
theoretical finding has direct practical implications for
how managers should organize for exploration. As
another example, Wibbens et al. (2025) use a dynamic-
game model to show that under intense competition
resource redeployability might backfire for corporations
due to their lack of credible commitment to a specific

1. Assumptions e Parameters: A set of exogenously given numbers that characterize the external

environment.

e Variables: The intermediate and outcome objects that are endogenously determined by the

model specification.

e Formal relations: The model specification of relations between parameters and variables,
determining outcomes. These are usually in the form of mathematical equations or

algorithmic procedures.

2. Inference e Proofs & derivations: Logical and mathematical reasoning to derive new relations from the

assumptions.

e Computations: Numerical calculations of intermediate and outcome variables.

3. Results e Outcomes: Overview of which parameter combinations lead to which realizations of
outcome variables. This can be in terms of numerical results (figures, tables) or more
formal relations (equations, theorems).

e Mechanisms: Analysis of why and how certain parameter combinations lead to given
outcomes, especially for those findings that challenge the received wisdom.
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market. This implies that multibusiness corporations
should be cautious about entering winner-takes-all mar-
kets because they might be outcompeted by more com-
mitted focused rivals. Finally, Giustiziero et al. (2023)
show that resource scalability can lead to the joint phe-
nomenon of “hyperscaling” (firms scaling rapidly) and
“hyperspecialization” (firms focusing on just a single
activity while scaling), contradicting the established wis-
dom that firms will need to diversify to grow. To be
sure, Strategy Science is not the only journal that will look
for managerial relevance in (all) their papers, but it is
key that they refer to plausible managerial choices and
relevant outcomes, even in a modeling paper.

2.2. Plausible Mechanism

A model is only as good as its assumptions. In any for-
mal analysis, the assumptions will fully determine the
results. There is no room to hide behind the fuzzy or
imprecise reasoning from which verbal theories some-
times suffer. This is commonly called the “garbage-in
garbage-out principle.” Poor assumptions will render
the model useless. In our experience there are three
key issues the assumptions can suffer from:

1. The assumptions are not constraining enough;

2. The key results are trivially baked into the assump-
tions; or

3. The key results follow from implausible
assumptions.

Although issue 1 is usually relatively straightfor-
ward to diagnose, issues 2 and 3 are more subtle. Ulti-
mately any formal reasoning is a tautology (or wrong,
which is worse). The question is whether the reason-
ing to get to the results is enlightening or trivial.
Moreover, many (indeed, most) models will have
implausible assumptions. In fact, to counter issue 1, you
must make constraining assumptions, which might
not be realistic.” As the aphorism attributed to George
Box goes, “all models are wrong, but some are useful.”
The question is whether the key results follow from
assumptions that plausibly capture the essence of the
problem at hand.

An important way to address these issues is to
focus on mechanisms. They should describe how the
assumptions lead to the results in a nontrivial way,
countering issue 2. Moreover, the mechanism should
be plausible. To counter issue 3, ideally, you can illus-
trate the mechanism and associated outcomes with
real-world examples. The main contribution of many
models is to introduce a previously overlooked mech-
anism, leading to results that challenge the conven-
tional wisdom.

For instance, the mechanism that Siggelkow and
Rivkin (2006) identify is that a lower-level manager
engaging in extensive exploration is very likely to
find the best-performing organizational configuration
for its own department and recommend that to their

superiors. However, interdependencies might cause
the optimal solution for this specific manager’s
department to be inferior for the organization as a
whole. By contrast, a manager engaging in more lim-
ited exploration is more likely to sometimes recom-
mend alternatives that, although suboptimal for their
own department, might be superior for the entire
organization. As a result, extensive low-level explora-
tion can backfire for the organization as a whole. The
simulation model shows how this overlooked mecha-
nism upends the conventional wisdom on how orga-
nizations should engage in exploration.

