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Appendices 

Appendix A. 

Table A1. Summary Statistics of MovieTweetings’ Variables 

 Min Mean Max SD 

Ratings 2 6.31 8.9 0.82 

Number of Ratings 6 1094 17897 1765 

 

Number of Unique Genre 19 

Number of Unique Users 52141 

Number of Unique Movies 4079 

 

 

Appendix B. 

The experiment started with an introduction to the platform.  

 
Figure B1. Introduction to the Platform 

 

Then, users were forwarded to a page with 100 movies, from which they needed to rate at least 20 

movies. For each movie, the (main) genre and the year of release were provided. Additional information, 

such as the poster of the movie, its description, and a link to its YouTube trailer, was also offered. Users 

could access further information by clicking on each movie's name. The range of ratings is from 0 to 10.  
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Figure B2. List of Movies for User Rating 

 

At this stage, when participants finished rating movies, they were randomly assigned to one of the four 

conditions, personalized (with/out decoy) and non-personalized (with/without decoy). Note that the two 

personalized and non-personalized conditions were shown back-to-back.  

 
Figure B3. Instruction for the Personalized Condition 
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Figure B4. Instruction for the Non-Personalized Condition 

Then, the users observed a page with five recommended movies. To emphasize the difference between 

the personalized and non-personalized versions of the recommendations, we showed at the top of the page 

a brief description of how the recommended movies were calculated. Figures B5 & B6 demonstrate 

examples of recommendations in the conditions of non-personalized recommendations without a decoy 

item and personalized recommendations with a decoy item, respectively.  
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Figure B5. An Example of Non-personalized Recommendations without a Decoy 
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Figure B6. Example of Personalized Recommendations with a Decoy 
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At the end of each condition, participants were requested to answer some questions regarding their 

perceptions of the recommended movies and the recommender system. 

 
Figure B7. List of Questions Related to Users' Perception of the System 

Finally, users answered some additional control questions shown in Figure B8. 

 
Figure B8. List of Control Questions 
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Appendix C. 

We compared different algorithms based on their prediction accuracy to select the best personalization 

algorithm for our dataset. To evaluate the different algorithms, we used 10-fold cross-validation and the 

mean absolute error (MAE). As we can see in Table C1, singular value decomposition (SVD) has the 

lowest MAE; therefore, we used that to design the personalized recommendation system. For the popular 

recommendations, we select movies based on their aggregate rating.  

Table C1. Comparison of Recommendation Algorithms 
Algorithm MAE 
Singular Value Decomposition (SVD) 1.07 
Non-negative Matrix Factorization (NMF) 1.11 
Basic Collaborative Filtering (KNN) 1.35 
Slope One 1.37 
Co-clustering 1.13 
Random 1.97 

 

 

 

 

Appendix D.  

Table D1. Participants Summary Statistics  
Number of 
Participants 

Age: Mean 
(SD) 

RS_Familiarity: 
Mean (SD) 

Movie_Experience: 
Mean (SD) 

Gender 
(Female) Native_Speaker 

632 19.29 (1.43) 2.5 (1.17) 1.57 (0.78) 55% 73.58% 
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Appendix E. 

This section presents how a decoy impacts the selection likelihood of various choice options in a set in 

both the lab and MTurk experiments. As can be seen, the pattern of choices is consistent in both types of 

experiments.  

 
Figure E1. The Decoy Effect on Option in Non-Personalized Condition of the Lab Experiments 

 

 
Figure E2. The Decoy Effect on Each Option in Personalized Condition of the Lab Experiments 
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Figure E3. The Decoy Effect on Each Option in Non-Personalized Condition of the AMT Experiment 

 

 
Figure E4. The Decoy Effect on Each Option in Personalized Condition of the AMT Experiment 
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