The great advantage of models over other methods
is that they allow scrutinizing the mechanism to any
wanted degree. Unlike with empirical analyses, in a
modeling study you can always look deeper into
the mechanism and do more calculations, until you
understand the mechanisms as deeply as needed. For
instance, Siggelkow and Rivkin (2006) provide very
detailed and specific simulated examples if low-level
managers engaging in exploration. Wibbens et al. (2025)
provide detailed examples of the market evolution for
the competition between focused and diversified firms,
illustrating the interplay between competitive intensity,
investment incentives, resource positions, and profits.
Both articles use extensive charts to illustrate the uncov-
ered mechanisms.

The ability to extend the analysis to any wanted
degree is also a reason why regressions are often con-
sidered a poor method to analyze, or verify, models.
The primary purpose of regressions is to perform sta-
tistical inference using inherently limited data from
an unknown data generation process. Because in a
model there is no inherent limitation to the data and
the data generation process is known, regressions are
not needed. Moreover, regressions often simply can-
not “test” the validity of models and their results at
the required level of detail.”

2.3. Keeping It Simple

Einstein allegedly contended that “everything should
be made as simple as possible, but no simpler than
that.” This version of Occam’s razor is the key counter
to issue 1 identified in the previous section. In a
modeling study this means that in the main version of
the model you should remove all elements of the
model that are not needed to establish the main mech-
anisms and results of the paper. If useful, you can
extend the model later in the paper to explore your
results under a wider range of conditions.

Keeping it simple is important for your readers
to understand the model; the worst are models with
a “letter soup”—overly extensive formulas with so
many variables and symbols that they become very
hard to grasp. Moreover, the more your hands are
tied, the more convincing your results are. Finally,
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having few parameters allows you to explore the
parameter space more comprehensively. As a rule of
thumb, models with three moving parts allow for the
analysis of the relationship between two parts (e.g.,
innovative effort and market share) with the third
kept constant (e.g., the degree of intellectual property
protection). More parameters imply more contingent
results (e.g., four parameters require two of them to be
held constant), and as the number of combinations
grows exponentially with the number of parameters, a
comprehensive analysis becomes impossible in more
complicated models with many parameters.

2.4. Anchoring in Prior Models

You can be almost sure that an issue similar to the
one you are interested in has been studied before.
Many brilliant researchers over the past centuries
have sought to understand the world around us, so
chances are very high that modeling frameworks
already exist that are applicable to your research ques-
tion. You should use them to anchor your model
firmly in prior literature. This anchoring based on
prior models is important for three reasons.

First, like the “keeping it simple” mantra, it aids
your readers. Prior models serve as a solid founda-
tion. Any assumptions and reasoning that have been
established before might be already known and need
minimal scrutiny.

Second, anchoring helps establish your contribu-
tion. Your paper’s “delta” should follow from those
elements of the model that you change vis-a-vis prior
literature. Ideally, these changes are minimal but criti-
cal. That way you can clearly point to what important
point prior literature has overlooked and to the mech-
anism by which it leads to outcomes that challenge
the conventional wisdom.

Third, anchoring helps establish a cumulative litera-
ture. If each paper tries to reinvent the wheel, science
is unlikely to progress. By contrast, a stream of papers
that continuously enhances prior models is much
more likely to build a useful edifice enhancing our
understanding.

Finally, note that the literature (or multiple litera-
tures) in which the model is anchored might be very
different from the literature to which the main contri-
bution is made. In fact, some of the most influential
models are built on modeling frameworks outside
of management. For instance, the seminal Levinthal
(1997) paper introduced NK models from evolution-
ary biology to study organizational adaptation in
complex environments.

2.5. Expositional Clarity
As a final point, we want to provide some guidance
to improve expositional clarity. A clear paper is more

likely to be reviewed positively and to make an
impact once published. Reviewers and other readers
who do not quickly grasp what you are trying to say
are likely to put your paper aside.

First, to improve clarity it is important where to
focus your effort in the exposition. Although most of
your work has likely been on the inference (step 2 in
Table 1), this is usually of least interest to the reader.
If you did your inference well, it should logically fol-
low from the assumptions that you made. Therefore,
your assumptions and their anchoring in the literature
are much more important than the proofs or computa-
tional procedures. Of course, they need to be included
so they can be scrutinized, but usually an (online)
appendix suffices for that. If you use code, it should
be included as supporting information so the reader
can download it, replicate your results, and extend
the model as needed. The main paper only needs a
short description of the proofs or computational pro-
cedures, pointing to the supporting information for
further details.

Second, because the assumptions are so important,
we usually find it helpful to include tables with all
parameters and variables included in the model, with
a short description. This greatly aids the reader in
keeping track of all the moving parts throughout the
paper.

Third, we (and, more broadly, the typical Strategy
Science readership) find graphical representations
(charts, graphs) of the paper’s key results very helpful.
They are easier to understand and can concisely con-
vey much more information than tables or text. Ide-
ally, all main results and perhaps even the main
assumptions should be clear from the figures.* More-
over, figures offer an opportunity to present results
across the entire parameter space rather than just a
narrow set of parameter values. It greatly helps if they
are self-contained: The figures are so clear that their
key insights can be understood without reading the
main text of the paper. You might need to include
notes accompanying your figures to achieve this.

These are just a few short guides. Please take inspi-
ration from other modeling papers about what works
well (and what does not) to enhance clarity. Further,
Makadok (2022) offers excellent guidance in making
modeling papers accessible also to nonmodelers—
which is critical to reach a broad audience and corre-
sponding impact. Finally, and perhaps most impor-
tantly, present your insights to colleagues outside
your discipline. This is the best way to evade the
“curse of knowledge”: What is self-obvious to you
might be incomprehensible to others. You want to
make sure to address these issues before submitting
your paper. Reviewers and editors that struggle to
comprehend your paper are likely to reject it.
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3. Two Special Cases

Although we believe that the principles outlined above
apply to most, if not all models, it is important to keep
in mind what the purpose of a model in a particular
paper is. To illustrate this, we briefly discuss two clas-
ses of models that may, on the surface, not be subject
to the criteria outlined in the previous section.

3.1. Models in Empirical Papers

First, consider models that are paired with an empiri-
cal analysis in the same paper. The purpose of the
model is often to provide a framework to guide the
empirical analysis.

Such models face a specific tension between keep-
ing it simple and corresponding with the empirics. In
fact, simplicity is even more important than in stand-
alone modeling papers, because less space is available
for the model. At the same time, mechanisms that can-
not be tested with the data at hand, for example,
because they operate at a lower level of aggregation,
may create a disconnect between model and empirics
and leave readers unsatisfied. Therefore, the model
must be crafted such that it corresponds well with the
empirics, while keeping it sufficiently simple that it
can be easily understood in a shorter section of the
paper. Somewhat analogously, model parameters cru-
cial for the model results but not present in the data
create a mismatch because the model results do not
correspond to the empirical findings we observe.

Overall, we believe that theoretical models to sup-
port and guide empirical analysis will add most value
when they uncover nontrivial interactions between
two (measurable) variables or over time. Direct effects
are often “baked into” the assumptions and as such
do not require a formal model to be presented clearly,
whereas interaction effects between variables typically
need to rely on additional insights about the underly-
ing payoff function and what determines the marginal
returns (i.e., the linear effect) of a variable and how
these returns might be affected by changes in another
variable. For example, a model “showing” that team
incentives increase firm performance (a direct effect)
might not add much value over and above verbal the-
orizing, whereas a formal model outlining the market
conditions (e.g., the level of local competition) under
which incentives have the biggest positive impact on
performance (a contingent effect) can helpfully outline
the likely underlying forces (Khashabi et al. 2021).
Also, models can be helpful in capturing and predict-
ing dynamic effects, for example, how compounding
and/or path dependence matter, that can then subse-
quently be taken to the data.

Hence, even models matched with empirical analy-
sis should be nontrivial, plausible, and as simple as
possible. Having said that, an important criterion for

such a model is how well it informs and matches the
empirical analysis that follows.

3.2. “Realistic” Simulation Models

The second class of models we discuss are models
that are intended to be realistic by capturing as many
parameters found in the real world as possible. At first
glance, this might conflict with the demand of keeping
it simple outlined in Section 2. How can a model with
dozens of parameters be “simple”? Again, it is impor-
tant to consider the purpose of the model. “Realistic”
simulations try to relax the restriction common to all
models that they are an abstraction of reality. In situa-
tions in which a model is supposed to mirror reality
(i.e., data found in the real world) as closely as possi-
ble, the goal is often to derive parameter combinations
that allow the modeler to replicate patterns found in
the real world. This places high demands on a model
in terms of capturing functional forms and allowing
for interactions among parameters, not necessarily
with the ultimate goal of uncovering mechanisms, but
rather to replicate aggregate patterns through a series
of lower-level mechanisms.

We might think of such models as the domain of
weather forecasts or macroeconomic models, but sys-
tem dynamics models that include a wide range of
parameters and their interactions can also shed light
on operational problems like quality maintenance in
the service industry (Oliva and Sterman 2001) or the
dynamics of demand with social bandwagoning for
cultural products (Crossland and Smith 2002). In both
cases, a large number of parameters are used to cali-
brate a system dynamics model to the real data of sin-
gle firms: a large UK bank in Oliva and Sterman
(2001) and an artisanal fine porcelain producer in
Crossland and Smith (2002).°

Again, the purpose of the model determines the way
in which the recommendations outlined in this edito-
rial should be interpreted and implemented. “Simple”
in this context means any parameters that might have
nontrivial interactions with others, “plausibility” will
predominantly refer to the functional form and quanti-
tative effect of certain variables, and “expositional
clarity” typically stems from the visual representation
of model outcomes rather than formal statements or
results tables indicating goodness-of-fit.

3.3. The Five Essentials’ Boundary Conditions

These two model classes also highlight some of the
boundary conditions of our recommendations. For a
simplified model in an empirical paper, there may not
be a clear “model blueprint” (see Section 2.4, anchor-
ing in prior models) because the model is highly con-
text specific, and equally, some of the outcomes of a
system dynamics model may be a direct result of the
assumptions (see Section 2.2, criticism 2, results baked
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into the assumptions) simply because the researcher
knows this to be an empirical reality. Similarly, obvi-
ous plausibility of the mechanism might be less rele-
vant, because presumably it will be tested in the
paper. Nevertheless, we strongly believe that readers
will feel most inspired by models that have the capac-
ity to surprise them and that do not seem tailormade
for just one singular context without any potential for
learning something more general, so the principles we
outline still hold, but possibly to a different extent and
with different emphasis.

4. Conclusion

In this short editorial, we have provided guidance
addressing the key issues that we often come across
when editing and reviewing modeling papers. We
have written what we would have liked to have in
our hands when we embarked on writing modeling
papers ourselves. From the journal’s inception, Strat-
egy Science has encouraged modeling papers. They
align very well with its editorial mission to publish
outstanding research that pushes the field forward
using a high level of rigor. With this editorial, we
wish to facilitate this mission and encourage the sub-
mission of high-quality modeling papers. We hope it
provides inspiration and guidance to authors aspiring
to publish models in Strategy Science. We look forward
to receiving your submissions.
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Endnotes

" See https: //pubsonline.informs.org/page/stsc/editorial-statement,
retrieved September 20, 2025.

2 Examples of such common unrealistic constraints that are neces-
sary to make models of organizational decision making tractable
and are therefore nonetheless useful are “suppose a firm has a prin-
cipal and a single agent,” “we assume all parameters are known
to the firm,” or “two firms compete in the market by setting
quantities.”

3 The gap in the granularity of data versus models has diminished
in some fields due to the increased availability of real-life data. For
example, theories of online behavior that were (implicitly or explic-
itly) based on interactions between individuals and firms (or other
individuals) can be tested using interaction-level data, which has
become more readily available in recent years.

* There is a danger of including too many graphs in a modeling
paper. As with most expositional tools, doing too much of them
risks diluting the main message of a paper.

5 System dynamics models have been used in a variety of other set-
tings too. See the review by Cosenz and Noto (2016).

References

Adner R, Polos L, Ryall M, Sorenson O (2009) The case for formal
theory. Acad. Management Rev. 34(2):201-208.

Brandenburger AM, Stuart HW (1996) Value-based business strat-
egy. |. Econom. Management Strategy 5(1):5-24.

Cosenz F, Noto G (2016) Applying system dynamics modelling to
strategic management: A literature review. Syst. Res. Behav. Sci.
33:703-741.

Crossland P, Smith FL (2002) Value creation in fine arts: A system
dynamics model of inverse demand and information cascades.
Strategic Management ]. 23(5):417-434.

Csaszar FA (2020) Certum quod factum: How formal models con-
tribute to the theoretical and empirical robustness of organiza-
tion theory. . Management 46(7):1289-1301.

Ghemawat P (1991) Commitment: The Dynamics of Strategy (The Free
Press, New York).

Giustiziero G, Kretschmer T, Somaya D, Wu B (2023) Hyperspeciali-
zation and hyperscaling: A resource-based theory of the digital
firm. Strategic Management J. 44(6):1391-1424.

Hannah DP, Tidhar R, Eisenhardt KM (2021) Analytic models in
strategy, organizations, and management research: A guide for
consumers. Strategic Management |. 42(2):329-360.

Knudsen T, Levinthal DA, Puranam P (2019) A model is a model.
Strategy Sci. 4(1):1-3.

Khashabi P, Heinz M, Zubanov N, Kretschmer T, Friebel G (2021)
Market competition and the effectiveness of performance pay.
Organ. Sci. 32(2):334-351.

Levinthal DA (1997) Adaptation on rugged landscapes. Management
Sci. 43(7):934-950.

Lippman SA, Rumelt RP (1982) Uncertain imitability: An analysis of
interfirm differences in efficiency under competition. Bell ].
Econom. 13(2):418-438.

Makadok R (2022) Guidance for AMR authors about making formal
theory accessible. Acad. Management Rev. 47(2):193-205.

March JG (1991) Exploration and exploitation in organizational
learning. Organ. Sci. 2(1):71-87.

Newton I (1687) Philosophiae Naturalis Principia Mathematica (Royal
Society, London).

Oliva R, Sterman JD (2001) Cutting corners and working overtime:
Quality erosion in the service industry. Management Sci. 47(7):
894-914.

Siggelkow N, Rivkin JW (2006) When exploration backfires: Unin-
tended consequences of multilevel organizational search. Acad.
Management |. 49(4):779-795.

Wibbens PD, Dickler TA, Folta TB (2025) The value of resource
redeployability in the face of committed rivals. Acad. Manage-
ment Rev., ePub ahead of print October 10, https://doi.org/10.
5465/amr.2023.0311.

Phebo D. Wibbens is an associate professor of strategy at
INSEAD, France. He studies how companies create long-term value
from a resource-based perspective, using formal and simulation
models from economics, physics, and statistics. He received his PhD
from the Wharton School, University of Pennsylvania.

Tobias Kretschmer is a professor of strategy, technology, and
organization at Imperial College Business School and Ludwig- Max-
imilians-University of Munich. He holds a PhD from London Busi-
ness School and an MSc from the University of St. Gallen. He held
positions at London School of Economics and INSEAD, and is a
research fellow at the Centre for Economic Policy Research in Lon-
don and a visiting scholar at NOVA in Lisbon. His work focuses on
competitive strategy in digital industries, especially platform mar-
kets and digital transformation in organizations.


https://pubsonline.informs.org/page/stsc/editorial-statement
https://doi.org/10.5465/amr.2023.0311
https://doi.org/10.5465/amr.2023.0311

	The Five Essentials of a Modeling Paper
	Introduction
	The Five Essentials
	Two Special Cases
	Conclusion


